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Abstract. Backward difference methods for the discretization of parabolic boundary
value problems are considered in this paper. In particular, we analyze the case when
the backward difference equations are only solved ‘approximately’ by a preconditioned
iteration. We provide an analysis which shows that these methods remain stable and
accurate if a suitable number of iterations (often independent of the spatial discretization
and time step size) are used. Results are provided for the smooth as well as non-
smooth initial data cases. Finally, the results of numerical experiments illustrating the
algorithms’ performance on model problems are given.

1. Introduction. In this paper, we shall study implicit multistep backward
difference methods for linear parabolic equations. In particular, we shall focus on
generalizations which involve the application of iterative procedures to the resulting
algebraic systems. We will provide results which justify the use of incomplete
iteration in a way that will not affect the error estimates for the discretization.
Thus, the time stepping scheme with incomplete iteration will achieve the same
order of convergence as the original scheme (solving the implicit equations exactly
at each time step). These results will be given for problems with smooth as well as
nonsmooth solutions.

In general, we only assume that the iterative procedure leads to a reduction
in an appropriate energy norm. Typical examples can be developed by applying
the preconditioned conjugate gradient method with an appropriate preconditioner.
Some examples of preconditioners and their analyses can be found in [3]-[9], [13],
[17], [25] and the references cited in [13].

Our results show that the error in the numerical methods has the same asymp-
totic behavior even when an appropriate number of iterations (often only a fixed
number independent of the spatial mesh and time step size) are used at each time
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step. The procedure studied thus reduces the work involved in the actual compu-
tation in a significant way. This is illustrated both in our theoretical and compu-
tational results.

In Section 2 we review the error estimates for stable backward difference meth-
ods in the case that the solution is smooth, and under the assumption that the
difference equations are solved exactly at each time step. Since our emphasis is
on the discretization in time, we shall start by considering an abstract evolution
equation in a Hilbert space setting, where a selfadjoint positive definite operator
plays the role of the elliptic operator in the parabolic equation. We shall then apply
the analysis to the case of a partial differential equation in space and time.

Sections 3 and 4 provide an analysis for the backward difference algorithms
using incomplete iteration. In Section 3 we consider algorithms applied to a partial
differential equation in space and time with a smooth solution. In Section 4 we
study the case of a homogeneous equation with nonsmooth initial data.

The proofs of our results given in Sections 3 and 4 are based on certain a prior:
estimates for the solution of the backward difference equation (without iteration).
These estimates are proved in Section 5.

In Section 6 we provide the results of numerical experiments illustrating the
theory developed in this paper. We also provide additional details concerning pre-
conditioning and the starting procedure.

Error estimates for semidiscrete in space and completely discrete single step
methods applied to parabolic problems for both smooth and nonsmooth solutions
have been derived by many authors, cf. Thomée [24] and references therein. Multi-
step methods have been studied similarly by Zldmal [26] and Crouzeix and Raviart
[14], for smooth, and by Le Roux [21] for nonsmooth solutions.

The idea of incomplete iterations was first analyzed for parabolic problems in
Douglas, Dupont and Ewing [16] and Bramble and Sammon {10] (cf. also Bramble
[2], Keeling [20]), in the context of single step schemes and under the assumption
that the exact solution is smooth.

2. The Basic Backward Difference Method. In this preliminary section,
we shall give error and stability estimates for the basic backward difference approx-
imation to parabolic problems with smooth solutions. We first study the abstract
parabolic equation in Hilbert space and then turn to the concrete situation of a
parabolic partial differential equation in space and time. In this section, we assume
that the equations resulting from the backward difference time discretization will
be solved exactly at each time level.

We start with the abstract parabolic equation on a separable Hilbert space H
given by

u+HXu=f for0<t<T,

2 u(0) = v,

where ./ is a selfadjoint, positive definite, not necessarily bounded operator on H
with dense domain of definition & (&), and f is a function of ¢ with values in H.

We shall study the numerical approximation to (2.1) by a ¢-step backward dif-
ference method. Let k denote the time step size and t, = nk. For given starting
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values {U* € H,i = 0,... ,q — 1}, define the sequence of functions {U* € H} by
the difference equations

9 43-1_.
(2.2) Ekj AIU"+ U™ = f* forn>gq,
=1

where 8,U" = (U™ — U™ !)/k and f" = f(t,). It is a straightforward conse-
quence of the Spectral Theorem that the sequence {U"} is well defined and can be
computed by a marching algorithm. U™ is an approximation to u™ = u(t,) when
appropriate starting values are used. Equation (2.2) can be rearranged in the form

q
(2.3) L,um Ek‘IZajU“‘j+MU" =f"* forn>q.
7=0

In order for U™ to be an accurate approximation to u", appropriate values of U7,
7=0,...,9— 1, must be defined by a separate starting procedure. For accuracy,
these values of U* should approximate u* for i =0,...,q — 1 to order q.

Note that method (2.2) is accurate of order q. This can be seen as follows. The
Newton backward difference formula (cf. [19]) is given by
(t—ta)(t —ta_1)

u(t) = u™ + (t — tn)0pu™ + "

2!
(2.4) +...+ (t_t")"'g_tn—qﬂ)égun
+ (t = t")(('] +(1t)"" tn—q)u(q+l)(§).

Here, u(9t1)(¢) is the g 4 1’st derivative of u evaluated somewhere in the interval
[tn—gq,tn]. Applying (2.4) to a polynomial P of degree ¢ and differentiating shows
that .
k-1 AP(t,)
J pr — n
Z i % ot

=1

and hence it follows immediately from Taylor’s Theorem that (2.2) is accurate of
order gq.
For ¢ = 1, (2.2) reduces to the backward Euler method

Un — Un—-l
k
and only the starting value U° = v is needed. For ¢ = 2, (2.2) takes the form

(2.5) +LZU=f" forn>1,
3 n n—1 1 n-2 n n
§U -2U +§U k+&£U"=f" forn>2.
In this case, natural choices for U® and U! are
U%=v

and

(U'-U%/k+2 U = fL.
Note that U! is determined by taking one step of the backward Euler method (2.5).
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For q > 2, starting values can be generated by using the partial sums of the
Taylor expansion of u(t;), i.e.,

' q-1 ..,
(2.6) U’ = Z %Diu(O) fory=0,...,¢g—1.
=0

Here the function D}u(0) can be computed from the differential equation in terms
of data, i.e.,

Dyu(0) = f(0) — & u(0),

D}u(0) = f,(0) — & (f(0) — L u(0)), etc.

This choice is only appropriate for the smooth data case. Starting values for the
nonsmooth data case will be discussed later.

It is well known from the theory for the numerical solution of ordinary differential
equations (cf., e.g., Gear {18, p. 214], Cryer [15]) that the backward difference
method employed in (2.2) is A(0)-stable for ¢ < 6. As a result of this stability, we
can prove the following theorem.

THEOREM 2.1. For ¢ < 6, let U™ and u be the solution of (2.2) and (2.1)
respectively. Assume that the starting values {U’} satisfy
”Uj —uj“ <C(u)k? forj=0,...,q—1
Then, provided that u is sufficiently smooth,
U™ —u™|| < C(u)k? forn>gqandt, <T.

To prove the theorem, we shall use scales of spaces induced by the operator ./ .
Note that the powers of the operator & are well defined in terms of its spectral
decomposition. We define H* to be the domain of & %/2. Then H* is a Hilbert
space with norm given by

2.7)

llvll, = (& *v,0)"/2.
A major ingredient in the proof of the above theorem, as well as those to be
stated later, is the following fundamental a prior: inequality.

LEMMA 1. Let ¢ < 6 and p > 0. Let {U™} be the solution of (2.2) and n be
greater than or equal to q. Then

n n
A LG RRR DA (] e-Fel W(CA el WS Vol Y

Jj=q Jj=q
q—1

oy, + ke ur).
=0

This lemma will be proved in Section 5. Its generality was introduced for later
use. We next prove Theorem 2.1, assuming the lemma.
Proof of Theorem 2.1. Let ¢" = u™ — U™. Then

(2.8) Lyge™ =7",

where 7" is the truncation error in the discretization of the time derivative, i.e.,

q
(2.9) ™=k} Z ou™ ™7 — Ul
Jj=0
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Applying Lemma 1 with p =0 to {e’} gives
n q—1
(2.10) Il < ok 3N, + 0 2Nl
j=q =0
By (2.4),
Y aP(t
k ljgoajp(tn_j) - B(tn) =0

holds for polynomials P of degree less than or equal to gq. Hence, Taylor’s formula
implies that

q
- : ¢t
(2.11) ™ =k! E Otjg‘(tn_j) - —%ﬁ
=0

where

¢(t) = %/t (t — 5)2D*u(s) ds.

Hence, if u is smooth enough,

tn—gq

11l < Cwie,

and (2.10) implies the theorem.

We shall now show how Lemma 1 can be used to appraise the error in the
numerical solution of a parabolic partial differential equation in space and time.
The time stepping procedure will be applied to an equation which has first been
discretized in the space variables.

We consider the initial boundary value problem

u+Au=f in), 0<t<T,
(2.12) u=0 on 0, 0<t<T,
u(-,0)=v(-) inQ,

where () is a bounded domain in R4 with smooth boundary and A is the second-
order selfadjoint elliptic operator given by

9 du
Au = — ijZ=1 8_];1 (a”(z)a) + ao(:t)u.

Here we assume that the coefficients defining A are smooth, ag(z) > 0 and {a;;(z)}
is uniformly positive definite.

Let H°(Q) denote the usual Sobolev space of order s defined on 2 (cf. [22]). Let
the scales of spaces {H*} be defined as previously discussed with H = L2 (Q) and
& replaced by A. It was shown in [12] that for nonnegative integers s,

H® = {¢ € H*(Q)|A’¢ = 0 on 9Q for j < s/2}.

In particular, H' = H}(Q), the space of functions in H!({2) whose trace vanishes
in the appropriate sense on 9f).

Let r be an integer greater than one. Assume that we are given a family of
finite-dimensional approximation spaces Sy, C H3(Q?) with the property

Xiélgh("v = Xllziqy +hllv = xllgiq) SCR° |vllgeqy for1<s<r
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Define the discrete operator Ap: S, — S by
(Anv,x) = A(v,x) for all x € S,

where (-,-) denotes the inner product in L?(f)) and A(:,-) is the bilinear form
corresponding to A. Clearly, Ay is a symmetric positive definite operator on S,.
Let P, denote the L?(Q) orthogonal projection operator onto S, and consider

the semidiscrete problem
Up ¢ + Apup = P for t >0,
(2.13) ht+ Apun = Ppf

up(0) = vp.

Equation (2.13) is of the same form as (2.1), and hence we can apply the time
discretization method discussed earlier to define a fully discrete approximation to
the solution u of (2.12). Thus, we define the sequence of functions {U™ € S,} by
replacing & by A in (2.2).
Remark 2.1. In terms of forms, (2.13) is equivalent to
(uh,ts X) + A(un, x) = (f,x) forall x €Sy and t >0,
Up (0) = Vh.

Similarly, {U™} is the sequence of functions satisfying

q
(Ic"l ZajU""j,x) +A(U™ x) =(f,x) forall x€ S, and n >gq.
7=0

We will next prove the following theorem.

THEOREM 2.2. For ¢ < 6 let U™ be the solution of (2.2) with &/ = Ap and u
be the solution of (2.12). Assume that the starting values {U*} satisfy

(2.14) |U* — || < Cu)(h™ + &%) fori=0,...,¢—1
Then, provided that u s sufficiently smooth,
(2.15) U™ —u™|| < C(u)(h" + k%) forn>qandt, <T.

Proof. For the purpose of proof, we introduce the Ritz projection Ry : H}(Q2) —
Sp, defined by
A(RrV,x) = A(V,x) forall x € Sp

and write the error

(2.16) Ut —u' = (U' = Rpu') + (Rpu' — ') = 6' + p*  fori>0.
By standard error estimates for the Ritz projection,

(2.17) o™l < OB ™l gy < Clu)h”

Thus it suffices to consider the remaining part 6™, which is in S,. From the def-
initions, it is easily checked that A,R, = PnA, on the domain of A, hence ™
satisfies

q
(2.18) k! Zaj()"‘j + Ap0" = 0" = (P, — Rp)uy + Rpm™ forn > g,
7=0

where 7™ is the truncation error given by (2.9).
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By Lemma 1 applied (with p = 0) to 6,

n q—1
I < ck Y-l |2, + e 1)),
j=q =0

where ||-||_; , denotes the discrete norm defined by

Ixll_jn = (A7 %, )2

Clearly, for sufficiently smooth u,

(2.19) lo?ll_, » S Cllo’|| < Cu)(R” + K9).
Note that by the triangle inequality, (2.14) and (2.17),

(2.20) 7] < C(u)(h" + k%) forj=0,...,q—1
and hence

(2.21) 167]] < C(u)(h" + k7).

The theorem follows combining (2.17) and (2.21).
An appropriate choice of starting values would be (cf. (2.6))

_ g, S (R

(2.22) U’ = ha 1 Dlu(0) forj=0,...,q—1,
i=0 .

where the D}u(0) are computed from the differential equation in terms of data as

in (2.7).

3. Incomplete Iteration. In Section 2 we considered algorithms which re-
quired the exact solution of the backward difference equations at each time step.
In this section, we consider the extension of such algorithms to the case where the
backward difference equations are only ‘approximately’ solved. We shall limit our
discussion here to approximation of smooth solutions of (2.12) and consider the
case of nonsmooth initial data in the following section. Moreover, we shall only
consider the case where the backward difference is applied to the equation wtich
has already been discretized in space (2.13). The incomplete iterative technique has
important computational advantages in applications where efficient preconditioners
are available.

As already indicated, the incomplete iteration backward difference algorithm
is defined by only approximately solving the time step equations. Again, we are
to define a sequence of functions {U*} C S,. Given U™1,... , U™ 9, we use an
iterative process to approximate the solution U™ of

q
(3.1) (o0 + kA)T™ = kf™ =) a;U7.

=1

We assume that the iterative process uses a starting guess U™ (which we are to
provide) and gives rise to a sequence of iterates U™™ converging to the solution U™
of (3.1) as m tends to infinity. The incomplete iteration algorithm is then defined
by setting U™ = U™M (") for some integer M (n) which may vary with n and is to
be specified.
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In addition to the number M (n), we have to define U™° in order to make our
procedure precise. For the purpose of accuracy, we shall need U™° to be a g+ 1’st
order approximation to u™. The g + 1’st order extrapolation approximating ™ in
terms of u™~!,... ,u" 9! is defined from

q+1
> (" “IL 1) (=)=t 4 O(k9HY).

Hence we define
g+1

(3.2) gno = _ S (1) Cpgnt
> (")

Since (3.2) may be used only for n > g + 1, we define U9 equal to U9.

Remark 3.1. As will be demonstrated by the theory, it is possible to choose M (n)
a priort so that the incomplete iteration scheme is stable and convergent. However,
this choice of M(n) involves a priori constants which are not explicitly available
in practice. Nevertheless, numerical examples given in Section 6 indicate that
the threshold values of M(n) necessary for stability are rather low. These results
suggest that the incomplete iteration technique can be used to develop robust time
stepping algorithms.

To study the stability and convergence properties of the above method, we must
make some additional assumptions on the iterative procedure. We assume that
there exist positive constants ¢y and k < 1 such that

(3.3) U™ = O™ < cor? U™ = U™ forj=1,2,...,
where
lloll = (lvl® + k(Anv,v))'/? = (Iolf* + kA(v,v))*/2.

Estimates of the form of (3.3) are rather typical in the theory of preconditioned
iterative methods. Values of k are generally related to the condition number of
the preconditioned system. As an example, the case of preconditioned conjugate
gradient iteration will be discussed in Section 6.

The next theorem gives an error estimate for the incomplete iteration backward
difference method described above, applied to the semidiscrete equation (2.13).

THEOREM 3.1. Let ¢ < 6 and u be the solution of (2.12). Further, let U9 = U9
and U™ for n > q be defined by incomplete iteration for the solution of (3.1) as
described above. Assume that the starting values {U’} have been chosen so that

(3-4) U7 — Ruw?|l| < C(u) (A" + k%) forj=0,...,q~ 1L

Then, provided u s sufficiently smooth, there exists a positive constant 6 (independent
of u) such that if M(n) s large enough so that

(3.5) kM™) < 5t1/2,

then

U™ —u"|| < C(u)(h" +k?) forn>gqandt, <T.
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Proof. The result of the theorem for n = ¢ is contained in Theorem 2.2. We
thus only consider n > ¢. Let € be a small positive constant which will be defined
later in the proof. By the triangle inequality and (3.3),

U™ =TI < cox™ ™ (U™ U™l + U™ = TI).

We choose 6 = 6(¢) small enough so that
M(n)

CoK 1/2
(3.6) 1= cgnM™ <et,/>.
Then
(3.7) o™ — ™| < ety/|jum - U™O||I.

But (3.2) can be rewritten as
U" - Un.O — kq+15;1+1Un
and hence
(3.8) llw™lll < ety k2T U™ for n 2 g +1,

where w" = (U™ — U™)/k.

We now proceed as in the proof of Theorem 2.2 and decompose the error as in
(2.16), i.e., U™ — u™ = ™ + p™. Once again, p" is bounded by (2.17) and we are
left to estimate 9. Note that the sequence " = U™ — Ryu®, 677 = §"~J for
Jj=1,...,n— g satisfies (2.18). Hence
(3.9) L™ = o™ + (ag + kAp)w™,

and thus Lemma 1 (with p = 0) yields
16717 < Ck D llo? + (a0 + kA |2, + 3 [10°]"
Jj=q j=0
By (2.19), we clearly have
(3.10) ”0" + (ag + kAh)wj||_l’h < C(u)(h" + k%) + C|l|lw? |-
Thus, (2.20) and the fact that w? = 0 give
(3.11) 16711 < C(w)(h™ + k) + Ck 3 I’ Il

Jj=q+1

From (3.8) and the triangle inequality,
llw™ Il < eta/ k(1107 6™ I + | Ra DT ™).

Now Ry, is bounded in the H!({2) norm and clearly, the norm ||| - ||| is bounded by
the H'(€2) norm and hence

aq+1 39+1
NIRROF u Il < 197 1.

But 9 *1 annihilates polynomials up to degree g, and hence by Taylor’s formula

t
(@“/‘ (bﬂﬂD“%@M%
tn-q-1 t=t,

168wy < C < C(u).

1
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Thus

(3.12) llw™|| < Cetk/? i 10:6™ 7|l + C(w)k? for n > q.
j=0

Hence

(3.13) 167117 < C(u)(h” + k%) + Ce’ki t;110:6%||%.

Jj=1

We now need an estimate for the last term in (3.13). We introduce the following
estimate for the original time stepping scheme in the Hilbert space framework. In
this estimate, the norm ||| - ||| is defined in terms of &/. Moreover, we define the
norms || - l.,s by

ol o = [|(2 + ks )=1/257 /2.
When s = 0, we denote the above norm by ||| - ||«

LEMMA 2. Let ¢ < 6 andp > 0. Let {U™} be the solution of (2.2) and n be
greater than or equal to q. Then

n n
kS EN8U P < Ck SIS+ N2 )

Jj=q Jj=q
qg—-1
+C Y (U2 pr + EHITNIP)
=0

The proof of Lemma 2 will be given in Section 5. We complete the proof of the
theorem assuming the lemma. Applying the lemma with p = 1 to 6" satisfying
(3.9) gives

n n g—1
k> ;1807112 < Ck Y llo? + (a0 + kAW 2+ C D 116711
7=q Jj=q 7=0
By (2.19), ‘ ' A
llo? + (a0 + kAR)w? [ll« < C(u)(h" + k%) + C|ljw’ |l
and thus
n _ . n )
(3.14) kY 4106702 < Clu)(h” + k92 +Ck Y [llw?[|®.
Jj=q j=q+1

By (3.12),

kY Nl lI? < Cek Y t5110:67 11 + C(u)k?

J=q+1 J=1
(3.15) . -
<Ck Y _t;118:0711* + Ck* Y [18:8°I* + C(u)k.
j=q j=1
By (3.4),

(3.16)  KlI9.6°lll < CCl6|ll + 16"~ ) < C(u)(h” + k%) forj=1,...,¢~ 1.
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Combining (3.14), (3.15) and (3.16) gives

n n
kY Wl <Cek Yo flw’ll? +Clu) (A + k)2,
J=q+1 j=q+1
Taking ¢ sufficiently small yields

n
(3.17) kY e’ lli* < Clu)(hm +k9)2.
J=q+1
The theorem then follows combining (3.13), (3.14) and (3.17).

To satisfy (3.5), a larger number of preconditioned iterations must be taken in
the earlier time steps. The next corollary (of the proof of Theorem 3.1) shows that
it is possible to iterate with a fixed (M (n) independent of n, k and h) number of
preconditioned iterations if more accurate starting values are assumed.

COROLLARY 3.1. Assume that the hypotheses of Theorem 3.1 hold with (3.4)
replaced by
(3.18) U7 = Ru? ||| < C(w)k¥™Y2  forj=0,...,q—1
and (3.5) replaced by M(n) > C. Then, provided that u is sufficiently smooth,
U™ —u™|| < C(u)(h" + k%) forn>qandt, <T.

Proof. We follow the proof of Theorem 3.1, replacing etl/? by €. Inequality
(3.12) is replaced by

q
llw™ Il < Ce Y 1887l + C(u)k?  for n > g.
7=0

Inequality (3.13) is replaced by

n
(3.19) 167117 < C(u)(h" + k%)% + Cek N
7=1
Applying Lemma 2 with p = 0 to 0™ gives

n n q—1
- . . 02 _ .
kY 07Nl < CkY [lo? + (a0 + kAn)e? ||, , +CR™1 3 (16712
Jj=q Jj=q 3=0
For the second term above, we use the stronger assumption (3.18) and the argu-
ments in the proof of Theorem 3.1 to derive (compare with (3.14))

n n
kY1017 < Clu)(h” +k0)* +Ch 3 [l
Jj=q Jj=q+1
The corollary then follows from the arguments after (3.14) and the above inequal-
ities.
Remark 3.2. The condition (3.18) can be satisfied by choosing, for example,

q /N

. k .

UJ=Rh§ :(J“) Di’U(O), J=0,...,9-1,
=0

i.e., by including one more term in the sum than in (2.22).
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Remark 3.3. The condition U? = U? does not present additional difficulties in
practice. We suggest using the preconditioned iterative scheme to solve for U9 up
to computer roundoff accuracy. In general, this is of negligible computational cost
compared to the work required for the remainder of the time stepping calculation.

4. Incomplete Iterations: The Case of Nonsmooth Initial Data. We
consider incomplete iteration applied to the case of nonsmooth initial data in this
section. The first theorem gives a result for the Hilbert space case, i.e., the case
when there is no spatial discretization. The second theorem considers the fully
discrete situation. All of our results apply to the homogeneous equation, i.e., f = 0.

For the Hilbert space case, it has been shown by spectral techniques, Le Roux
[21], that under the appropriate assumptions about the choice of discrete initial
data, the solution of (2.2) satisfies the error estimate

(4.1) [U™ —u™|| < CkU;9 ||| for n > 0.

Moreover, for the fully discrete approximation (i.e., the solution of (2.2) with & =
Ap), if v, = Ppv is used with the proper choice of the remaining starting values,
then

(4.2) U™ —u™|| < C(kU;9 + hTtSY2) ||v]|  for n > 0.

In this section, we will generalize these results to the algorithms using incomplete
iteration defined in Section 3.

For nonsmooth data estimates, we shall require some stronger hypotheses for
the starting values. Specifically, we shall assume that

(43) U7 =]y, + K7~ < ROl for j=0,... g~ 1.

The development of starting values satisfying (4.3) will be discussed later.
We now state the theorem in the Hilbert space case.

THEOREM 4.1. Let ¢ < 6 and u be the solution of (2.1). Assume that the
starting values {U'}, 1 = 0,...q — 1, satisfy (4.3), U = U9 and UI*t! = Jat!,
Let U™ for n > q + 1 be the approximation generated using incomplete iteration
as described in Section 3. There exists a positive constant & such that, if M(n) is
chosen satisfying

(4.4) kM) < §ta+1/2
then
(4.5) U™ —u™|| < CkUt;9|[v|| forn >0 andt, <T.

The assumption (4.4) requires more iterations at earlier time steps than in the
smooth data case (see Theorem 3.1 and Corollary 3.1).

Proof. By (4.1) and (4.3), there is nothing to prove for n < ¢ + 1. We set
e™ = u™ — U™ and note that the sequence é® = u™ — U™, "7 = u™~7 —U™"J for
J =1,...q satisfies (2.8). Hence

Lie™ =7" + (oo + kL )™ =71" + 0" = p".
Applying Lemma 1 with p = 2¢ and (4.3), we obtain

n
20" )* < Ck (2|l ||”, + ]| 5, ) + CR ol

i=q
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Now for t, < T,

n n
2 ~in2 ~5112
e, + 1)) < CE Y,
Jj=q i=q

and
(45 Hw’” L ||(ao+kM w’” . ||.5Y 1/2 ao+kM)w3”
' <o\ + k)2 = cllill.
Thus
n
(4.7) t29|e"|* < Ck Z(ﬁq 7], + ||7"||_2q D+Ck Y W Il + Ck* o]l
Jj=q J=q+2
We next show that
n
(4.8) KX )7, + 1P ||i2q_1) < Ck2 ||v|?.

Let s > —2¢ — 1. Using (2.11), we clearly have

.
715 < cwet [ |pru)l g,

ti-q
from which it follows that
t
12 g 2
(4.9) k7T |, < C’““/t y | DIu(y)||] dy
J—9q
holds for j > g when s > —2¢ — 1 and for j > ¢ when s = —2¢ — 1.

Let {p;}{° and {);}{° be respectively the eigenfunctions and eigenvalues of the
operator & . Then, using the eigenfunction expansion of the solution u, we get

bt 2
/O y2q+l+s “Dq+lu(y)”s dy

o) oo
(4‘10) < /0 y2q+1+s Z/\l?q+2+se—-2>qy(v"p’)2 dy
=1

e o)
<O (we” =Clol’.
1=

Combining (4.9) and (4.10) shows that

(4.11) k Z 28+ |19)2 < ok )2,
J=J0
where jo = ¢+1 when s > —2¢—1 and jo = ¢ when s = —2¢— 1. Thus, to complete
the proof of (4.8), it suffices to bound the 7 = ¢ term in the sum.
We write 79 as in (2.11) with ¢ given by

(t) = /0 ua(s) ds.
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Then
te
2 2 2 2
(412) k299, < Ok ( /0 e )12, dy + uutm)u_l) < Ok ||,

where the second inequality follows easily from techniques used in deriving (4.10).
This completes the proof of (4.8).
Combining (4.8) with (4.7) gives

n
(4.13) tolle”I* < CK* Jlo]l* +Ck Y I
J=q+2
Let € be a positive constant which is to be specified later. Then, by the argument
preceding (3.8), there exists a positive § such that (4.4) implies

] +1/2 Aq+1rrj +1/2 ag+1, 5 Ag+1 5
llw? Il < et2*Y/2k2)133H U7 || < et/ (k2187 | + k2167 7}

g
<etf*/? {kqméz*‘ufm +CY_ |||3tef-‘|||} for j > g.
=0

Thus
n n n
B Y NWlIiP < okert 7 7107 P + Ce®k Y- 1+ 10 .
J=q+2 J=q+2 j=2
Using the fact that 5;’“ annihilates polynomials of degree up to g, Taylor’s formula
gives
2

_ 112 _ t
t?‘”l ”ag-HuJ” SCt?Q+1 (ag+1/

tj—q-1

(t — 8)7DI* 1 uy(s) ds)

t=t;
o 1 2
<Ck / 04| D3 y(s) || ds.
ti—q-1
Hence, using (4.10),
n ~ 12
e 3 grtfarte] <o,
J=q+2

A similar argument, using one less term in the Taylor series gives

n
2
2¢+1 || 5¢+1, 5 2
o 3 el <owr
J=q+2
Thus, by interpolation,
n
2¢+1 ) 539+1, 5 2
kYo g0 I < Ol
J=q+2

Consequently,

n n
(4.14) kY lle?llI? < CK¥ lofj* + Ce2k Y _ 591 )18,e 1.
J=q+2 J=2
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To estimate the last term of (4.14), we apply Lemma 2 to {e™} and derive

k2t2“+‘|||a e < Ckz & M2+ M2 112 —2q-1)
Jj=q Jj=q

+Ck Z llw’ll* +C Z(llleJ 12, —2q + &>l 1%),

J=q+2

(4.15)

where we used (4.6) to estimate the terms involving (I;f . Applying (4.11) gives

n n
2 ] 2q+1 |52 2
kYo 87PN <k Yo G T < okl
J=q+1 J=q+1
As in (4.12),

tq
ktaH 79|12 < CkPer ( /0 llue (y)1I1Z dy + kIIIut(tq)HIf)

tq
< Ck™ ( [ I g+ uut(tq)uil) < kA ol

Clearly, by (4.8),

n n
Y N2 —aqms <K NIPI 5,y < CRP o]

Jj=q Jj=q

Combining the above estimates with (4.3) gives

kZﬂq“nw efm?<k2t2"“u|atef|||2+0k" loll* + Ck Z e 17
=2 j= Jj=q+2

< Ck* ||v||* + Ck E llw? I
J=q+2

Together with (4.14) this shows

n n
kY WlP < Ok oll* + Ce*k Y Il I,

J=q+2 J=q+2

and hence, if ¢ is chosen small enough,

n
kS e IP < ok ol
j=q+2
Hence, (4.13) yields
24 le”|2 < Ck¥ |lo)?,

which completes the proof of the theorem.

Remark 4.1. The arguments up to (4.13) provide a proof of (4.1) in the case in
which (3.1) is solved exactly, i.e., w’ = 0.

We shall briefly indicate by an example how initial data can be constructed to
satisfy (4.3). Take a rational function () satisfying

(4.16) r(A)=e*+0\) asA—0
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and
(4.17) [r(A)] <1 for A >0, r(o0) =0.
Set _ ‘
U’ =r(k ) v, j=0,...,q-1.
Then, by spectral representation we have
|07 = || _,, = 19 7 (r(k )’ — exp(—5ks/))v]|

< k?sup [ATI(r(A)’ — 77| |loll < Ok o]
A>0

._2q

U7 = |l = (I + kst )3 (r(kt )7 ~ exp(—jkt )|
< sup |(1+2)2(r(V)? = e |Jo]l < C ol
A>0

from which (4.3) follows.

Note that the above choice of U!,... ,U97! corresponds to applying the single
step operator corresponding to r(k%) for the first g—1 steps. The order of accuracy
defined by (4.16) is only ¢ — 1, which suffices since it is only used a fixed number
of times (independent of k). For instance, if ¢ = 2, then U' may be computed by
the first-order backward Euler method (r(A) = 1/(1 + A)). More generally, we can
choose 7()) to be the subdiagonal Padé approximation of the appropriate order to
e .

We end this section by applying our above nonsmooth data error estimate to the
solution of a parabolic equation which has already been discretized with respect to
the space variables (defined by (2.13)). If v, = Phv, then the solution of (2.13)
satisfies (cf. [11])

(4.18) lun(t) — u(®)l| < ChTE™"/2|jo||  for t > 0.
We can now give the theorem for the fully discrete time stepping scheme.

THEOREM 4.2. Let q < 6. Consider the incomplete iteration scheme described
in Section 3 applied to (2.13) with f = 0 and initial data v only in L?(1)). Let up
solve (2.13) with vy, = Prv and assume that the starting procedure is such that

(4.19) 07 — un(GR)[|_g, o +KOIIT? —un(GE)I < CR o]l Jor =0, .q~1.

Let U9 = U9 and Ut! = U9, There exists a positive constant 6 such that, if
M(n) 1s chosen satisfying

—2q,h

IQM(n) < 6t$1+1/2,
then
U™ = u(t,)]| < C(hTt;™2 + k%9 |l forn>q andt, <T.

Proof. Using the triangle inequality this follows at once by Theorem 4.1 applied
to the equation (2.13), together with the estimate (4.18).
Initial values satisfying (4.19) may now be chosen in the form

(4.20) U’ =r(kAp)Ppov  forj=0,...,q-1,

with r()) satisfying (4.16) and (4.17). Clearly, the argument following (4.17) implies
(4.19).
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In order to compute the values of U7,5 = 0,...,q+ 2, one must solve algebraic
systems of the form
(4.21) (y+ BAR)U? = data

with appropriate data. Clearly, these equations may be solved iteratively. More-
over, the cost of iteratively solving a fixed number of problems of the form (4.21) is
small compared to the computational effort required for the remainder of the time
stepping scheme.

5. Proofs of Lemmas 1 and 2. This section gives the proofs of Lemmas
1 and 2. By eigenfunction expansions of U™ and f", we find that it suffices to
show that the lemmas hold in the case where H is the set of real numbers. Then
the operator & corresponds to multiplication by a scalar A and the solution U™
satisfies the recurence

(5.1) (ao+k:\)U"+a1U"_l+~-+aqU"’q=f" for n > q,
where f* = kf™. The solution of (5.1) can be written

g—1

q
(52) U™ =(ao+kM)"~ Zﬂf"’ oA Y. Bacsjoi U],

8=0 \ j=¢q-s
where 3; =0 for j <0, fp =1 and §; = ﬂj(k:\) for 7 > 0 is defined recursively by
(5.3) (00 + kA)B; + 0uBi—1 + -+ agBi_q = 0.

The following estimates for 3; will be useful in the proof of the Lemmas 1
and 2.

LEMMA 5.1. Let ¢ < 6. There are positive constants ¢, C and Ao such that
Ce=%*  for0 < XA < Ao,
BN o
Ce™c  for A > Ag.

Lemma 5.1 was proved in [14], [21]. We include a proof for completeness and
since similar arguments will be used later in this section.
Proof. Consider the polynomial

(5.4) P(r,A) =774 (o17g—1+ ... + ag) /(a0 + A).

The solution of (5.3) can be written

1 rita-1

(5.5) B5(A) = 5}—1 (T, /\)dr,

where I' is a closed path in the complex plane which winds once around each
root of P(-,A). Indeed, the sequence 3;()) given by (5.5) clearly satisfies (5.3) for
7 > 0. Moreover, a straightforward application of Rouché’s Theorem implies that
the above expression exhibits the correct initial values.

Let 7;(A) denote the ¢th root of P(r,A) = 0. It is known that P(r) = P(r,0)
has a simple zero at 7 = 1 and that the remaining zeros are in the interior of the
unit disk. Further, for any A > 0, all roots of P(-, ) are in the interior of the unit
disk and tend to zero as A tends to infinity. We order these roots so that 7;()) is a
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continuous function of A for each I, and set 7;(0) = 1. Elementary manipulations
give 3
n(A) =1-/P'(1) + 0(A?),

where

P(r) = aoP(7,0 Z(T_l 7979,
Clearly,
(5.6) n(A)=1-A+0(\)<1-)/2

for ) in some neighborhood of the origin. Hence, there exists a positive constant Ao
such that (5.6) holds and 7;()) is a simple root of P(r,A) =0 for 0 < A < Ag. The
remaining roots are bounded in absolute value by 1 — é for some positive constant
6 independent of A > 0, and hence we can assume that they are a bounded distance
away from 71(A) for 0 < A < Ag.

Let P(r,)A) = (r — 11(A))Q(7, A); then

[mn)pte? (N)ptat /RT 2) TJ""’ 1

(5.7) B () = Q(r1(N), /\) 27rz

where

)

Q(Tl (A)a ’\) - Q(Tv ’\)
(1 = n(N))Q(11(A),A)
In view of the above discussion, it is easily seen that the first term in (5.7) is
bounded by Ce~7* for X in (0, Ao).

For the second term of (5.7), we note that for each A, R(7, A) is a polynomial in
7 whose roots depend continuously on A. Consequently, the roots of R(-, ) can be
bounded independent of X in the interval [0, Ao}, and hence

|R(r,A\)]<C for0<A<)Xand|7| <1

R(r,)\) =

Taking I" in (5.7) to be the circle centered at the origin of radius 1 — §/2 implies
that the second term in (5.7) can be bounded by Ce=%7/2. This verifies the lemma
for 0 < A < Ao

For A > )o, we note that all roots of P(-,A) are bounded in absolute value by
1 — 6 for some positive constant § independent of A\. The lemma in this case easily
follows, taking I in (5.5) to be the circle centered at the origin of radius 1 — /2.

LEMMA 5.2. Let ¢ <6 and Bj = Bj(/\) = (ap + A)"18;()). We then have
FPIBNISCA+ATP) forj20
and

AZ:% )| < C(L+A7P).

Proof. For A < Ao,
1651 < C3|B;] < CjPe™N < OA™P

and

oo - 0o . oo
MY 5PIBI S CAY jPem N < OA / tPe”Ndt < CA™P.

0
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For A > Ao,
1B S CPIB| < Cife™ < C

and

[ o [ ]

MY PIBISCU+N)TINY P <€,

j=0 j=0

which proves the lemma.
Proof of Lemma 1. We are to show that {U™} given by (5.2) satisfies

n n
U™ +k Y EAU?)? < CkY_(PA71 + A7) (f7)?
Jj=q j=q
q—1

+CY (AP +kP)(U7)2
7=0

(5.8)

Putting A = kA, (5.8) becomes

nP(U™)2+ XY P(U7)2 < C Y (PA1 + AP1)(f7)?
j=q Jj=q
qg—1
+C) 1+ 2P)(U)%
=0

(5.9)

We shall prove the lemma by considering two cases. The first case is when
U%=...=U%! =0, and the second is when f7 =0 for j = q, ¢+1,.... Clearly,
the proof of the lemma will be complete when we show that (5.9) holds in each of
these cases.

For the first case, we have

n—gq
U" = Zﬁjf"_j for n > q.
=0
Using the Schwarz inequality and Lemma 5.2 with p = 0, we obtain
n-q _ n-g _ A n-g
@™ <A 2281 | | 2o 1B )P | <OATY YD IB ()%
j=0 =0 =0
Now
(5.10) n? < C@P + (n - J)P),

and hence

(1) nP(UM)? <ON S PIBIG) + 1Bl — 5P,

7=0
Applying Lemma 5.2 gives
n—gq 4
nP(U™)? < CAT Y (AP + (= )P) (/")
7=0

which is the desired estimate for the first term in (5.9) in this case.
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We now turn to the second term of (5.9). By summation of (5.11), we obtain

N N n—gq
AN UM< C DS {GPIBIT) + 185 (n - )P (YY)

n=q n=q j=0

N N- N-—
Z Z P Zlﬂ,

n=q =

Applying Lemma 5.2 gives
N N
AY nP(UME<CATEY (AP +nP)(fM)?
n= n=q

which verifies (5.9) for the first case.
We now consider the second case. In addition, assume that U! = -.- = U971 = 0.
Then
"= _5n—qaqon
and hence by (5.10) and Lemma 5.2,

nP(U™)? < CnPR2_,(U°)? < C(1 + (n — q))|Baql(U°)?
<

(5.12) (11 A-?) (0O,

C
Cc(1
By summation of (5.12) we obtain

N N
A mP(UTP <O Zl+n 9)?)|Bn—q(U°)?

< C(1+A PY(U0)2.

This proves (5.9) when U! = .- = U9~! = 0. The arguments verifying (5.9) when
Ut #0,7=1,...,q— 1, are similar and will not be given. This completes the
proof of Lemma 1.

The remainder of this section is devoted to the proof of Lemma 2. We note that
Eq. (2.2) may be written

q—1
Z'yjc'_)tU"_j +LZU" = f* forn>q.
7=0
Clearly,
qg—1
aoP(z,0) = (z—1) nyj:c"‘j'l = (z - 1)Q(x).
§=0

Hence, the roots of Q(z) are in the interior of the unit disk. For the proof of
Lemma 2, we shall use the following lemma which gives estimates for solutions to
the difference equation with characteristic polynomial Q.

LEMMA 3. Let ¢ <6, p >0, and {v;} be as above. Let {W"} be the solution
of the difference equation

q—1

Z'ij"_j =F" forn>q.
=0
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Then
n g—1
Y PPWESCY PF Y (W)?
Ji=q J=q Jj=1

Proof. As in (5.2),

n—q
W =gt (Z pi Fm=7 — Z( Z Y s..]'y]) s) for n > q.
j=q—s

7=0 s=1
Here the u; =0 for 7 < 0, po = 1 and

YoMs +Miky-1+ + Yg-1hi—q41 =0 forj > 1.

Clearly, |u;| < Ce™° (see the proof of Lemma 5.1), from which it obviously follows
that jP|u;| < C and

[e o]
Z]'phtjl <C.
Jj=0

The lemma now follows from the arguments given in the proof of Lemma 1.
Proof of Lemma 2. We are to show

(1+k,\)th" 8:U7)? < Ch(1+kX) ™D (87 + A7P)(f7)?
Jj=q Jj=q
q—1 . . .
+C Y (L4 EN)TIATPH 4 kP11 4+ kX)) (U7)?,
7=0
which can be rewritten (A = kX)
Y WU <01+ 2)” Z] +A7P)(f7)?

(5.13) 7=a

+ 02(1 (1+2) 72~ PHy(U9)2,

Again, the proof of this lemma is reduced to verifying (5.13) for the two cases in
the proof of Lemma 1.

We consider the first case, i.e., U® = --- = U9~! = (. From the definition of Q,
we have
! A , q-1 ' '
1+ X0)) U7 U = AU+ Y (U U
(5.14) 7=0 =

q
2D AU
7=0

By Lemma 3,

if”(Uj —UTTH2 < o1+ A)7? En_‘,j”(f"')2 +CON(1+ )72 Xn:f”(U’)2~
Jj=q Jj=q

Jj=q
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By (5.9), we have

n n
AN PP <CY (P + AT
Jj=q Jj=q
Combining the above two inequalities verifies (5.13) for the first case.
For the second case, once again applying Lemma 3 to (5.14) gives

U -0 < o427 [ 0 + 3 7 0)?

n

Jj=q j=1
q—1 A
+CY (U —UT)?
1=1
SON(1+X0)72) U7 +C ) (U7)2
Jj=q 7=0
By (5.9),
n q—1
A2Y TP S OAY (1+ AP (U7)2
J1=q =0

Combining the above two inequalities implies (5.13) for the second case. This
completes the proof of Lemma 2.

6. Preconditioning and Numerical Experiments. In this section, we shall
describe the results of computational experiments illustrating the theory presented
earlier. To more fully describe the algorithms employed, we first discuss the pre-
conditioning techniques used to define the iterative process (3.1). We shall also
demonstrate how these techniques can be used in the computation of the starting
values defined by (4.20). We then give numerical results for the algorithms applied
to the smooth as well as nonsmooth initial value problems.

The iterative approximation U™™ for the solution U™ of (3.1) will be defined
by preconditioned conjugate gradients [13]. The preconditioner By, is a symmet-
ric positive definite linear operator defined on S, which, to be computationally
effective, should satisfy

(1) The action of Bk on arbitrary functions in Sj should be computationally
less expensive than that of (ag + kAp)~!.

(2) The operator Bip, should approximately invert (ap+kAp) in the sense that
there are positive constants kg, k; satisfying

6.1 ko(Blv,v) < ((ag + kAp)v,v) < k1 (Bglv,v) forallve Sy
kh kh

with «;/kq close to one.

In our computational examples, we shall use preconditioners which are based on
multigrid iteration [4] and lead to constants ko and «; satisfying (6.1) with k1 /kg <
C. For additional techniques for the construction of preconditioners see [3]-[9], [13],
[17], [25]. Note that we require a family of preconditioners since the operators { B }
are indexed by k and h.
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Remark 6.1. We note that the inequalities (6.1) are equivalent to the inequalities
ko((ao + kAp) " v,v) < (Bkav,v) < k1((ao + kAp) " v,v) for all v € S,

It is well known (cf. [23]) that the sequence of iterates {U™™} defined by
the preconditioned conjugate gradient method with preconditioner By, as above

satisfies (3.3) with
o= VEi/Ko—1
vV KZI/ICO +1
and Co = 2.

We next consider the problem of computing the starting values U’ given by
(4.20). In the case of ¢ = 2, the starting value U? is determined by the backward
Euler (¢ = 1) method. We can obviously use the preconditioner Bg and solve for
U! to computer round off. This only involves a number of iterations proportional
to the number of significant digits on the given machine. Similar techniques are
used to compute U? and U?+! (for general q) when they are defined to be the exact
solutions of (3.1).

We now describe the computation of the starting values for ¢ = 3 and ¢ = 4.
The starting values for higher ¢ can be developed in a similar manner. As discussed
earlier, it suffices to use the subdiagonal Padé approximation of order three, i.e.,

r(r) = 1ot .
1+2r/34+712/6

As observed in [1], 7 can be written

_1_ T
r(r)=1 Re(l+ﬂr>’

where 3 = (1+4v/2/2)/3 and v = 1 —11/2/2. Consequently, U’ = r(kA,)U?~! can
be written U7 = U7~! — Re(W), where W is the solution to

(6.2) (W, x) + kBAW, x) = kvyA(U?~1,x) for all x € Sp.

We next show how the preconditioner B can be used to efficiently solve (6.2).
We first set up a simple iteration for the solution of (6.2) which involves the inversion
of the operator A3 = I + k6A), and subsequently show that A{ can be replaced by
a preconditioner without significant loss of efficiency. Here, 6 is a positive number
which we are to provide. Starting from an initial guess W0 (e.g., W0 = 0) for the
solution W, we define a sequence of iterates {W'} for I > 0 by

(6.3) Wh=w!"t 4 (4) 'R,
where R'~! is the residual defined by
Rl—l - kAh("YU]—l _ﬂwl—l) _ Wl-l.

The iterative scheme (6.3) can be analyzed by estimating the components of the
error in terms of the eigenvectors and eigenvalues of Aj. In fact,

(6.4) ||(A2)1/2(1 — (AT + kﬂAh))V||2 < Cs “(Ai)l/?vH2 for all V € Sy
holds for

1+ kBA|?

1+ kéA

Cs = sup
A>0
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Inequality (6.4) implies that iteration (6.3) converges in the norm (A$-,-)1/2 at a
rate bounded by C;/Q. Clearly, Cs < |1 — ﬂ/i$|2 so, for example, Cy /5 < 1/3.

We now describe a similar iteration replacing Aﬁ by a preconditioner Bgp. We
assume that (6.1) holds with A replacing (ap + kA) and that & is chosen so that
Cs < 1. We replace (6.3) with
(6.5) W' =W+ uBen R,
where u is a positive iteration parameter. Let E' = W — W' then

(Ben E',E') = (B B!~ E'™") — 2uRe((I + kBAR)E'} ETY)
+ 12 (Bin(I + kBAR)E'™, (I + kBAR)E'™Y).
By (6.4),
(ARE'™1 BN + (AD) 71U + kBAR)E' ™, (I + kBAR)E! ™)
< CRe((I + kBAR)E'"1, EI-1)
holds for C = 2/(1 — Cs). Hence (6.1) implies
(Ben E',E') < (B E' 1 E'™1) — 2uRe((I + kBAR)E'™1, E'71)
+ Cp?((AL)~Y(I + kBAR)E'"Y, (I + kBAR)E'Y)
< (Bew B E'TY) = 2u(1 - Cu)Re((I + kBAR)E'Y EF)
<[1—cu(l - Cu)(Bg E7YLEFY).
By choosing g small enough (independently of k¥ and h), we can make (1 —
cu(1 — Cp)) less than one. Hence, each iteration of (6.3) will reduce the error
by a fixed factor independent of k and h. Thus, the computation of W only re-
quires a number of iterations proportional to the number of significant digits on
the given computer.

Ezample 1. The first example which we shall consider is the one-dimensional
problem
up —ugy = f  for (z,t) € (0,1) x (0,1],
(6.6) u(0,t) = u(1,t) =0 fort € (0,1],
u(z,0) =0 for z €(0,1).
The function f is defined so that (6.6) has the solution
u(z,t) = sin(40t)e'1/’2_l/(1_l)2.
Accordingly, the smooth data results of this paper apply.

Ior this example, we define Sy, to be the set of continuous piecewise linear func-
tions on a uniform mesh of size h (which vanish at £ = 0 and z = 1). For these
subspaces, (3.1) can be solved trivially, and hence the results presented for this ex-
ample will only illustrate the theory of Section 2. Results for incomplete iteration
will be given in later examples. Starting values U*, ¢ = 1,...,q— 1, were generated
by either the backward Euler method or the (2,1) Padé approximation discussed
earlier, with appropriate modification to take into account the forcing function f.

Table 6.1 gives the normalized discrete L? error E(q, k) as a function of the order
of time step approximation ¢ and the time step size k. This error is defined by

I () ) 1/2
(67) E(q,k) — <Z,(U (IE,) u(z,, 1))‘2) ‘

Zi u(.’l?,', 1)2
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The sums in (6.7) are over the nodes z; of the subspace, and the time level j
corresponds to t; = 1. For the results reported in Table 6.1, the mesh parameter h
was chosen sufficiently small so that the time step error dominated the computation.
The results illustrate the higher-order convergence suggested by Theorem 2.2. Note
that for higher-accuracy approximation, the higher-order schemes are always more
efficient.

TABLE 6.1
Discrete L? error for Example 1.

k q=2 q=3 qg=4
1/10 1.5 14 1.5
1/20 59 48 41
1/40 21 068 12
1/80 .055 .013 .011
1/160 .013 .0025 .0006

Ezample 2. For our second example, we consider approximating the solution of
the problem

ug—Au=f inQx(0,1],
(6.8) u(z,t) =0 on 90 x (0,1],
u(z,0)=0 forzeQ,

where (2 is the unit square in R?. The function f is defined so that (6.8) has the
solution

u(z,y,t) = sin(40t)e_1/’2_1/(’_I)Z_I/yz_l/(y'1)2.

Even though 9(1 is not smooth, in this case, it is possible to prove results similar
to those given earlier.

To define the approximation subspaces, we first break () into n X n square sub-
regions and partion each subregion into two triangles by the diagonal connecting
the bottom left corner with the top right. We define S to be the set of continuous
piecewise linear functions (which vanish on 9Q) on this mesh and set h = 1/n. We
shall report results for this scheme which use incomplete iteration approximating
the solution of (3.1) at each time step. Even though there are ‘fast’ direct methods
for the solution of the corresponding system (3.1), we feel that the incomplete iter-
ation results presented in this example are important since they are representative
of the type of results expected in more general applications. As in the previous
example, starting values U%,7 = 1,... ,q — 1, were generated by the backward Eu-
ler method or the (2,1) Padé approximation discussed earlier, with appropriate
modification to take into account the forcing function f.

We use preconditioned conjugate gradient to define the iterative approximation
U™™ for the solution of (3.1). The preconditioner By is defined in terms of a
multigrid iteration which we will not describe here (see for example, [4]). Note,
however, that Table 6.2 gives the condition number K for the preconditioned sys-
tem (defined to be the smallest ratio K = k;/kg satisfying (6.1)). The reported
condition numbers were for the case ¢ = 2; the condition numbers for ¢ = 3 and
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TABLE 6.2
Discrete L? error for Ezample 2.
M(n)=3
k h q=2 g=3 qg=4 K
1/10 1/16 .89 .93 .99 2.2
1/20 1/32 .38 .30 .25 2.3
1/40 1/64 12 .046 A1 2.4

1/80 | 1/64 | .028 | .033 | 032 | 24
1/160 | 1/64 | .024 | 033 | 032 | =

M(n) =
k h qg=2 qg=3 =4 K

1/40 | 1/64 | 122 | 048 | 097 | 24
1/80 | 1/64 | 029 | 015 | .0086 | 2.4
1/160 | 1/64 | .0073 | .0053 | .0042 | 2.4

M@n)=1
k h qg=2 qg=3 g=4 K
1/40 1/64 a7 .22 .30 2.4
1/80 1/64 .28 .34 .38 2.4
1/160 1/64 .99 1.2 1.3 2.4

g = 4 were almost identical. We also give results as a function of M(n) , the num-
ber of preconditioned conjugate gradient steps in the incomplete iteration for the
solution of (3.1). For n < g + 1, sufficiently many steps were taken to essentially
solve the problem.

Good convergence results were obtained for M(n) = 3 and M(n) = 5. However,
the results obtained for M(n) = 1 seem to suggest instability. This is in agreement
with the theory, which requires enough iterations to at least beat a threshold error.
Three iterations were sufficient in this example.

Ezample 3. Our last example will illustrate model computations on a problem
with nonsmooth initial data. We consider the problem

ut—lizAuzo in Q x (0,1],
(6.9) u(z,y,t) =0 on 90 x (0, 1],
u(z,y,0) = v(z,y) forz €,
where (1 is the unit square in R? and
1 ifl1/4<z, y<3/4,
v(z,y) = .
0 otherwise.
The solution of (6.9) is given by

8 — : . : ,
u(z,y,t) = = Z cicj sin(mz(27 + 1)) sin(my(25 + 1))
i,j=0

(20+1)2+ (25 + 1)2>
12 ’

X exp <—7r2t
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where .
(=)@ (2 + 1)~ if ¢ is even,
“ { (=1)(+1/2(2{ + 1)~ otherwise.
It is easy to see that v € H® only for a < 1/2.

For this example, we use the same approximation subspaces as those used in
Example 2 and again, we use a multigrid preconditioner. For the computations
given in Table 6.3, we use M(n) = 3 for n > ¢ + 1 and sufficiently many iterations
to guarantee convergence for lower values of n. The method worked reasonably
well for large k and h but failed to show improvement for smaller values. This is
probably because (4.4) was not enforced.

Table 6.3 gives the discrete L? error as a function of the time step size k, the
spatial mesh size h, and the order q. We also include the condition number K =
k1 /Ko of the preconditioned system.

TABLE 6.3
Discrete L? error for Ezample 3 with M(n) =3 .
k h q=2 q=3 qg=4 K
1/10 1/16 .0036 .0079 .010 2.2

1/20 | 1/32 | 0011 | .0024 | .0025 | 2.3
1/40 | 1/64 | 0010 | .0011 | .0011 | 2.4
1/80 | 1/64 | .00094 | .00092 | .00090 | 2.4

The final table gives convergence results when the number of iterations for the
solution of (3.1) was given by

(6.10) M(n) =3+ 10logy(t;!) forn>q+1.

This choice of M(n) satisfies (4.4) for some §. Note that we get improved con-
vergence results as long as we decrease h. Moreover, for this example, we see no
improvement with larger ¢ or smaller £ with h fixed. This seems to suggest that
for these runs, the error due to spatial discretization is the dominant term.

TABLE 6.4

Discrete L? error for Ezample 3 with
M(n) given by (6.10).

k h g=2 qg=3 g=4 K
1/10 1/16 .0039 .0080 .010 2.2
1/20 1/32 .0010 .0021 .0024 2.3

1/40 1/64 .00034 .00054 .00056 24
1/80 1/64 .00048 .00053 .00054 24
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