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Abstract

Promising evidence from clinical studies of drug effects does not always
translate to improvements in patient outcomes. In this review, we discuss
why early evidence is often ill suited to the task of predicting the clinical
utility of drugs. The current gap between initially described drug effects and
their subsequent clinical utility results from deficits in the design, conduct,
analysis, reporting, and synthesis of clinical studies—often creating condi-
tions that generate favorable, but ultimately incorrect, conclusions regarding
drug effects. There are potential solutions that could improve the relevance
of clinical evidence in predicting the real-world effectiveness of drugs. What
is needed is a new emphasis on clinical utility, with nonconflicted entities
playing a greater role in the generation, synthesis, and interpretation of clin-
ical evidence. Clinical studies should adopt strong design features, reflect
clinical practice, and evaluate outcomes and comparisons that are meaning-
tul to patients. Transformative changes to the research agenda may generate
more meaningful and accurate evidence on drug effects to guide clinical
decision making.
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BACKGROUND

There is widespread concern that initially promising evidence from clinical studies of drug effects
is not invariably correlated with tangible gains in health (1). Benefit-harm assessments at the time
of market entry are often not predictive of the observed effectiveness and safety of drugs once
they have been adopted in clinical practice (2). As documented in the clinical literature, early
studies tend to yield exaggerated drug effects (3); the effects become much smaller in later studies.
Not infrequently, initial research findings are also found to be invalid (4), potentially resulting in
reversals of standards of care (5). Although controversies most commonly arise from highly cited
studies with weaker designs—the most important predictor of reversal of standards of care is the
adoption of a practice based on evidence from studies with weak designs (6)—findings of studies
with stronger designs are also sometimes challenged and refuted (7).

The dangers of failing to predict the utility of drugs on the basis of evidence from clinical studies
include the adoption of not sufficiently effective (or even totally ineffective) and potentially harmful
products and the resulting grave consequences for health, health-care costs, and the credibility
of research (8). Recent widely publicized examples of drugs with discrepancies between their
utility in early clinical studies and their utility in real-world settings include rofecoxib (Vioxx®) (9,
10), varenicline (Champix®/Chantix®) (11), and gabapentin (Neurontin®) (12), for which later
evidence revealed a questionable benefit-harm profile in some patient groups. The rise and fall of
these commonly used products underscore the problems in the clinical studies of drug effects.

Such problems stem from important flaws in the design, conduct, analysis, reporting, and
synthesis of clinical studies of drug effects. In this article, we provide an overview of the limitations
of evidence from clinical studies and discuss why such evidence often fails to predict the clinical
utility of drugs. We offer potential remedies to improve the relevance of clinical evidence in
predicting the real-world effectiveness and safety of drugs. To improve the utility of drugs, studies
should be designed, conducted, analyzed, and interpreted in ways that minimize bias; include
patient populations that resemble those in clinical practice; evaluate outcomes and head-to-head
comparisons that matter to patients; and be fully disseminated and made available for further
independent scrutiny in a timely manner—conditions that are unmet in the current research
environment (13, 14).

PROBLEMS IN THE DESIGN OF CLINICAL STUDIES
OF DRUG EFFECTS

Clinical studies are often not designed to evaluate the real-world effectiveness and safety of drugs;
rather, they are designed to meet regulatory demands and commercial interests. Regulators and
the pharmaceutical industry dictate the design of clinical studies, thereby shaping the nature of
available evidence on drug effects. Such practices can create conditions for generating favorable
estimates for drug effects (15). Under publish-or-perish pressures, researchers may contribute to
the problem by failing to learn from existing and ongoing research activities and by prioritizing
the practicality offered by studies with weak designs. Taken together, design features of studies
of drug effects make resulting clinical evidence ill-suited to the task of predicting the therapeutic
utility of drugs (Figure 1).

Insufficient Consideration of Prior Existing and Ongoing Evidence

Continuously updated systematic assessments of what is already known can serve as a guide for
future research (16). Yet many clinical studies are designed, conducted, and interpreted without
adequate consideration of prior existing and ongoing research (16-18). Published reports may
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Figure 1

Current clinical research practices are geared toward showing favorable estimates of drug effects.

not systematically cite previous studies: According to a recent review of citation patterns, fewer
than a quarter of previous findings were cited in more recent studies addressing similar clinical
questions (17). In addition, fewer than half of researchers were even aware of relevant reviews of
available, existing evidence when they designed their studies (19). Incomplete and selective citation
of previous work may explain why dubious claims from highly cited research persist and continue
to be supported in clinical practice despite contradictory evidence from later studies (20, 21).

A careful evaluation of prior knowledge is critical to ensuring that clinical studies have strong
design features and sufficient statistical power to correctly estimate drug effects. Yet fewer than
a quarter of studies consult the prior existing evidence for sample size calculations (22). Unsur-
prisingly, investigators embarking on new clinical studies without first consulting reviews and
syntheses of existing evidence risk failing to address questions that are truly novel and important
(16). Such insufficient consideration of existing evidence exacerbates the lopsided nature of the
evidence base, with certain drugs and therapeutic areas receiving disproportionate research atten-
tion over others. For example, there are substantially more ongoing studies of anti—tumor necrosis
factor-« (anti-TNF-«) agents than those that are completed or published, and the research agenda
already comprises more than 200 trials (23, 24). In such cases, investing in yet another clinical
study would more likely serve marketing purposes rather than address critical, unanswered clinical
questions.
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Use of Weak Study Designs

Randomized designs are widely considered the gold standard for determining whether a drug works
or is more effective than an alternative (25). Randomization removes the potential for bias in the
assignment of patients to one drug or another by introducing unpredictability. Randomized designs
have high internal validity, i.e., can ensure that the observed treatment effect can be attributed
to the drug of interest. In nonrandomized designs, however, the decision of which treatment to
receive or administer is chosen by the patient or the clinician rather than randomly assigned. This
can result in differences in the baseline characteristics of patient groups receiving different drugs.
Such “confounding by indication” is a threat to the internal validity of nonrandomized studies,
potentially rendering their findings biased.

Indeed, systematic assessments have documented that the findings of randomized and non-
randomized studies often differ, and the magnitude of this difference cannot be predicted (26).
An empirical evaluation found that five of the six most cited nonrandomized studies were refuted
or had exaggerated effects when tested in randomized studies (27). Strikingly, fewer than half
of clinical studies used in early drug development are randomized despite such concerns (28).
In addition, nonrandomized studies are commonly used to make inferences about drug effects
after market entry (29). The reason for this strategy is that nonrandomized designs have sev-
eral practical advantages over randomized studies, including speed, the potential availability of a
large number of patients, and low cost. The authors of nonrandomized studies often extrapolate
their results to make treatment recommendations without referring to (or calling for) randomized
studies (30).

Although placed at the top of evidence hierarchies, randomized studies also have important
limitations. Causal inferences from randomized studies can be jeopardized by limitations in their
design, leading to bias (31-35). For example, failure to conceal allocation and to “blind” partici-
pants and personnel is associated with exaggerated treatment effects, on average, especially when
subjective outcomes are measured (36, 37).

Industry Sponsorship of Research

Most clinical drug research is sponsored by the pharmaceutical industry (38, 39). Financial conflicts
of interest exist with such sponsorship: Understandably, favorable study results present a strong
financial incentive for pharmaceutical companies.

Do conflicts of interest that intertwine industry sponsors and researchers influence the out-
comes of clinical studies? Industry-sponsored studies are more likely to favor the product than
is research funded by other sources (40-42). Although it was hypothesized that pharmaceutical
companies conduct poor-quality research, there is now conclusive evidence that the method-
ological quality of industry-sponsored studies is at least as good as (or even better than) that of
non-industry-funded studies (40-43). Therefore, the apparent discrepancy seems to lie in the in-
terpretation of the findings rather than in the conduct of the study or in the analysis of the results
(24, 44, 45).

More problematic is that pharmaceutical companies may exclusively sponsor trials that they
believe will have favorable conclusions for their products. Previous studies indicate that each
pharmaceutical company generates a clinical research agenda that is strongly focused on its own
products, whereas head-to-head comparisons with competitor drugs are uncommon (46). When
different drugs are compared, companies preferentially sponsor trials that compare their products
to “straw-man comparators” (41,47, 48), thus distorting the evidence base in favor of the company’s
products.

Naci o loannidis



Lack of Head-to-Head Comparisons

More than a thousand new drugs have reached the market in the United States during the past
six decades (49). Despite the large numbers of available drug options (50), direct head-to-head
comparisons are rarely available, leaving patients, clinicians, and policymakers without adequate
information on the comparative clinical effectiveness and safety of seemingly similar drugs (51).
Currently, the US Food and Drug Administration (FDA) does not require information regard-
ing a drug’s comparative effectiveness and safety against existing alternatives, instead request-
ing that pharmaceutical companies perform placebo-controlled studies (52). For pharmaceutical
companies—likely reluctant to conduct head-to-head comparisons for fear of finding that a com-
petitor’s products might outperform their own—the lack of regulatory interest in comparative
evidence at the time of drug approval serves as a disincentive. This interplay of regulatory ex-
pectations and pharmaceutical company interests may create asymmetries in the evidence base,
favoring certain products.

As a result, there is a paucity of clinical studies that include head-to-head comparisons of new
and existing drugs. Placebo-controlled trials dominate published clinical research (53, 54), in some
cases constituting more than 90% of the available evidence (55). Although the situation seems to
have improved over the past decade (56), partly owing to increasing pressure from third-party pay-
ers and pharmacy-benefit managers, comparative data are available for approximately half of new
drugs at the time of market entry, with considerable variability across therapeutic areas (56-58).

Choice of Patient Populations

Early clinical studies—and particularly those conducted to achieve market entry—may have little
relevance in real-world settings (59). When licensing a new drug, regulators rarely consider its
effectiveness in the context of real-world use. Rather, drugs receive approvals on the basis of
results from clinical studies in which patient enrollment is restricted by numerous inclusion and
exclusion criteria. Such stipulations include, among many others, restrictions on comorbidities
and concomitant medications, which eliminate the participation of certain populations (60). As a
result, drugs [for example, cyclooxygenase inhibitors (61)] are approved on the basis of studies of
very narrow clinical populations but are subsequently used much more broadly in clinical practice
among populations for whom the benefit-harm balance may be much different. In the transition
from such narrow samples to broad populations, beneficial effects of drugs often diminish while
their adverse effects increase (2).

It is unknown whether (and sometimes highly unlikely that) drugs that are successful among
select samples of patients will do well in real-world populations (62). Our ability to predict the
clinical utility of drugs is particularly hindered for certain patient populations: Women, children,
the elderly, and those with common comorbidities are frequently underrepresented or excluded
from clinical studies (63). For example, elderly populations may be underrepresented in clinical
studies of drugs that they are most likely to receive (64), including those for osteoarthritis (60),
cancer (65), cardiovascular disease (66), and heart failure (67). As drug effects can vary depending
on sex, age, and comorbidity status, study entry restrictions can undermine efforts to predict the
clinical utility of drugs (68). Such exclusions impair the applicability of early study results and
highlight a need for careful reconsideration of exclusion criteria in clinical studies (63).

Choice of Outcomes

The choice of outcomes in clinical studies of drugs adds to the complexity of predicting their
real-world utility. Researchers rarely evaluate the impact of drugs on outcomes that matter to
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patients, i.e., patient-centered outcomes. These include functional, social, and emotional well-
being, in addition to survival (16, 69). Clinical studies commonly include composites of multiple
outcomes that increase statistical power but are not clinically meaningful and that may complicate
the interpretability of study findings (24, 70-73).

In addition, evaluations of drug effects are often based on short-term surrogate outcome mea-
sures (74). Such measures are sometimes warranted in predicting the long-term effects of drugs
on clinical outcomes (75), but reliance on them does not necessarily result in accurate predictions
(76). For example, accumulating evidence on ezetimibe has failed to demonstrate that effective
control of low-density lipoprotein cholesterol (a widely used surrogate) translates to a reduction
in the risk of cardiovascular events and mortality (77-80).

Systematic evaluations of emerging surrogate outcomes suggest that many findings are prone to
bias (81). Indeed, studies using surrogate outcomes often exaggerate drug effects compared with
those using patient-relevant clinical outcomes (82, 83). In addition, clinical studies evaluating
surrogate outcomes are twice as likely to report positive treatment effects as those reporting
clinical outcomes (82).

The use of surrogate measures is particularly problematic for predicting the long-term safety of
drugs, especially because there are no good surrogates for harmful outcomes. Moreover, because
the durations and sample sizes of studies using surrogate outcomes are generally small, many safety
risks go undetected (84). Aprotinin (Trasylol®), doxazosin (Cardura®), erythropoietin (Epogen®),
and rosiglitazone (Avandia®) are among many examples that, despite their early promising re-
sults for surrogate outcomes, were subsequently shown to have unfavorable harmful effects

(73, 74, 85).

PROBLEMS IN THE CONDUCT, ANALYSIS, AND REPORTING
OF CLINICAL STUDIES OF DRUG EFFECTS

Beyond design-related aspects, clinical studies of drug effects are subject to a range of variations
in their implementation, potentially rendering their findings irrelevant for evaluating real-world
effectiveness and safety. T'ogether, problems in the conduct, analysis, and reporting of studies have
important implications for the prediction of the clinical utility of drugs.

Publication and Selective Outcome Reporting Bias

The published literature includes only a subset of all clinical studies (14). Studies with positive or
significant results are more likely to be reported than are those with negative or nonsignificant
results—a phenomenon commonly referred to as publication bias (86, 87). Despite recent efforts
to encourage the publication of completed studies, only about half of studies are reported within
4-5 years of their completion (14, 87). The results of many unpublished trials are now posted in
Clinical Trials.gov, so this proportion is probably gradually improving. However, the results of
many trials remain unavailable. Moreover, even if studies with negative findings are published,
their reports appear later than those with positive results, yielding a time-lag bias (88, 89).

Compounding the problem of publication bias is selective citation of clinical studies (90).
Studies with statistically significant results are more than twice as likely to be cited as those with
nonsignificant findings (91).

Publication biases also pose a threat to the validity of systematic reviews. An important example
is the report by Kirsch and colleagues (92), who obtained unpublished data on new-generation
antidepressants. Upon combining the published and unpublished evidence, they showed that drugs
were no better than placebo for the treatment of mild and moderate depression. Similarly, another
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review reported that antidepressants have an unfavorable benefit-harm profile when unreported
studies were taken into account (93).

Further complicating matters is selective outcome reporting bias, whereby published reports
describe an incomplete subset of outcomes evaluated in clinical studies (94). Such selective outcome
reporting is widespread: Only a third to half of the outcomes are discussed in published reports,
with significant outcomes being more than twice as likely to be fully reported as nonsignificant
ones (95, 96). In general, outcomes in published reports differ from those defined in original
study protocols (90, 97, 98), those submitted to the FDA (99), and those recorded in clinical
study registries (100). Selective outcome reporting practices amplify the biases stemming from
incomplete publication and selective citation of clinical studies and create a substantial barrier to
performing objective assessments of clinical utility (14, 101, 102).

Paucity of Evidence on Harms

A balanced evaluation of both benefits and harms (i.e., harmful effects of drugs) is critical to suc-
cessfully predicting the real-world utility of drugs. Yet clinical studies may fail to collect and report
adequate data on adverse events, hindering a timely evaluation of long-term safety (103). Some
studies do not report any evidence on harms, and those that do often lack adequate information
on their definition (104), timing of onset (105), and severity (106). Most clinical studies of drug
effects report only the most frequent events and/or limit their reporting to statistically significant
results (107). Only a minority of studies report the reasons that patients discontinue treatment
owing to adverse events (106, 108). According to some estimates from the past decade, adequate
reporting of adverse events occurred in only 39% of clinical studies of drug effects (109). Despite
the publication of guidelines to improve the quality of the reporting of safety in clinical studies
(103), recent reporting of harm data remains inadequate: A third of studies do not properly report
drug-related adverse events (107). Systematic reviews also may lack such information, compound-
ing the inadequate reporting of harms in primary clinical studies (110). Most reviews include data
on harms only to the extent that they are available from clinical studies (111), with approximately
half of published reviews reporting adequate data on harms between 2007 and 2011 (112).

Questionable Analytical Practices

Measured against the recent efforts to standardize study reporting, current analytical practices
in clinical studies of drug effects are heterogeneous, creating an opportunity for steering the
results toward specific conclusions. Consequently, some of the reported findings in the published
literature are spurious, owing to the use of poor methods for statistical analysis.

Assessment of subgroup effects is especially prone to such flawed practices. Because patients
often do not respond uniformly to drugs, subgroup analyses are used to help tailor decisions for in-
dividual patients: Approximately 60% of clinical studies present subgroup findings (113). Looking
for subgroup effects is important when there are potentially large differences among patient groups
by racial, ethnic, and genetic characteristics. Despite this potential, initially compelling subgroup
findings often prove spurious (114). This is perhaps inevitable, as researchers often undertake
a large number of posthoc analyses and adopt inappropriate statistical methods for inferences
(115, 116).

Even rigorous randomized designs are not immune to subjective judgments during statistical
analysis, leaving room for so-called vibration effects—fluctuations in the study findings depend-
ing on the particular approach to analysis (18). Vibration effects are particularly problematic if
investigators are influenced by conflicts of interest or optimism bias, the unwarranted belief in
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the effectiveness and safety of interventions (24, 117). Empirical evaluations showed that flexibil-
ity in methods yields substantially different findings when researchers adopt different statistical
analyses, for example, to adjust for imbalances between groups in randomized studies, as occurs
in approximately 40% of clinical studies (118).

Other questionable research practices pose challenges to correctly interpreting the drug effects
in clinical studies and their potential relevance in predicting clinical utility. Some studies are too
small or poorly reported to be informative (albeit with apparent large effects) (24, 90, 119, 120);
others have major statistical errors (121). Influential clinical studies may be stopped early because
of apparent benefit in interim analyses, giving inflated estimates of drug effects (122-124). Despite
the widespread adoption of guidelines aimed at improving the quality of research reports (90, 125),
adequate information about study methods is available in only about 65% of published reports (90,
126). Distorted presentation of results is also common, particularly when nonsignificant findings
are obtained (127).

PROBLEMS IN THE SYNTHESIS OF THE EVIDENCE AND IN THE
FORMATION OF RECOMMENDATIONS FROM STUDIES
OF DRUG EFFECTS

Clinicians increasingly turn to evidence summaries to stay abreast of the quickly expanding deluge
of research findings. Systematic reviews, meta-analyses, and clinical practice guidelines allow
medical providers to interpret the evidence, to learn what is known, and to describe the extent
to which the existing evidence is applicable to individual patients. In the past two decades, there
has been a surge of interest in the use of evidence syntheses to inform clinical decision making.
Yet flaws in the development of systematic reviews, meta-analyses, and clinical practice guidelines
remain, impeding their relevance in translating evidence to clinical decisions.

Problems with Reliability of Systematic Reviews and Meta-Analyses

Conducted in a transparent way, systematic reviews and meta-analyses offer a less biased alterna-
tive to narrative reviews, which lack an explicit description of systematic methods of searching for,
identifying, and including clinical studies. Although systematic reviews and meta-analyses origi-
nally emerged as superior to narrative reviews, recent evidence suggests that they too perpetuate
biases seen in primary clinical studies. For example, meta-analyses integrating early evidence tend
to exaggerate treatment effects by approximately 15-30% (3, 16, 128). Such reviews also distort the
evidence base in favor of certain products, as can be seen in the greatly overlapping meta-analyses
on “hot” topics (129).

Systematic reviews and meta-analyses are very influential, i.e., receive more citations than other
types of study designs (130); therefore, their conclusions have a major impact on clinical prac-
tice. Notably, although industry-sponsored meta-analyses produce findings numerically similar
to those of non-industry-sponsored ones, they consistently report conclusions that are favorable
to industry products (44, 45, 131). Industry-sponsored authors of systematic reviews and meta-
analyses may “spin” the phrasing of the conclusions in favor of industry products (132, 133).

Too many meta-analyses adopt a narrow focus, providing an incomplete summary of the
existing evidence. Almost half of meta-analyses focus only on specific agents, with 15% comparing
one agent and placebo/control (134). A typical such paper shows pooled analyses done by the
industry combined with data from several sponsored trials on a single product and almost invariably
show that the product is effective and/or safe. Such pooled analyses might be viewed as marketing
advertisements rather than scientific papers. Systematic reviews rarely incorporate evidence from
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multiple data sources, such as information in publicly available FDA review reports, which would
offer valuable data considered in regulatory decisions. Moreover, failure to consider the wider
clinical research agenda in systematic reviews and meta-analyses—especially when some drugs are
evaluated in hundreds of clinical studies for many different indications—inevitably results in the
identification of spurious “successes” owing to multiple testing (23).

Problems with Reliability of Clinical Practice Guidelines

Clinical practice guidelines are at the interface between evidence and practice; they aim to translate
research findings into real-world settings (135). Viewed as a key solution to improving health-
care quality, guidelines have benefitted from considerable effort and resources spent on their
development and dissemination (136), including by several major medical organizations.

However, recent evaluations demonstrate that guidelines fall considerably short of expectations
(137). For example, financial conflicts of interest appear pervasive among developers of clinical
practice guidelines (138-140). More than 80% of guideline recommendations are developed from
lower levels of evidence, with almost half of all recommendations based on expert opinion (141).
Despite their purportedly objective assessments of the existing evidence, many recent guidelines
have become marketing and opinion-based pieces, delivering directive rather than assistive state-
ments (142). Over the past few decades, clinical practice guidelines have progressively lowered the
threshold for drug treatment of conditions such as heart disease (143) despite compelling evidence
that nonpharmacological treatments, including exercise-based interventions, work equally well for
numerous chronic conditions (144).

LACK OF SYSTEMATIC ASSESSMENTS OF CLINICAL UTILITY

In the current research environment, much of what we know about the clinical utility of drugs
emerges haphazardly. There is a paucity of implementation research that seeks to understand
what, why, and how drugs work in real-world settings and to test approaches that measure and
improve their utility (145). As discussed above, contrary to what the end users of research expect,
many clinical studies are not designed, conducted, analyzed, reported, and synthesized to evaluate
the real-world effectiveness of drugs, but rather to meet regulatory demands and commercial
interests. Large and simple pragmatic trials (146, 147), which impose minimal restrictions on
patient populations and clinical decision making, are exceedingly rare. When evaluating head-to-
head comparisons of relevant drugs using patient-centered outcomes, such studies are the gold
standard of assessing clinical utility (T'able 1).

Instead of pressing for more investment in large and simple pragmatic trials, drug regula-
tors, clinicians, patients, and other health-care decision makers often settle for lower standards of

Table 1 Design features, advantages, and potential limitations of randomized study designs to evaluate clinical utility

Design features Advantages Potential challenges
Randomization can occur at either the Patient populations and care patterns that are Extensive patient crossover and
individual level (pragmatic, practical trial) representative of routine practice can be contamination of comparator
or the group level, e.g., clinic or hospital included. groups may complicate
(cluster randomized trial). Data collection can be integrated into electronic interpretability of findings.
Flexible inclusion criteria allow variations health record systems, reducing the burden of Effective blinding of participants
among patients and providers. primary data collection. and study personnel is often not
Minimal restrictions are imposed on clinical | Registry-based patient recruitment and data possible.
decision making. collection can introduce significant efficiencies.
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evidence. Following market entry, drug regulators encourage pharmaceutical companies to con-
duct Phase IV studies to gather evidence on the safety of their products in real-world settings.
Generally nonrandomized in nature, these studies include large patient populations to detect safety
signals that may have been missed in premarketing studies. Regulators have limited influence over
the design and conduct of Phase IV studies relative to their influence over earlier clinical studies;
more than half of postmarketing commitments remain unfulfilled many years after market entry
(148). Even when they are fulfilled—the situation is improving (149)—pharmaceutical compa-
nies may use postmarketing studies to boost prescribers’ familiarity with their products; indeed,
postmarketing studies have been referred to as seeding trials (150, 151). In the case of the post-
marketing studies of diabetes drugs, for example, a recent analysis demonstrated that the studies
had limited scientific value and that they were designed as marketing tools to promote wider use
of more expensive products (152). Such practices highlight the inadequacy of the current clinical
research enterprise in evaluating the clinical utility of drugs.

POTENTIAL IMPROVEMENTS

Closing the gap between the initially promising effects of drugs and their later clinical utility will
require improvements to each aspect of clinical studies—their design, conduct, analysis, reporting,
and synthesis (i.e., their incorporation into systematic reviews and meta-analyses; see above).
Historically, progress in clinical research has been fragmented and has occurred primarily through
self-regulatory mechanisms. Perhaps we need a new emphasis on clinical utility that takes into
account the interplay among the producers (industry and researchers), regulators, and end users
(clinicians, patients, other health-care decision makers) of clinical studies of drug effects. We make
some recommendations to improve the relevance of clinical evidence in predicting the real-world
effectiveness and safety of drugs (Table 2).

Study Registration and Analysis Prespecification

Undtil the recent institution of policies mandating the registration of clinical studies (153), it was
essentially impossible to know whether (and to what extent) the published literature represented a
biased subset of all studies thathad been completed (154). The International Committee of Medical
Journal Editors now requires the registration of clinical studies as a prerequisite for consideration
for publication (155); this requirement helps identify clinical studies that have been completed or
are under way. Coupled with the FDA’s mandate to report studies at Clinical Trials.gov, recent
journal policies resulted in the registration of more than 160,000 randomized studies by early
2014 (156). Since 2009, federal legislation in the United States has also required the reporting of
summary results within one year of study completion (157).

We believe that a similar strategy is needed to encourage the registration and publication of
complete clinical study protocols. The clinical study protocol plays a key role in study planning,
conduct, interpretation, oversight, and external review (158). Particularly important is the inclu-
sion of information on the definitions of outcome and the analytical procedures that will be used
(24). Such efforts improve the transparency of clinical studies and enable scrutiny and comparison
of reported analyses with what was planned at the study outset (159).

Provision of Raw Data for Independent Analysis

Condensed summaries of clinical studies published in peer-reviewed reports represent unavoid-
ably incomplete synopses of actual studies—resulting in loss of valuable information. This loss
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is particularly problematic when study-level aggregation of results does not accurately reflect
the underlying participant-level data. Such data from clinical studies of drug effects—included
in comprehensive clinical study reports (160)—are currently considered commercial, confidential
information. Clinical study reports may be the most detailed, complete, and integrated source
of information about study design, conduct, analysis, and results (160). Raw data (containing
information on individual study participants) from clinical studies are rarely made available to
independent researchers (161). Such data may exist in different formats (either as collected or
deidentified), and access can be either open or restricted (e.g., tailored data to address specific
research questions) (160, 162, 163).

Clinical study sponsors, investigators, and regulators should commit to making raw data on
drug effects available in a timely fashion. Sharing raw data would have many benefits, including
facilitation of the independent reanalysis of results to detect errors and selective reporting and an
ability to complement meta-analyses with more granular information to explore patient variability
(14, 162). By increasing the efficiency of drug development and reducing duplication of efforts,
industry also stands to benefit from the wider provision of raw data (164). Acknowledging this
potential, drug regulators such as the European Medicines Agency are seeking collaboration
between study sponsors and researchers that respects the commercial interests of the industry
yet embraces the reciprocal gains from the public availability of raw data (165). Firmer action
is needed to push for greater transparency and to ensure that raw data from clinical studies are
available for independent scrutiny and that any obstacles (e.g., need for deidentification, informed
consentstipulations, legal trade secret claims) are dealt with efficiently and transparently. Although
adopting data-sharing requirements would be relatively feasible for new, future trials, considerable
challenges exist for obtaining access to raw data from past trials. These data may sometimes be
lost even to their sponsors, but improvements that promote access to raw data could be made on
that front as well.

Sponsoring of Clinical Research by Nonconflicted Entities

Much of clinical research is plagued by conflicts of interest—financial or otherwise—with the
pharmaceutical industry footing most of the bill for sponsored clinical studies. In the current
environment, “we get what we pay for”: Research and development activities of pharmaceutical
companies are driven by marketing and sales motives, creating asymmetries in the evidence base
(15). The current system is inefficient and contains redundancy and wasted resources, with too
many similar, small studies of limited value. Improvements in the design of the overall research
agenda may lead to cost savings across the research and development enterprise.

There is a need to align the incentives and objectives of producers and end users of research.
Independently funded clinical studies should address research questions that are truly important
and needed; include head-to-head comparisons of drugs with other drugs or nonpharmacological
interventions; evaluate patient populations that closely resemble those in clinical practice; and
measure outcomes that matter to clinicians, patients, and their caregivers. In our view, there is a
need to increase funding for independent clinical studies of drug effects. One potential solution
would be to supplement current government funding of comparative effectiveness research with
industry investments that are allocated to an independent trial fund tasked with designing and
conducting clinical studies of drug effects (166).

In addition, nonconflicted entities should urge pharmaceutical sponsors to invest in more
rigorous evaluations of drug effects. In an attempt to develop a feasible approach for the industry,
regulatory advice should guide pharmaceutical companies to invest in underresearched areas that
will encourage more efficient allocation of investment and potentially lead to an increase in the
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number of innovative drugs that offer greater clinical benefit than do existing treatment options.
Pharmaceutical companies stand to benefit from such regulatory guidance. Indeed, sponsors of
promising products should favor transformative changes in the financing, design, and conduct of
the research agenda. Such changes should be accompanied by the institution of transparent reward
mechanisms that favor genuine innovations.

Guidance from regulatory entities is also important for establishing standards for clinical studies
of drug effects—particularly standards with a new emphasis on clinical utility. Whenever possible,
studies should conform to such standards in terms of patient populations, outcomes, assessment
techniques, follow-up studies, dosing regimens, and choice of comparators.

Requirement of Comparative Data at the Time of Drug Approvals

In our view, regulators should raise the bar for market authorization of new drugs and require
comparative data at the time of new drug approval, especially in therapeutic areas that have
competing drugs or other treatment regimens. Such evidence is needed by a range of decision
makers upon market entry (167). Comparative evidence at market entry will help equip clinicians,
patients, and caregivers with information as to how new therapies fare against those currently
approved; help drug regulators protect the public from inferior and harmful products; and ensure
that third-party payers engage in pricing and coverage strategies on the basis of therapeutic value.
Recent proposals call for requiring head-to-head comparisons of new drugs with viable alternatives
at the time of market authorization decisions (167, 168). In addition, network meta-analyses that
compare the benefit-harm profiles of new drugs with those of existing alternatives should become
a more standard tool in the assessment of new drugs (169).

Nonconflicted Conduct of Systematic Reviews and Clinical Practice Guidelines

Conflicts of interest among those who write systematic reviews and prepare clinical practice
guidelines compromise the objectivity of the conclusions and recommendations, biasing the in-
terpretation of existing clinical evidence. The Institute of Medicine suggests that individuals with
a conflict of interest should not partake in developing clinical practice guidelines. Such sugges-
tions should extend to those who write systematic reviews. Minimizing potential bias, in our view,
requires that those who develop clinical practice guidelines and write systematic reviews should
primarily be systematic review methodologists rather than content area experts (132). Clinical
practice guidelines should also be subject to independent scrutiny before their recommendations
are finalized (139).

Continuous Feedback from Implementation Research

Efforts are needed to integrate implementation research into clinical practice to assess the real-
world performance of drugs (170). Nonconflicted public or nongovernmental entities, such as the
Patient-Centered Outcomes Research Institute in the United States, should establish research
networks within health-care systems to improve the scientific scrutiny of drugs after market entry
by streamlining the conduct of large, simple megatrials in clinical practice (166, 171).

CONCLUSIONS

Existing clinical evidence can be a shaky foundation for defining the clinical utility of drugs.
Problems in clinical studies are an indication of missed opportunities to successfully define the
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real-world effectiveness and safety of drugs. Driven largely by commercial interests, many clinical
studies generate more noise than meaningful evidence to guide clinical decision making. Greater
involvement of nonconflicted bodies is needed in the design and conduct of clinical studies, along
with more head-to-head comparisons, representative patient populations, hard clinical outcomes,
and appropriate analytical approaches. Documenting, registering, and publishing study protocols
atthe outset and sharing participant-level data at study completion would help ensure transparency
and enhance public trustin the clinical research enterprise. Such an approach is needed to generate
evidence that is better suited to the tasks of predicting the clinical utility of drugs and providing
the information needed by patients and clinicians. Future efforts should focus on engaging the
industry, researchers, regulators, clinicians, patients, and other decision makers in discussions to
develop transformative ideas with the aim of tackling the numerous defects in the current research
environment. Emerging ideas should be piloted and subjected to scientific scrutiny before they
are widely implemented and touted as solutions.
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