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Section 1
Introduction

The VISION model has been developed by the U.S. Department of Energy (DOE) to provide
estimates of the potential energy use, oil use, and carbon emission impacts to 2050 of advanced
light- and heavy-duty highway vehicle technologies and aternative fuels. DOE supports research
of advanced transportation technologies (including fuels) and is frequently asked to provide
estimates of the potential impacts of successful market penetration of these technologies,
sometimes on arelatively quick-turnaround basis.

VISION is a spreadsheet model in Microsoft Excel that can be used to respond rapidly to
quick-turnaround requests, as well as for longer-term analyses. It uses vehicle survival and age-
dependent usage characteristics to project total light and heavy vehicle stock, total vehicle miles
of travel (VMT), and total energy use by technology and fuel type by year, given market
penetration and vehicle energy efficiency assumptions devel oped exogenously. Total carbon
emissions for on-highway vehicles by year are also estimated because life-cycle carbon
coefficients for various fuels are included in VISION.

VISION is not a substitute for the transportation component of the Energy Information
Administration’s (EIA’s) National Energy Modeling System (NEMS). NEM S incorporates a
consumer choice model to project market penetration of advanced vehicles and aternative fuels.
The projections are made within the context of the entire U.S. economy. However, the NEMS
model is difficult to use on a quick-turnaround basis and only makes projections to 2025. VISION
complements NEM S with its relative “ user-friendliness’ and by extending the time frame of
potential analysis.

VISION has been used for awide variety of purposes. For illustration, we have listed some
of its most recent and current usesin Table 1.1. Figures 1.1-1.3 illustrate the results of some of
those runs. These graphs are not actual model output, but they are based on model results.

The main body of this report describes VISION’ s methodology and data sources. The
methodology and data sources used in the light- and heavy-vehicle portions of the model are
discussed separately. Some suggestions for future improvements to the model are made.
Appendix A provides instructions on how to run the VISION model. Appendix B describes the
procedure for updating the model with the latest EIA Annual Energy Outlook (AEO).



A

Table 1.1 Recent and Current Uses of VISION

and Intergovernmental Program

DOE EERE/Board of Directors

DOE Office of Policy and
International Affairs

Department of Transportation/
National Highway Transportation
Safety Administration (DOT/NHTSA)

Congressional Budget Office

Private Industry

duty vehicle (LDV) fuel economy could be combined to reach
a particular oil savings goal in 2020

Impact of various forms of rebates and feebates on oil use
and associated government expenditures through 2020
(another model was first used to estimate the ultimate new-
vehicle miles-per-gallon [MPG] achieved and government
expenditures for specific programs)

Demand estimates for DOE’s study of Premium Diesel Fuel
Availability Issues

Answer question on how to reduce LDV fuel use by 5% in
2010 (proposed Congressional legislative amendment)

Estimate the LDV MPG that would be required to save
1 million barrels per day (mbpd) by 2015

Estimate the LDV MPG that would be required to save
1 mbpd by 2015 (different assumptions than for DOT/NHTSA)

Estimate impact of various LDV greenhouse gas emission
reduction strategies (higher vehicle fuel economy standards
and gasoline tax)

Sample
Requestor Use Figures
DOE Office of Energy Efficiency and Impact of proposed FreedomCAR and Fuel Initiative 11
Renewable Energy (DOE EERE)/ (potential impact of fuel cell vehicles [FCVs] used in Fuel Cell
Office of Hydrogen, Fuel Cells & Report to Congress and draft Multi-Year Research,
Infrastructure Technologies Program Development and Demonstration Plan)
FCV market penetration scenario for draft Posture Plan
DOE EERE/Office of FreedomCAR  Oil reduction target for hybrid electric vehicles (HEVs) in draft 1.2
and Vehicle Technologies Program  research plan
Staff paper on potential contribution of gasoline HEVs to oil
reduction
Respond to Congressional questions on light-duty diesels
DOE EERE/Office of Weatherization Evaluation of how increased alternative fuel use and light- 1.3
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Section 2
Methodology and Input Data:
Light Vehicles

VISION contains a Base Case projection of U.S. highway transportation energy use to 2050.
Asmuch as possible, it relieson EIA AEO projections, but there are some key differences —
thus, the Base Case does not match the EIA forecast. This section of the report explains the
derivation of the Base Case projection for light vehicles and how it can be modified in the model
to evaluate alternative assumptions about the market penetration of advanced technologies,
aternative fuels, and fuel economy

There are now two versions of the model: VISION 1.1.2, which uses AEO 2002 projections
to 2020, and VISION 2.0, which isan update of VISION 1.1.2 and uses AEO 2003 projectionsto
2025 (1,2). The VISION model became available for public use in the spring of 2002 as
VISION 1.0. There have been several minor modifications to it since that time. The methodol ogy
for VISION 1.1.2 isexplained first sinceit has been used extensively. Key changes made to the
methodology for VISION 2.0 are then described briefly.

2.1 Light Vehicle Base Case: VISION 1.1.2

Light vehicle (car and light truck) energy and oil use and carbon emissions are determined
by the total number of vehiclesin operation, the total number of milesthey travel, their energy
efficiency, and the fuelsthey use. The derivation of these estimatesis explained below.

2.1.1 Vehicle Sales

Historical sales of cars and light trucks to 2000 are derived from the Transportation Energy
Data Book and Ward’s Motor Vehicle Facts and Figures (3,4). Total light vehicle! (LV) salesto
2020 are taken from the AEO 2002. EIA presents separate sal es estimates of cars and light trucks,
which it callslight-duty vehicles, and of commercial light trucks, which are classified as Class 2b
light trucks (8,500-10,000 Ib GVW [gross vehicle weight]). In VISION, the Class 2b light trucks
are added to the estimate of cars and other light trucks to develop atotal LV sales estimate.

Total LV sales post-2020 assume that the per-capita LV salesrate of 2020 calculated in
VISION appliesto al yearsin the future. Population estimates to 2050 are taken directly from the
U.S. Census Bureau (5).

VISION does not use EIA’s estimates of the car-light truck sales split of the total LV
market. Instead, VISION’ s Base Case assumes that beginning in 2001, the car-light truck split
will be 50-50. This split extends to 2050. The model also contains EIA’s estimates of the car-light
truck sales split in the event the user wishes to use those estimates. In the AEO 2002, EIA

1 Also referred to as light-duty vehicle, or LDV.
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estimates that the light truck share of LV saleswill rise from 48% in 2001 to 51.9% in 2020. This
shareis extrapolated to 52% in 2030 and held constant after that.

EIA projects limited market penetration of diesel vehicles, as well as alternative fuel and
advanced technology vehicles (electric vehicles[EV's], compressed natural gas [CNG], E-85
[85% ethanal], hybrids, and fuel cell vehicles). However, the VISION Base Case assumes no
such penetration, because many analysts want to evaluate the effects of new technology
penetration relative to the dominant current technology. Thus, all light vehicles are assumed to be
conventional internal combustion engine vehicles (CVs) running on gasoline.

2.1.2 Vehicle Stock

Historical car and light truck stock before 1990 are taken from the Transportation Energy
Data Book. Annual car and light truck stock from 1990 to 2050 are estimated by using a vehicle
stock model. The form of that model is described e sewhere in the IMPACTT5A report (6).
Essentially, historical vehicle survival rates are applied to develop a preliminary estimate of
vehicle stock in any year (14). (Survival ratesfor cars and light trucks differ dightly.) Correction
factors are applied to the stock and are thus estimated to match historical registration data (7) and
AEO 2002 projections of total vehicle stock to 2020. For years post-2020, the preliminary
estimate is then adjusted to ensure consistency with the vehicle/VMT estimates cal cul ated
elsewhere and discussed below.

Although there are some diesdl vehicles and aternative fuel and advanced technol ogy
vehicles in operation today, the Base Case does not account for them or their survival in the
future. Implicitly, these vehicles are included in the gasoline car and light truck stock estimates of
the Base Case.

2.1.3 Total Annual VMT and Annual VMT/Vehicle

VISION uses EIA’s estimates of VMT growth rates for cars and light trucks to 2020, but it
applies them to the Federal Highway Administration’s (FHWA's) estimate of total VMT in 2000
rather than EIA’s (7). This value provides the total VMT estimates used in VISION to 2020. It
also provides annual VMT/vehicle estimates through 2020 (e.g., 14,515 mi/yr for cars and
13,230 mi/yr for light trucksin 2020).

Post-2020, VISION assumes a gradual declinein total VMT growth: from 1.3%/yr for cars
in 2020 to 0.8% by 2050 and from 1.9% for light trucks in 2020 to 0.8% by 2050. The specific
annua growth rates are model inputs. At the same time, VISION assumes a gradual increasein
annual VMT/vehicle by cars and light trucks to 15,000 mi/yr by 2050 for each vehicle type. The
total VMT for any projection year represents the product of vehicle stock and annual
VMT/vehicle. Correction factors are applied to the first-cut total stock estimates described above
to ensure a gradual increase to the desired total VMT end point.

2.1.4 Fuels

Asindicated above, al the vehiclesin the Base Case are gasoline-fueled. The gasolineis
assumed to contain no ethanol blends.
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2.1.5 Fuel Economy

The fuel economy of new gasoline-fueled vehiclesis held constant from 2000 to 2050. The
certification test fuel economy values are 28.5 MPG for cars and 21.2 MPG for light trucks.
(These values represent the car and light truck Corporate Average Fuel Economy [CAFE]
achieved by model year 2000 cars and light trucks.) The assumption of constant fuel economy
differsfrom EIA’s projections of dight improvements in the fuel economy of gasoline-fueled
CVs. VISION uses afixed MPG Base Case because many analyses want to evaluate the effects of
new technology penetration relative to existing technology. However, use of the fixed MPG Base
Case does mean that analysts assuming some percentage improvement in fuel economy over time
will estimate larger impacts than if the EIA Reference Case was used as the base case.

On-road vehicle fuel economy islower. It is estimated to be 80% of the certification test fuel
economy values (e.g., seereference 15). It is assumed that this percentage will not change over
time.

VISION calculates average fleet fuel economy for each year. It uses historical values for
VMT use by vehicle age, vehicle stock by age by calendar year, and on-road vehicle fuel
economy by calendar year to generate these estimates. Theinitial estimate that VISION generates
for 2000 is matched to the FHWA estimate for that year by applying a correction factor. That
correction factor is applied throughout the 2001-2050 period.

2.1.6 Total Fuel Use

Total fuel usefor any year is computed astotal VMT divided by fleet fuel economy. Again,
theinitial estimate that VISION generates for 2000 is matched to the FHWA estimate for that
year by applying a correction factor. That correction factor is applied throughout the 2001-2050
period. Total fuel usein gallonsis converted to Quads, assuming the higher heating value of
gasoline (125,000 Btu/gal).

2.1.7 Total Carbon-Equivalent Emissions

Total carbon-equivalent emissions are estimated by using a carbon coefficient per unit of
fuel consumed. The carbon coefficient represents full fuel-cycle emissions associated with fuel
use (i.e., it includes carbon emissions from petroleum production through emissions at the
refinery to delivery to and use of the fuelsin the vehicles). Thus, the carbon-equivalent emissions
estimates cover more phases of the fuel cycle than are captured in the vehicle energy use
estimates developed with VISION. The source of these carbon coefficientsis the GREET
model (8). The coefficients account for the global warming potential of carbon dioxide, methane,
and nitrous oxide.

In the VISION Base Case, only gasoline is used. Its carbon coefficient is invariant across
years. 22.54 MMTCe/quad. The basdline gasoline contains no blends.
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2.1.8 Total Fuel Expenditures

VISION includes fuel price per gallon estimates for gasoline (including taxes). AEO 2002 is
the source of the estimates to 2020. Post-2020, it is assumed that the real price of gasoline will
rise to $2.10/gal by 2050. Given these price assumptions and total fuel use estimates, VISION
calculates annual total fuel expenditures.

2.2 Light Vehicle Alternative Scenarios: VISION 1.1.2

Figure 2.1 presents the variablesin VISION that can easily be modified to create alternative
scenarios of light-vehicle energy use. Thefigureis acopy of the light vehicle portion of the
VISION Model Input sheet. Market penetration of electric, ethanol, diesel, natural gas, hybrid
electric, fud cell, and higher-fuel-economy conventional vehicles (both cars and light trucks) can
be simulated.

The fuel economy of all these vehicle types can be varied. The light truck share of new LV
sales can be changed. The hybrid and fuel cell vehicles may use any one of severa fuels. The
share of ethanol in gasoline, the share of Fischer-Tropsch (F-T) diesel used in diesel fuel
production, and the share of renewables used to produce hydrogen can be varied. TheLV VMT
may be changed at predetermined growth rates or be elastic to fuel cost per mile. The following
discussion describes how a user of the VISION model can change these variables and others to
create alternative scenarios of fuel use and vehicle technologies.

Besides changing the variables shown in Figure 2.1, other inputs are sometimes hard-wired
into VISION runs. For example, VISION uses linear interpolation for market penetration
estimates (see Section 2.2.2). Alternative assumptions (i.e., S-curves) may be hard-wired into the
model for specific runs. We do not discuss such modifications in this section.

2.2.1 Higher-Fuel-Economy Conventional Vehicles (gasoline-fueled)

Changing the CV fuel economy in future years is the simplest aternative case. Given a start
date and the ratio of the fuel economy of the higher-fuel-economy CVsto the fuel economy of the
Base Case CVs, the model generates an average fleet fuel economy and thustotal fuel use as an
alternative to those in the Base Case.

2.2.2 Market Penetration of Alternative Fuel and Advanced Technology
Vehicles (including diesels)

Given a start date and percentage of new aternative fuel and advanced technology vehicles
sold in 2010, 2020, 2030, 2040, and 2050, the model generates estimates of the percentage of
sales of these vehiclesin al years by using linear interpolation for the intervening years. The
model then generates estimates of alternative fuel and advanced technology total vehicle sales,
stock, and VMT by using the same methods as those described for the Base Case. These estimates
are then subtracted from the total vehicle sales, stock, and VMT estimates of the Base Case to
estimate the modified conventiona vehicle sales, stock, and VMT for the scenario.



[RPUT ASSUMPTIONS

LIGHT YEHICLE ASSUMPTIONS

Auto {Car} Market Penetration

Entar aach tachnadogy’s share of new vahicles mankef

A

SCENARIO NAME: [Fils to be copied

MUST specify "1st Year " and " Ist Yr Shr "for the technology forwhich either markef share or fiel economy change is desired.

[Technology 2000 2010 2020 2030 2040 2050 1st Year [1st Yr Shr
EVY 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% ] 0.0%
E-35 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% 0 0.0%
Diesel 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% ] 0.0%
CNG 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% a 0.0%
HEY 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% ] 0.0%
Fuel Cell (1.00% 0.0% 0.0% (.01% (.0% 0.0% i (.0%
Conventional 100.0%  100.0%  100.0%  100.0% 100.0% 100.0% (] [.0%
TOTAL 1000  100.0%  100.0%  100.0% 100.0%  100.0%
New Auto Fuel Economy Ratio to Base ICE {using gasoline equivalent gallons
Enter a rafio fo Base IGE mpg (isted in the fop row).
if & fuel economy change Is desired, specify the first year fuel economy {i.e. mpg) In column I
For Referance Gase Fuel Efficiency, enfar "1 "undear "Use Ref. Case MPG"
Enfer "0 "under "Use Ref. Case MPG" fo change Fuel Efficiency Ralio

2000 2010 2020 2030 2040 2050 Use Ref | MPGin
|Ease ICE 25.50 25.50 28.50 2550 25.50 253.50 |Case MPG| 1stYear
EY (1} 1.00 1.49 1.56 1.56 1.56 1.498 1 0.00
E-35 1.00 1.05 1.1 1.1 1.1 1.14 1 0.00
Diesel 1,36 1.29 1.44 1.44 1.44 1.44 1 .00
CNG 1.03 1.07 1.1 1.1 1.1 1.1 1 0.00
HEY 1.36 1.33 1.32 1.32 1.32 1.32 1 0.00
Fuel Cell 1.80 1.75 1.70 1.70 1.70 1.70 1 0.00
Conventional 1.00 1.00 1.00 1.00 1.00 1.00 1 0.00

1) include transmission and distribution losses in the mpg ratio

Light Truck Market Penetration

Enter each tachnadogy’s share of new vehicles mankef

IM_LLS_Z spacify "1st Year " and " ist Yr Shr "for the fachnology forwhich either market share or fual economy change is desirad.
0

echnology 2000 2010 2020 2030 2040 2060 1st Year |1st YrShr
EV 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% 0 0.0%
E-55 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% ] 0.0%
Diesel 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% 0 0.0%
CNG 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% ] 0.0%
HEV 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% 0 0.0%
Fuel Cell 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% ] 0.0%
Conventional 100.0%  100.0%  100.0%  100.0%  1000%  100.0% 0 0.0%
TOTAL 100.0% 100.0% 100.0% 100.0%  100.0% 100.0%

Light Truck Share of Total | DV Market
To change Nght fruck shara offofal LDV, spedfy " Yes "in column A and new sharas in B through G.

If & Wightf fruck share of LDV matial change is dasirad, specify " ist Year " and "ist ¥r Shr "
Change Lt Light Truck Share of Total LDV Market
Truck Share? 2000 2010 2020 2030 2040 2060 | 1st Year [1st YrShr

Wes 49.0% S0.0% 50.0% S0.0% S0.0% 50.0%]  Zood | 50.0%
Enter a rafio fo Base ICE mpg (Tsted in the fop row).
if & fuel economy change Is desired, specify the first year fuel economy {i.e. mpg) In column I
For Referance Gase Fuel Efficiency, enfar "1 "undear "Use Ref. Case MPG"
Enfer "0 "under "Use Ref. Case MPG" fo change Fuel Efficiency Ralio

2000 2010 2020 2030 2040 2050 Use Ref | MPGin

Base ICE 2120 21.20 21.20 21.20 21.20 21.20 |Case MPG| 1stYear
EY (1} 1.02 1.64 1.63 1.63 1.63 1.63 1 0.00
E-356 1.09 1.14 1.20 1.20 1.20 1.20 1 0.00
Diesel 1.33 1.28 1.42 142 1.42 1.42 1 0.00
CNG 1.04 1.09 1.14 1.14 1.14 1.14 1 0.00
HEY 1.44 1.29 1.37 1.37 1.37 1.97 1 Q.00
Fuel Cell 2.07 1.92 177 177 177 1.77 1 0.00
Conventional 1.00 1.00 1.00 1.00 1.00 1.00 1 .00

1) include transmission and distribution losses in the mpg ratio

Figure 2.1 Light Vehicle VISION Model Inputs
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Technology Fud Type
Hyboridl 1
Fuel Cdl 1
Seledt framone of the following: 1- Gasdine
2-Oesd
3- Naurd Gas
4- Bharol
5- Hydrogen
6- Metharnol
Fuel Prices 2000 2010 2020 200 2040 2050
Gascline 146 136 1 161 185 210)
Ciesd 104 122 1 154 173 2
Nabra Gas 098 080 0 106 118 1.2
Bhad 208 171 1.61 153 173 200}
Hydrogen 500 400 349 37 254 290
F-T Cliesel 185 144 14 170 189 206
Nethanol 166 169 178 180 180 195
Bedhricity 198 220 2 167 175 20}

Cther Key Fuel Input Aesurptions for LOW:
Shae, by vdume, in Banded Fuds and % Hyxdhogen fromRenenables

2000 2010 2020 200 2040 2080 | et Yea | st Shi
g end 0®e 0B 06 0% O®e 0% 0 0
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Default values for the certification test fuel economy of alternative fuel and advanced
technology vehicles are provided in VISION. These values are derived from AEO 2002 reference
case estimates. Alternative values may be input to the model. Whichever values are used,
on-road, average fleet fuel economy of and total fuel use by alternative fuel and advanced
technology vehicles are determined in the same manner as that described for conventional
vehiclesin Sections 2.1.4-2.1.6. The only difference isthat on-road fuel economy is estimated to
be 85% of the certification test fuel economy for HEV s and FCV's and 100% for EV's versus 80%
for ICE vehicles.

Total fuel use by type of fuel is calculated in VISION. Asindicated previously, the hybrid
and fuel cell vehicles may use any one of several fuels. gasoline, diesel fuel, natural gas, ethanal,
methanol, and hydrogen. Gasoline used by these vehicles and ICEs may include ethanol blends.
Diesdl fuel used by diesels and HEV s may include diesel fuel produced by the F-T process from
natural gas. The E-85 used by E-85 vehicles includes gasoline. The process for assigning total
fuel use by fuel typeis straightforward. Ultimately, total fuel useis disaggregated into oil
(gasoline and non-F-T diesal), CNG, F-T diesel, ethanol, methanaol, hydrogen, and electricity.

Total carbon emissions of the alternative fuel and advanced technology vehicles are
estimated in VISION. The carbon coefficients for al alternative fuels and blends are full fuel
cycle and are derived from the GREET model. The coefficients of various fuels may vary over
time, depending on input assumptions regarding the percentage of ethanol blendsin gasoline,
Fischer-Tropsch diesel used to produce diesel fuel, renewables use to produce hydrogen, and
resource fuels used in electricity production. Four future utility mixes are provided. Also, the
carbon emissions generated by hybrids and fuel cell vehicles vary, depending on which of the
approximately six fuels are assumed to be used. Finally, ethanol is assumed to be 100%
cellulosic.

2.2.3 Alternative Car-Light Truck Split

The Base Case assumes a 50-50 split of new LV sales beginning in 2001. Alternative cases
can berun that ater that ratio. However, if the user wants to maintain the annual VMT per
vehicle estimates used in the Base Case, the default total VMT growth rates (described in
Section 2.1.3) need to modified.

(InFigure 2.1, “Yes' isinput under the cell titled “Change Lt Truck Share?’ to indicate that
the default 50-50 split is a change from the EIA share estimates contained in the model. If the
EIA sharesareto be used, “No” would be input.)

2.2.4 Alternative Fuel Prices

VISION includes default fuel price/gallon estimates for all alternative fuels. AEO 2002 is
the source of the estimates to 2020. Post-2020, it is assumed that the real price of al fuels will
rise, except for hydrogen and electricity. (Ethanol’ s price falls until 2030, but then it rises to near-
2000 levels by 2050.) The use can modify these prices (as well asthat of gasoline). Whichever
prices are assumed, VISION uses the prices combined with total fuel use estimates by type of fuel
to calculate annual total fuel expenditures.
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2.2.5 Alternative VMT Estimates and VMT Elasticity Effect

VISION alows auser to select an alternative method of projecting future VMT growth, as
compared with that used in the Base Case. Two methods are available: (1) an exponential
function and (2) alternative multiplicative annual growth factors. As athird method, it is possible
to select the exponential function (method 1) up to a selected year and then switch to annual
VMT growth factors (method 2).

The first method computes total VMT by using an exponential function and applies a user-
specified elagticity to fuel cost per mile relative to the Base Case. The exponential function is
calibrated such that it produces the desired annual VM T/vehicle when divided by vehicle stock.
In method 2, the user may replace the default growth rates of the Base Case (which are described
in Section 2.1.3).

The main advantage of using the exponential function method to estimate VMT growth is
that it allowsthe user to incorporate the effect on a scenario’ stotal VMT and total fuel use of
VMT elasticity to the cost of driving (i.e., driving more when fuel costs/mile decrease because of
improved vehicle fuel economy and vice versa). Fuel cost per mile is automatically derived from
fuel prices, given the fuel economy assumptions of the scenario. The historical value of such
VMT elasticity is approximately -0.2 (i.e., a2% increase in VMT results from a 10% reduction in
fuel cost/mile). VISION uses -0.2 as a default value, but other values may be used.

Using these alternative estimates of VMT for a scenario requires that a new Base Case be
developed that incorporates the alternative VMT growth rates. This new Base Caseis, in effect, a
scenario. The user compares the higher-M PG scenario (which can include higher-M PG
alternative fuel vehicles, as well as gasoline-fueled vehicles) with this new Base Case scenario.

Finally, auser may also change the rate of growth parameter of the exponential function
within method 1, as well as the discount rate and year-to-zero growth parameters. VISION
includes default values for these variables. The new Base Case must have the same values for
these parameters as any alternative case with which it is compared.

2.2.6 Incremental Vehicle Costs

VISION allowsthe user to input the expected ratio of the cost of new dternative fuel and
advanced technol ogy vehicles relative to the cost of new conventional vehicles. The car and light
truck base price are both assumed to be $20,000/vehicle, but it can be modified. The model then
calculates to the total incremental new vehicle costs of a scenario.

2.3 Light Vehicles in VISION 2.0

The main difference in the light vehicle data and assumptions underlying VISION 1.1.2 and
VISION 2.0 isthat VISION 2.0 incorporates updates of data and estimates provided by various
referencesused in VISION 1.1.2. Historical datain general have been updated to 2001. Such data
are provided in EIA’s Annual Energy Review, in FHWA and Census reports, and in the
Transportation Energy Data Book (TEDB) (3,5,7,9).
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VISION 2.0 also uses the latest EIA AEO 2003 estimates of total vehicle sales, energy
prices, and GDP (2). Some estimates remain to be updated (e.g., EIA AEO’ s utility fuel mix
estimates).

In VISION 2.0, EIA annual VMT per vehicle estimates are not adhered to as closely asthey
arein VISION 1.1.2. EIA AEO 2003 projects a substantial differencein the annual VMT of cars
and light trucks by 2025: a difference of nearly 1,000 mi/yr. VISION 2.0 instead assumes that the
annua VMT per car and light truck will be the same from about 2012 onward. EIA projects that
in 2012, cars will overtake light trucks in annua miles per vehicle. In VISION 2.0, cars and light
trucks are predicted to be traveling 15,000 mi/yr by 2050, asin VISION 1.1.2.
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Section 3
Methodology and Input Data:
Heavy Vehicles

As stated in Section 2, VISION contains a Base Case projection of U.S. highway
transportation energy use to 2050. As much as possible, it relies on EIA AEO projections, but
there are some key differences. This section of the report explains the derivation of the Base Case
projection for heavy vehicles and how it can be modified in the model to evaluate alternative
assumptions about the market penetration of advanced technologies, aternative fuels, and higher-
fuel-economy vehicles. Key differences between the methodology used in VISION 1.1.2 and
VISION 2.0 are briefly described.

3.1 Heavy Vehicle Base Case: VISION 1.1.2

Heavy vehiclesin VISION include trucksin Class 3-8. Trucksin Class 3-6 arereferred to
as medium or medium-duty trucks. Trucksin Class 7-8 are referred to as heavy or heavy-duty
trucks. As stated in Section 2, Class 2B trucks are included with light vehiclesin VISION. Heavy
vehicle energy and oil use and carbon emissions are determined by the total number of trucksin
operation, the total number of milesthey travel, their energy efficiency, and the fuels they use.
The derivation of these estimatesis explained below.

3.1.1 Vehicle Sales, Stock, and Total VMT to 2020

Vehicle sales, stock, and VMT are disaggregated into medium trucks and heavy trucks.
Historical data were obtained from the Transportation Energy Data Book, Ward’s Motor Vehicle
Facts & Figures, and FHWA' s Highway Statistics (3,4,7). Because separate stock and travel
(VMT) estimates for heavy trucks and medium trucks were not available for 1990-2000,
estimation factors were developed on the basis of an analysis of the 1987 and 1992 Truck
Inventory and Use Surveys, 1997 Vehicle Inventory and Use Survey, and AEO 2002 projections
(10-12). The single unit truck stock was estimated as 27% heavy truck and 73% medium truck,
while single unit truck travel was distributed as 30% heavy truck and 70% medium truck. Sales,
stock, and VMT projections to 2020 were derived from AEO 2002 (1).

3.1.2 Vehicle Sales, Stock, and Total VMT Post-2020

The post-2020 estimates of heavy vehicle sales, stock, and VMT were taken from the Base
Case of ajoint DOE/Natural Resources Canada study of North American transportation energy
futures (hereafter referred to as the Phase 2 2050 Study) (13). In the Phase 2 2050 Base Case,
trends projected by EIA to 2020 for heavy vehicle use were generally assumed to continue post-
2020. Heavy vehicle sales, stock, and VMT weretied to GDP growth.

Table 3.1 presents the medium and heavy truck sales, stock, and VMT estimates devel oped
for the Phase 2 2050 Study Base Case and used in the VISION Base Case. The projected Gross
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Domestic Product (GDP) estimates used in VISION differ somewhat from those of the Phase 2
2050 study, but VISION uses the study’ s annual estimates of heavy vehicle sales, stock, and
VMT estimates directly.

VISION contains a heavy vehicle stock model in which historical and projected sales are
combined with historical vehicle survival rates to make an initia calculation of heavy vehicle
stock by year. (This calculation is made separately for medium and heavy trucks.) Subsequently,
the vehicle stock by age of vehicle in any year is combined with historical rates of annual travel
by age of vehicleto developinitial total VMT estimates for that year. These initial estimates were
then corrected to match the Phase 2 2050 Study stock and VMT estimates.

Of the three variables (sales, stock, and VMT), thefinal VMT estimates directly impact
energy use and thus are the most important in VISION. In the Phase 2 2050 Study, regression
models that provide an estimate of truck travel per billion dollars of GDP were devel oped. These
models were forced to have no constant parameters. The analysis estimated 17.7 million heavy
truck VMT per billion dollars GDP (in 1996 chained dollars) and 4.9 million medium truck VMT
per billion dollars GDP in 2020. Figure 3.1 shows historical and AEO 2002 projections along
with the regression model results. These models were used for the 2021-2050 total VMT
projections. The VMT per billion dollars GDP rate was gradually lowered in later years. The
resulting VMT estimates were used in the Phase 2 2050 Study and subsequently in VISION.

3.1.3 Fuels

Both gasoline and diesel fud are used by heavy vehicles. In VISION, sales and stock of
conventional heavy vehicles are not disaggregated into gasoline and diesel vehicles. However,
VMT and energy use by conventional heavy vehicles are disaggregated into travel and energy use
by gasoline and diesel heavy vehicles (see Section 3.1.5). EIA projects limited market penetration
of dternative fuel (natural gas, LPG) heavy vehicles. However, the Base Case assumes no such
penetration.

300,000

250,000 A

200,000 -

Heavy Trucks:
History and AEO
2002 Projections

-

”
.
.
-
Heavy Trucks:
Regression Model
150,000 A
____
- Medium Trucks
100,000 T . Medium Trucks Regression Model

VMT (Million)

History and AEO .
/ 2002 Projections __ﬂr—_/
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Figure 3.1 Heavy and Medium Truck VMT Projections
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3.1.4 Fuel Economy

The fuel economy of new medium trucks is held constant from 2000 to 2050 at 8.16 MPG.
Thisfuel economy represents the combined fuel economy of medium gasoline and diesel trucks.
Similarly, the fuel economy of new heavy trucksis held constant from 2000 to 2050 at 5.54 MPG
and represents the combined fuel economy of heavy gasoline and diesdl trucks (over 99% of
heavy truck VMT are by diesel trucks). These values are similar to, but not the same as, EIA’s
AEOQ 2002 estimates. Aswith light vehicles, VISION uses a fixed MPG Base Case because the
objective of many analysesisto evaluate the effects of new technology penetration relative to
exigting technology.

VISION calculates average fleet fuel economy for each year. It uses historical values for
VMT use by vehicle age, vehicle stock by age by calendar year, and on-road vehicle fuel
economy by calendar year to generate these estimates. Compared with light-duty vehicles,
medium and heavy trucks do not have any fuel economy test procedures. It is customary to report
on-road fuel economy for new trucks. Consequently, there are no on-road degradation factors to
be applied in the model, and on-road fuel economy of new heavy vehiclesis used asinput.

3.1.5 Total Fuel Use by Fuel Type

Total fuel use by gasoline and diesel medium trucks for any year is estimated by
(1) disaggregating total VMT into VMT in diesal trucks and gasoline trucks and (2) multiplying
these separate VMT totals by the energy efficiency (Btu/mi) of the gasoline and diesel trucks.
Because the energy content of agallon of diesel fuel and gasoline differs, the energy efficiency of
the gasoline and diesel medium trucks varies, even when a combined fuel economy isinput. The
diesel share of medium truck VMT through 2020 is derived from EIA’s AEO 2002 estimates.
Diesdl VMT grows from approximately 67% to 84% of total medium truck VMT in that period.
(EIA’ s estimates of VMT by alternative fuel trucks are ignored.) The post-2020 estimates assume
a continuing dieselization, reaching 95% by 2050.

Total fuel use by gasoline and diesel heavy trucks for any year is estimated in the same
manner as that for medium trucks. Heavy vehicles are already virtually all diesel (99%), but even
that percentage increases by 2050 (99.7%).

3.1.6 Total Carbon-Equivalent Emissions

Tota carbon emissions are estimated by using a carbon coefficient per unit of gasoline or
diesel fuel consumed in the Base Case. As discussed in Section 2.1.7, the carbon coefficient for
each fuel representsfull fuel cycle emissions associated with gasoline and diesel fuel use and
accounts for the global warming potential of three pollutants. The coefficients were estimated by
using the GREET model (8) and are invariant across years. The baseline gasoline contains no
ethanol blends, and the basdline diesdl fuel is not produced from biodiesel or Fischer-Tropsch
diesel, which have different coefficients than those for conventional diesel fuel.
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3.1.7 Total Fuel Expenditures

VISION includes fuel price per gallon estimates for gasoline and diesel fuel (including
taxes). AEO 2002 is the source of the estimates to 2020. Post-2020, it is assumed that the real
price of gasoline will riseto $2.10/gal by 2050 and that diesel will be approximately 96% of that
on a gasoline-equivalent-gallon basis. Given these price assumptions and total fuel use estimates,
VISION calculates annual total fuel expenditures for heavy vehicles.

3.2 Heavy Vehicle Alternative Scenarios: VISION 1.1.2

Figure 3.2 presents the variables in VISION that can easily be modified to create alternative
scenarios of heavy vehicle energy use. Thefigureis acopy of the heavy vehicle portion of the
VISION Model Input sheet. Market penetration of natural-gas and hydrogen-fueled trucks can be
simulated, and the following parameters can be varied:

*  Fuel economy of these vehicle types and conventional trucks,

* Diesd share of conventiona truck VMT,

e Shareof F-T diesdl and biodiesel used in diesel fuel production, and
»  Percentage of hydrogen produced from renewable resources.

The following discussion describes how the VISION model user can change these variables to
create alternative scenarios of fuel use.

Besides changing the variables shown in Figure 3.1, other inputs may be hard-wired into
VISION runs. For example, as with the light vehicles, VISION uses linear interpolation for
market penetration estimates. Alternative assumptions may be hard-wired into the model for
specific runs. We do not discuss such assumptions in this section.

Finally, we should point out that, unlike with the light vehicles, total VMT by heavy vehicles
cannot be modified. The relative share of medium trucks as a component of total heavy vehicles
cannot be modified, either. Inputs that would change total VMT or medium truck share would
have to be hard-wired into the model.

3.2.1 Higher-Fuel-Economy Conventional Heavy Vehicles
Given a start date and aratio of higher-fuel-economy conventional heavy vehicles to Base
Case conventional heavy vehicles, the model generates an alternative average fleet fuel economy

and thus a different total fuel use, as compared with those estimated in the Base Case.

3.2.2 Market Penetration of Alternative Fuel and Advanced Technology
Vehicles

Given a start date and percentage of new aternative fuel and advanced technology vehicles
sold in 2010, 2020, 2030, 2040, and 2050, the model generates estimates of the percentage of
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total heavy vehicle sales of these vehiclesin all years by using linear interpolation for the
intervening years. These sales are converted into alternative fuel and advanced technology
vehicles stock and VMT by using the heavy vehicle stock model and correction factors discussed
in Section 3.1.2. These estimates are then subtracted from the total vehicle sales, stock, and VMT
estimates of the Base Case to estimate the modified conventional vehicle sales, stock, and VMT
for the scenario.

Default values for the new (and thus on-road) fuel economy of alternative fuel and advanced
technology vehicles are provided in VISION. Alternative fuel economy values may be input to
the model. Whichever values are used, on-road, average fleet fuel economy, and total fuel use by
type of aternative fuel and advanced technology heavy vehicles are determined in the same
manner as that described for conventional vehiclesin Sections 3.1.4-3.1.5.

Ultimately, total fuel useis disaggregated into oil (gasoline and non-F-T diesdl), F-T diesdl,
biodiesdl, natura gas, and hydrogen. The model does not report the use of ethanol blended into
gasoline used in heavy vehicles. Only if a scenario covering both light and heavy vehicles
assumed some use of ethanol blendsin gasoline used by light vehicles would any use of ethanol
blends by heavy vehicles occur. The volume could be estimated exogenoudly.

Total carbon emissions of the aternative fuel and advanced technology heavy vehicles are
also estimated. Similar to the values for light vehicles, the carbon coefficients for all dternative
fuelsare full fuel cycle and are derived from the GREET model. The coefficient of hydrogen
used in heavy vehicles will vary over time if some renewables are assumed to produce hydrogen.
The carbon coefficients for conventional diesel fuel, biodiesel, and F-T diesel differ from one
another. If ethanol blends are assumed to be used in gasoline for light vehicles, then the carbon
coefficient of the gasoline used in heavy vehicles accounts for that use.

3.2.3 Alternative Fuel Prices

VISION includes default fuel price/gallon estimates for gasoline, diesel fuel, and alternative
fuels. AEO 2002 is the source of the estimates to 2020. Post-2020, it is assumed that the rea price
of al the fuds, except for hydrogen, will rise. The use can modify these prices. Whichever prices
are assumed, VISION uses the prices combined with total fuel use estimates by type of fud to
calculate annual total fuel expenditures.

3.3 Heavy Vehicles in VISION 2.0

The main difference in the heavy vehicle data and assumptions underlying VISION 1.1.2
and VISION 2.0 isthat VISION 2.0 incorporates updates of data and estimates provided by
various references used in VISION 1.1.2. Historical datain general have been updated to 2001.
Such dataare provided in EIA’s Annua Energy Review, Ward’ s Motor Vehicle Facts & Figures,
FHWA and U.S. Census Bureau reports, and in the Transportation Energy Data Book (3,4,5,7,9).

The regression equations used to estimate 20212050 total sales, stock, and VMT in
VISION 1.1.2 areused in VISION 2.0. The equations are applied to the last projection year of
AEO 2003 and all subsequent years. Y ear-to-year growth factors are computed and applied to the
datafor the last projection year of AEO 2003. Asaresult of this update, both the total sales and
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stock estimates were increased over those of VISION 1.1.2. Total VMT for Class 3-8 isslightly
higher than VMT in VISION 1.1.2, although the total VMT for Class 3-6 islower.

VISION 2.0 uses the same default values for advanced and aternative fuel heavy vehicle
fuel economy to 2025 asarein VISION 1.1.2.
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HEAVY VEHICLES

Vehicle Efficiency

Reference Combined Gasoline and Diesel Fuel Fconomy

{(Renewable)

2000 2010 2020 2030 2040 2050
Medium {3-6) 516 B.16 .16 516 .16 .16
Heavy (7 &8) 5.54 554 5.54 5.54 5.54 5.54
New Truck MPG Ratio to Reference Fuel Economy 1st Year MPG in

2010 2020 2030 2040 2050 of Change] 1st Year
Medium: Conv Gas & Dsl 1.00 1.00 1.00 1.00 1.00 0 0.00
Medium: Natural Gas 1.00 1.01 1.02 1.02 1.02 1} 000
Medium: Hydrogen 1.05 1.10 1.15 1.20 1.25 1} o.oo
Heavy: Conv Gas & Dsl 1.00 1.00 1.00 1.00 1.00 0 0.00
Heavy: Natural Gas 0oz 098 1.00 1.00 1.00 1} 000
Heavy: Hydrogen 1.056 1.10 1.156 1.20 1.25 0 0.00
Matural Gas & Hydrogen Powered Truck Market Shares {Rest assumed as Conventional)
2010 2020 2030 2040 2050 1st Year |1st YrShr

Medium: Natural Gas 0.0% 0.0% 0.0% 0.0% 0.0% 2000 0.0%
Medium: Hydrogen 0.0% 0.0% 0.0% 0.0% 0.0% 2000 0.0%
Heavy: Natural Gas 0.0% 0.0% 0.0% 0.0% 0.0% 2000 0.0%
Heavy: Hydrogen 0.0% 0.0% 0.0% 0.0% 0.0% 2000 0.0 %
Diesel Share of Total Conventional Truck YMT {(Restassumed as gasoling) 1st Year Share in

2000 2010 2020 2030 2040 2050 of Change] 1st Year
Medium: Conv 67.2% 78.1% 54.3% 02.9% 95.0% 95.0% 0 0.00
Heavy: Conwv 99.0% 99.3% 99.3% 09.4% 990.5% 99.7% 0 0.00
F-T and Bio-Diesel Share of Diesel Fuel Use by Heavy Yehicles

2000 2010 2020 2030 2040 2050 1st Year |1st YrShr
Bio-Diesel 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% 0 0.0%
F-T Diesel 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% 0 0.0%
Share of Hydrogen from Renewable Sources for Heavy Duty Use

2000 2010 2020 2030 2040 2050 1st Year |1st YrShr
Hydrogen 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% 0 0.0%

Figure 3.2 Heavy Vehicle VISION Model Inputs
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Section 4
Potential Enhancements

VISION 2.0 will be the model to which changes are made in the future. Enhancements that
would be useful most immediately include the following:

1.

Update the current carbon coefficients for fuelsto the most recent GREET
estimates. VISION currently uses coefficients from GREET 1.6 as of
September 2001. The update might include updating coefficients to account
for changes over time. GREET is currently being modified to do just that.

Add more resource fuels for H,. Currently, only the carbon coefficients of
natural gasto H, and renewablesto H, are included.

With interest in light-duty diesel vehicles growing, disaggregate existing
diesel LDV sdle, stock, VMT, and fuel use from gasoline vehicles.

L ess-immediate enhancements might include the following:

1.

Disaggregate Class 3-6 heavy truck sales, stock, and VMT into their
gasoline and diesel fuel components. Class 7-8 does not need to be
disaggregated since 99% of the VMT of these trucksis by diesal trucks.

Automate the process for inputting the relative vehicle fuel economy ratios of
non-gasoline fuels to the fuel economy of the baseline gasoline vehicle.

Allow the input of data at 5-yr, rather than just 10-yr, intervals.

Add the use of biodiesel as LDV diesd additive. It is now only included asa
HDV diesd additive.

Allow the hybrid electric vehicles to use multiple fuels (gasoline, E85, and
diesdl).

Show the ethanal results by the amount used in gasoline blends (E-10), E-85,
and E-100 separately.

Add the capability to more easily compare scenariosto EIA's Reference
Case. Asdiscussed in Sections 2 and 3, the VISION Base Case incorporates
many EIA projections, but not all. In particular, assumptions about new
vehicle fuel economy differ and, in VISION 2.0, LDV VMT differs post-
2012. Ideally, a process that facilitates use of EIA’s assumptions about fuel
economy and VMT to 2025 would be helpful.
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8. Add the capability of automatically assuming S-curves for 20-, 30-, 40-yr
vehicle market penetration.

Other enhancements can be made as the need arises.
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Appendix A
How to Use VISION

VISION 1.1.2 consists of 2 Excel workbooks: “VISION 1.1.2 Fixed MPG Base Case with
AEO 2002 Data” and “File to be copied for all runsusing VISION 1.1.2 Fixed MPG Base Case.”
For each run of the model, only the “File to be copied...” should be opened and saved under a
different name. Ideally, the name would reflect the underlying assumptions of the specific run.
When opening the file, the user should answer “No” to the question about updating all linked
information.

“Fileto be copied...,” and thusits copy, are linked to “VISION 1..1.2 Fixed MPG Base
Case....” In particular, the links are to the “results’ of the Fixed MPG Base Case. This means that
when inputs are made to the copied file on its“Model Input” sheet, the results of the run are
compared directly to the Fixed MPG Base Case on the copied file's “Mode Results’ sheet (as
well as several other sheets).

The“Modd Input” sheet allows the user to input various assumptions about the future of
vehicle technology and vehicle use (e.g., market penetration of various light and heavy vehicle
advanced technol ogies, vehicle energy efficiency, alternative fuel use, VMT, auto vs. light truck
share of total light-duty-vehicle sales). Figure 2.1 shows the light vehicle component of this sheet.
In particular, al items highlighted in yellow on the sheet can be modified [WILL THE
REPORT BE PUBLISHED IN COL OR?]. The assumptions are generally input in 10-yr
increments: 2000, 2010, 2020, 2030, 2040, and 2050. However, the moddl is set up to accept
other starting dates for vehicle technology and fuel shares.

The model calculates energy use, oil use, and carbon emission resultsfor all years between
2000 and 2050 but displays the results only for 2000, 2010, 2020, 2030, 2040, and 2050 on the
“Model Results’ sheet. (See Figure A.1. Only light vehicle results are shown for a sample case,
but heavy vehicle results are also available on this sheet.) If resultsfor intervening years are
needed, they can be found in various worksheets.

The model calculates average new car and light truck fuel economy for 2000, 2010, 2020,
2030, 2040, and 2050 on the “Light Vehicle MPG” sheet. (See Figure A.2.) It does not compute
the results for intervening years, although these values for each technology can be found on each
technology’ sindividual worksheet.

As stated above, assumptions are generally input in 10-year increments, although starting
dates may differ from 2000, 2010, 2020, 2030, 2040, and 2050. The model uses linear
interpolation to estimate market shares and fuel economy improvements for the years not
specifically input on the “Model Input” sheet. Users wanting to input specific vehicle fuel
economy or market penetration in specific years not listed on the “Model Input” sheet will have
to hard-wire those inputs in the model’ s vehicle technology sheets.
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Users need only to input datato the “Model Input” sheet and review the run resultsin the
“Model Results’ sheet. However, there are 35 total sheetsin this model. Most are self-
explanatory.
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Appendix B:
Updating VISION with Data
from a New AEO

Every year, the VISION Base Case needs to be updated with estimates provided by the latest
EIA AEO (and other information sources). Two types of Base Cases have been developed in the
past. One assumes (1) no fuel economy improvements between now and 2050 and (2) that all
LDV sdesare gasoline ICEs. It is called the “Fixed Fuel Economy Base Case.” The other
matches AEO fuel economy gains and uses AEO’ s alternative fuel vehicle market penetration
assumptions. It iscaled “the AEO Fuel Economy Base Case.”

This appendix describes the procedure for updating only the “Fixed Fuel Economy Base
Case” of the model. Examples provided below refer to VISION 2.0, which is a Fixed Fuel
Economy Base Case using AEO 2003 data. It is an update of VISION 1.1.2, which used AEO
2002 data. A similar procedure, with afew changes, can be followed to update the “ AEO Fuel
Economy Base Case” that incorporates AEO sales of new technol ogies with associated new
vehicle fuel economies.

B.1 AEO Projections

The AEO projections usually include data for one or two historical years. These data are
ignored for most of the datafields in favor of known historical values. The sources for the
historical data are also described in this appendix. For future years within the AEO projection
horizon, the following tables and data are used for updating the “Fixed Fuel Economy Base
Case’:

1. Table3: Energy prices by sector and fuel; provides price per million Btu.
The prices are converted to 1998 dollars by using implicit price deflatorsin
the most recent Annual Energy Review (AER) published by the EIA. The
price deflators are listed in Appendix E of the 2001 AER. The price
information is updated in the “ Fuel $ Data’ worksheet within VISION.

2. Table 18: Macroeconomic Indicators; provides gross domestic product
(GDP) and population. The GDP values are converted to 1992 dollars by
using the above-mentioned implicit price deflators. Population data from
ElIA’s Table 18 are not used. Instead, the population data for updating are
obtained from the Census Bureau website. These updates are made to the
“Population-GDP data’ worksheet.

3. Table 45: LDV energy use by mode; provides energy use by cars and light

trucks (Class 1 and 2A). These data are used for computing annua VMT for
carsand light trucks (Class 1 and 2A).
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These tables are produced by FTAB within the current National Energy Modeling System

10.

11.

12.

Table 46: Transportation sector energy use by fudl type within a mode
(trillion Btu). These data are copied to the “ Energy data’ worksheet. Data are
useful only if an AEO Base Caseis to be devel oped.

Table 48: Light duty vehicle sales. Datafrom this table and Table 54
(commercia light truck sales) are combined to arrive at car and light truck
salesin the “ Energy data’ worksheet.

Table 49: Light duty vehicle stock. Data from this table and Table 55
(commercia light truck stock) are combined to arrive at car and light truck
stock.

Table 50: Light-duty vehicle miles-per-gallon. The stock average MPG
values are used for computing car and light truck (Class 1 and 2A) VMT.
The energy consumption projections from Table 45 (in item 3 above) are al'so
used.

Table 51: Light-duty vehicle miles of travel. This table provides the
combined total VMT for cars and Class 1 and 2A light trucks. The datafrom
Tables 45 and 50 are used with data from this table to derive separate VM T
estimates for cars and light trucks.

Table 54: Transportation fleet car and truck sales. Thistable provides
Class 2B truck sales (commercia light truck salesin the table). The 2B truck
sales data are combined with Class 1 and 2A sales data from Table 48,

Table 55: Transportation fleet car and truck stock. This table provides
Class 2B truck stock (commercia light truck stock in thetable). The 2B
truck stock data are combined with Class 1 and 2A sales data from Table 49.

Table 56: Transportation fleet car and truck vehicle milestraveled. The data
for Class 2B trucks (commercial light truck salesin the table) are added to
Class 1 and 2A light truck VMT computed by using data from Tables 45, 50,
and 51.

Table 58: Freight transportation energy use. This table provides medium and
heavy-duty truck sales, stock, and VMT. It aso provides medium truck VMT
share by diesel trucks.

(NEMS) structure.

B.2 Base Case Update

The Base Case EXCEL workbook is updated as described below.
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B.2.1 Update Fuel Prices in the “Fuel $ Data” and “Model Input”
Worksheets

1. Copy historical fuel pricesfrom the latest version of Annua Energy Review.
This update is heeded only for the most recent two or three years for which
data are either revised or released for the first time. The historical data, in
constant — or sometimes called real — dollars, are entered in columns K and
L asdollars per gasoline-equivalent gallon. Convert these pricesto 1998
dollars by using implicit price deflators from the Annual Energy Review.

2. Copy projected prices for the future years from Table 3 of the latest AEO in
columns B through G. Convert these prices to 1998 dollars by using implicit
price deflators from the Annual Energy Review. These prices are then shown
in rows 83-90, columns B-D of the “Modédl Input” worksheet. Until 2002,
the AEO projection horizon was 2020. The projection horizon has been
moved to 2025 beginning with AEO 2003. The user, through “Model Input”
rows 83-90, specifies projected prices for the years 2030, 2040, and 2050.
The model estimates the intervening year prices through interpolation. Enter
future year fud pricesin 1998 dollars per gasoline-equivalent gallon in rows
8390 of the “Maode! Input” worksheet.

3. The AEO 2003 does not provide methanol price projections. The methanol
prices for the period 2001-2020 in the “ Fuel $ Data’ worksheet are carried
forward from an earlier version of the model. They must be updated before
any analysisinvolving methanol can be carried out.

4. The AEO 2003 aso does not provide price projections for hydrogen and
Fischer-Tropsch diesal. These prices must be specified for all yearsin rows
87-88 of the “Maode Input” worksheet.

B.2.2 Update Population and GDP Information in the Worksheet
“Population-GDP Data”

1. Copy historical GDP data from the latest version of the Annual Energy
Review published by EIA. Convert these datato 1992 dollars by using the
implicit price deflators.

2. Copy AEO 2003 GDP projections from Table 18 for years 2002-2025.
Convert these projections to 1992 dollars. Use reasonable growth rates for
years ending in zero, in consultation with the DOE sponsor, to extrapolate
GDP projections through 2050. The model interpolates the GDP growth rates
and computes GDP values for the intervening years. For VISION 2.0, the
selected GDP growth rates are 2.6% in 2030, 2.2% in 2040, and 2% in 2050.
The AEO 2003 projections use GDP growth rates of 2.8% in 2005, 3.8% in
2010, 2.8% in 2015, 2.7% in 2020, and 2.9% in 2025.

35



36

B.2.3

Update historical population data for the most recent years by using
population estimates from the U.S. Census Bureau. The Census web site can
be accessed at http://eire.census.gov/popest/data/national /tabl es/asro/
NA-EST2002-ASRO-01.php. The website also provides estimates of number
of persons 16 years of age and older.

Use the middle series population projections for al future years through 2050
from the Census website at http://www.census.gov/population/projections/
nation/ summary/np-t1.txt to update future year population. Thistable
providestotal population only. Population by age at http://www.census.gov/
population/www/ projections/natsum-T3.html can be used to develop
estimates of population age 16 and older.

Update Light Duty Vehicle Sales and Fuel Use Data in the
“Energy data” Worksheet

Copy historical car and light truck (up to 10,000 Ib GVW) sales data from
Ward's Motor Vehicle Facts & Figures. The datafor cars can be found under
“Retail Sales’ inatabletitled “U.S. Retail sales of Passenger Cars by
Country of Origin, Market Class, and Purchasing Sector.” The data for light
trucks are in the next table, titled “U.S. Light Truck Sales by Segment.”

Sum new car sales and new light truck sales projectionsin AEO Table 48
and new commercial light truck sales projectionsin Table 54 to develop total
light-duty-vehicle sales projections. Copy these light-duty sales projections
in column F of the “Energy data” worksheet.

The model will compute light-duty vehicle sales per thousand personsin
column |. Update, if necessary, the future year light-duty-vehicle sales per
thousand personsin column | for al years ending in zero beyond the AEO
projection horizon. The model will interpolate values for the intervening
years.

Develop light truck share of total light-duty vehicle salesin AEO projections
and copy those shares in column G. Extend these shares to 2050 by providing
light truck share valuesfor al yearsthat end in zero. The model will
interpolate values for al intervening years. These shares will be used for
computing light truck salesif the user specifies“No” in cell A53 of “Model
Input.”

Copy historical fuel use information for the latest available year from ORNL
Transportation Energy Data Book from Table 2.4 (Transportation Energy
Use by Mode and Fuel Type).

Sum light-duty vehicle fuel use by fuel type and commercial light-truck fuel
usein AEO Table 46. Convert these data from trillion Btu to quadrillion Btu
and copy in columns N through U. Also, update columns L and M containing
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energy use by carsand light trucks. This step may be skipped for the  Fixed
Fuel Economy Base Case.”

B.2.4 Update Light-Duty Vehicles, Auto and Light Truck, and Fuel
Economy Data in the “Auto-Lt Trk data” Worksheet

1. Updatethe historical, EPA-test, auto, and light truck fuel economiesin
columns L and M. The historical fuel economy values can be obtained either
from the ORNL Transportation Energy Data Book or the National Highway
Traffic Safety Administration’ s website.

2. Select the fixed fuel economy values for the future yearsin consultation with
the DOE sponsor. For the VISION 2.0 update, auto fuel economy was
lowered from 28.8 MPG in 2002 to 28.7 MPG in 2003 to 28.6 MPG in 2004
and 28.5 for al subsequent years. The CAFE standard for carsis 27.5 MPG,
but the fleet average CAFE for cars has exceeded that standard since 1985.
The CAFE standard for light trucksis 20.7 MPG, but will increase to
21.0 MPG in 2005, 21.6 MPG in 2006, and 22.2 MPG in 2007. The fleet
average CAFE for light trucks has exceeded the standard for some time, but
not by as much as cars. Therefore, the DOE sponsor decided to keep the year
2002 level of 21.2 MPG through 2005 and then increaseit to 21.6 MPG in
2006 and 22.2 MPG for al subsequent years.

B.2.5 Develop VMT per Vehicle, Vehicle Stock, and VMT Projections to
2050 for Light-Duty Vehicles Exogenously

1. From AEOQ energy use datain Table 45 and fleet average MPG dataiin
Table 50, compute car and light truck (class 2A) VMT. The following
formulais used:

Btu,, x MPG,,
125

VMT,, =

Where:
VMT,y = VMT (billion) for vehicle type v (car or light truck 2A) in year y,

Btuyy

Energy use, intrillion Btu, by vehicletypevinyeary;

MPG,, = Fuel economy, in miles/gallon, of vehiclevinyeary, and

125 = factor to convert trillion Btu to billion gasoline equivalent gallons (GGE).
2. The sum of the above-computed car and light truck VMT should match the

light-duty VMT in Table 51. To ensure this, compute car share of total car
and light truck VMT (from item 1, above) and multiply that by the valuein
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Table 51. Subtract the car VMT from total LDV VMT in Table 51 to arrive
at light truck (class 2A) VMT and then add commercial light truck (class 2B)
VMT from Table 56 to arrive at total light truck VMT. Develop year-by-year
VMT growth factorsfor cars and light trucks. Replace theinitial year VMT
(2000 and 2001 for AEO 2003) with car and 2-axle-4-tire VMT from
FHWA'’s Highway Statistics. Apply VMT growth factors to the latest year
for which FHWA VMT data are available to arrive at afirst set of car and
light truck VMT projections (through the AEO projection period).

3. Add commercid light truck (class 2B) stock in Table 55 to light truck
(class 2A) stock in Table 49 to arrive at total light truck stock. Divide the
above-developed VMT estimates by AEO car and light truck stock estimates
to arrive at VMT per vehicle.

>

Develop graphic representation of VMT per vehicle, and in consultation with
the DOE sponsor, extend the VMT per vehiclelinesfor cars and light trucks
to 2050.

o

Develop growth rates for car and light truck vehicle stock and extend the
growth rates to 2050 such that they track the GDP growth rates estimated
earlier (seeitem 2, Section B.2.2). (As all steps under Section B.2.5 are
carried out exogenously, these stock growth rates are not input to VISION.)

IS

Multiply VMT per vehicle (developed under item 4) by stock (devel oped
under item 5) to arrive at car and light VMT projections to 2050.

7. Develop thefinal VMT growth factors and update rows 124-133 and
139-148 of the “Modédl Input” worksheet.

B.2.6 Update the “auto ICE,” “It trk ICE,” and All Alternative
Technology Worksheets for Auto and Light Trucks. (These
updates relate to vehicle stock, annual VMT, fleet fuel economy,
and annual fuel use.)

1. Update the worksheets with historical car and light (2-axle-4-tire) truck
registration values from the latest highway statistics. Apply correction factors
in column AV to match the historical data. The update is needed for the last
two years (2000 and 2001) only.

2. Thevehicle survival functions within these worksheets are based on past
vehicle survival data. The vehicle survival rates have not stayed constant and
have also experienced peaks and valleys. The AEO stock estimates are based
on a projection methodol ogy that is different from VISION’ s survival
function-based methodology. Consequently, VISION stock projections do
not exactly match the AEO stock projections. Correction factors are applied
to account for these differences. Develop correction factorsin column AV so
that when applied to the sums of surviving vehicles, the resulting estimates
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10.

match the projected stock values. Correction factors are also needed
post-2025 to match the stock estimates developed under item 5,
Section B.2.5.

Link column AV of alternative technology worksheetsto “auto ICE” or “It
trk ICE” worksheet as applicable. Copy the formulafor estimating vehicle
stock during the projection period to all aternative technology worksheets.
(Note: All VISION versions after 2.0 will not require this update. This step
was required because the method of calculating vehicle stock correction
factorsin a separate column was inserted the first timein VISION 2.0.)

Update the “auto ICE” and “It trk ICE” worksheets with historical car and
light truck VMT data from the latest highway statistics. This update will
require application of correction factorsin column AW. Note that the
formulafor calculating historical year VMT for years 2000 and 2001 is
different in column AA (from that for calculating future year VMT beginning
2002). The historical update is needed for the last two years only.

Set the VMT growth method (in cell C111) inthe “Model Input” worksheet
to 1. Compute VMT per vehicle correction factors for years 2002—2050 in
column AW such that the resulting VMT per vehicle for each projection year
match the VMT per vehicle estimates developed earlier (under item 4,
Section B.2.5).

Link the historical VMT per vehicle cells beginning 2000 in “auto ICE” and
“Ittrk ICE” to same cellsin aternative technology worksheets as applicable.
Copy thetotal VMT calculation formula from the previous historical year to
the newly added historical year in the alternative technology worksheets.

Link column AW of aternative technology worksheets to “auto ICE” or “It
trk ICE” worksheet as applicable. Copy the formulafor estimating VMT per
vehicle for projection yearsto all alternative technology worksheets. (Note:
All VISION versions after 2.0 will not require this change. This step was
required because the method of calculating VMT per vehicle correction
factorsin a separate column was inserted the first timein VISION 2.0.)

Ensure that the VMT weighted MPG in the “auto ICE” and “It trk ICE”
worksheets match historical fleet average fuel economy in Highway
Statistics. Apply correction factors, if needed, inthe VMT weighted MPG
formulain column AC to achievethis.

Copy the VMT weighted MPG correction factor for the last historical year to
cell AV4 within the “auto ICE” for carsand “It trk ICE” worksheets for light
trucks.

Link cell AV 4 of respective aternative technology worksheetsto the cell
AV4 of “auto ICE” and “It trk ICE” worksheets as applicable. The VMT
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B.2.7 Develop Estimates of Medium- and Heavy-Duty Truck Sales, Stock,
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11.

12.

weighted MPG formulasin al projection years were corrected to use the
correction factor from cell AV4. Thisstep is required once for VISION 2.0
only. All future versions of VISION will automatically have this update.

Ensure that the calculated fuel gallonsin column AD for the historical years
match the published valuesin Highway Statistics. Verification is done
through correction factors. Past experience has shown that a small factor of
1.0017 is needed for “auto ICE” while no correction factor is needed for “It
trk ICE.” Copy correction factor for the last historical year in cell AW4 of
“auto ICE” for carsand “It trk ICE” for light trucks. Enter a constant 1 in cell
AW4 if no correction is heeded.

Link cell AW4 of all aternative technology worksheets for carsto cell AW4
of the “auto ICE” worksheet and cell AWA4 of all alternative technology
worksheets for light trucksto cell AWA4 of the “It trk ICE” worksheet.
Correct the fuel gallons estimation formulafor all projection years within the
“auto ICE,” other aternative technology worksheets for car, “It trk ICE,” and
other alternative technology worksheets for light truck so that the correction
factor from cell AW4 can be used. This step isrequired once when VISION
2.0isupdated and will be carried automatically to future versions of
VISION.

and VMT Exogenously.

1

The medium truck segment within VISION isfor trucks with gross vehicle
weight rating (GVWR) of 10,001-26,000 |b while the heavy truck segment is
for trucks with GVWR over 26,000 |b. The sales, stock, and VMT data for
these two segments of trucks are compiled in three categories: (1) historical,
(2) AEO projections, and (3) extrapolation to 2050.

Historical: Ward's Motor Vehicle Facts & Figures provides retail sales of
trucks by GVWR for the latest historical year, and FHWA'’ s highway
statistics provide registration and VMT data for the last two historical years
for single unit and combination trucks. The 1997 Vehicle Inventory and Use
Survey (VIUS) provided stock and VMT split of single unit trucks between
medium and heavy trucks. All combination trucks were assumed as heavy
trucks.

AEOQ Projections. Table 58 within 2003 AEO’ s detailed output tables
provides projections of medium and heavy truck sales, stock, and VMT.

Extrapolation to 2050: Under the Phase 2 of the study entitled North
American Transportation Energy Technologies to 2050, regression equations
were developed to extend medium and heavy truck sales, stock, and VMT to
2050. These regression equations were used to project growth in sales, stock,
and VMT.



The medium and heavy truck sales are projected by the following equations:
MDT Sales=-31.9 + 0.0248 x GDP - 18.59 x Gasoline
HDT Sales= 134 + 0.026 x GDP - 54 x Gasoline
Where:
GDP = Gross Domestic Product in billions of 1996 chained dollars and
Gasoline = Retail gasoline pricein 1996 $ per gallon.

The medium and heavy truck stocks are projected by the following equations:
MDT Stock = 1584 + 0.2407 x GDP
HDT Stock = 53.6 + 0.4554 x GDP
Where GDP = Gross Domestic Product in billions of 1996 chained dollars.

The medium and heavy truck VMT are projected by the following equations:
MDT VMT = 10790 + 3.924 x GDP
HDT VMT = - 12674 + 18.93 x GDP
Where GDP = Gross Domestic Product in billions of 1996 chained dollars.

The above regression equations are applied to the last projection year of AEO 2003 and all
subsequent years. Y ear-to-year growth factors are computed and applied to the data for the last
projection year of AEO 2003.

(Note: The above regression equation may be revised to reflect projections of lower or
higher rates of the growth in medium and heavy truck sales, stock, and VMT under future AEOSs.)

B.2.8 Update Medium and Heavy Truck Worksheets (“Class 3-6,"
“Class 3-6 Ng,” “Class 3-6 H2,” “Class 7&8,” “Class 7&8 Ng,” and
“Class 7&8 H2").

a. Update the conventiona technology worksheets, “Class 3-6" and “Class 7&8,” with
historical sales datafrom Ward’s Mator Vehicle Facts & Figures and other sales data
developed under Section B.2.7. The alternative technology worksheets are
automatically updated through links.

b. Update the conventiona technology worksheets such that their estimates of medium
and heavy truck stock match the above-devel oped values. Asin the case of light-duty
vehicles, the vehicle survival procedures within VISION may not produce estimates
that match exactly with the historical data, AEO projections, and extrapolated values
to 2050. To match VISION's stock estimates with the estimates generated under
Section B.2.7, correction factors are developed in column AR. The aternative
technology worksheets are automatically updated through links.

c. Update the conventiona technology worksheets such that their estimates of medium
and heavy truck VMT match the above-devel oped historical, AEO, and extended
values. To match VISION’s VMT estimates with the estimates generated under
Section B.2.7, correction factors are developed in column AS. The aternative
technology worksheets are automatically updated through links.
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d. Updatethe historical energy consumption (in Btu) by medium and heavy trucks.

VISION has been updated earlier through 1999. The Transportation Energy Data
Book, Edition 22, provides combined Btu consumption for medium and heavy trucks
for 2000. These data were subdivided as medium and heavy truck energy
consumption by using Btu shares resulting from the 1997 VIUS data. For 2001,
growth in fuel consumption by single unit and combination trucksin FHWA's
Highway Statistics was applied to estimate energy use by medium and heavy trucks.
Correction factors are applied to the energy consumption estimation formulato have
the energy total match with the historical data. The last historical year’s correction
factor is copied to the cell AS2 of both conventional technology worksheets (i.e.,
“Class 3-6" and “Class 7&8"). The energy estimation formulas for all projection
years use these factors. The alternative technology worksheets are automatically
updated through links.



