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Abstract Despite the omnipresent reach of the Internet,
ev idence exis t s tha t geography mat te rs in
crowdfunding. This paper shows that some salient char-
acteristics of the geographical area in which entrepre-
neurs reside affect the success of the crowdfunding
projects they propose. Specifically, we theoretically dis-
cuss and empirically document that the altruism of
people residing in the area (i.e., local altruism) increases
the likelihood of success. Moreover, the strength of this
effect depends on the level of social capital in the area
(i.e., localized social capital). Building on the extant
literature, we claim that localized social capital has two
main dimensions: the social relations among residents
and their compliance with social norms. Using a dataset
of 618 proponents that launched 457 crowdfunding
projects on 13 Italian reward-based platforms, we find
that social relations magnify the effect of local altruism.
Conversely, compliance with social norms does not
have any moderating effect.
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1 Introduction

In reward-based crowdfunding, backers receive non-
monetary benefits in return for the money they pledge
to projects, for instance, public acknowledgment, credit
for an album or a video game, or the possibility of pre-
ordering products or services (Belleflamme et al. 2013,
p. 317). Many people (hereafter, proponents) post their
entrepreneurial projects on reward-based crowdfunding
platforms (hereafter, RB entrepreneurial projects),
sometimes raising sizable amounts of money. The Peb-
ble Watch Project, whose proponent raised $10,266,845
from 68,929 backers on the reward-based platform,
Kickstarter1, is a case in point (see, e.g., Younkin and
Kashkooli 2016 for a recent discussion).

To date, our knowledge of what drives the success of
RB entrepreneurial projects remains limited because the
extant studies on the topic have not explicitly focused on
this kind of projects. Current research thus runs the risk
of attributing to a smaller and peculiar class of projects
the findings of contributions examining a larger and
heterogeneous population. The present paper helps fill
this gap by answering this overarching research ques-
tion: Do the characteristics of the geographical area
where a proponent resides affect the success of the RB
entrepreneurial project(s) that s/he proposes? In our
view, this research question is highly relevant to the
current debate on crowdfunding. Evidence exists that
local characteristics affect entrepreneurs’ ability to at-
tract external financing (Guiso et al. 2004a, 2004b).

1 https://www.kickstarter.com/.
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However, the crowdfunding literature is silent in this
regard, despite the fact that it has shown that geography
affects this Internet-based financing channel. Specifical-
ly, prior works have found that geographical proximity
between proponents and backers helps attract contribu-
tions (Agrawal et al. 2011; Ordanini et al. 2011; Hornuf
and Schimtt 2016; Mendes-Da-Silva et al. 2016), as it
reduces information asymmetries between the two
parties. Exploring how the characteristics of the area
where proponents reside affect the success of RB entre-
preneurial projects is an interesting addition to this
literature. Those living near proponents form a pool of
potential backers who have lower information
asymmetries and thus are potentially likely keen to
contribute. However, people residing in diverse geo-
graphical areas are heterogeneous along many dimen-
sions that may influence their propensity to contribute,
ultimately affecting the success of local proponents in
crowdfunding their RB entrepreneurial projects. In par-
ticular, scholars have found that backers’ contributions
(even to for-profit projects, Gerber and Hui 2013)2

depend not only on financial motives but also on altru-
ism (Allison et al. 2015; Gleasure and Feller 2016;), i.e.,
on individual tendency to perform costly actions that
confer economic benefits to other people with the aim of
helping them (Fehr and Fischbacher 2003). Along this
line of reasoning, we argue that the altruism of people
residing in a geographical area, i.e., local altruism,
positively influences the propensity of the local pool
of potential backers to contribute to RB entrepreneurial
projects posted by local proponents. As we explain in
the following section, our insight is that despite the for-
profit orientation of RB entrepreneurial projects, in
reward-based crowdfunding there is no direct monetary
return, and thus, people (also) contribute due to the
altruistic desire to help others. Furthermore, we draw
on studies of the importance of social capital in
crowdfunding (Mollick 2014; Colombo et al. 2015a;
Vismara 2016a; Vismara 2016b) to argue that the struc-
ture and nature of social relations in an area, i.e., local-
ized social capital (Laursen et al. 2012a), moderate the
allegedly positive effect of local altruism. Indeed, both
the web of relations linking people in the area and their
compliance with social norms, which are the two pillars
of localized social capital (Putnam 1995), help mobilize

the local pool of altruistic residents to contribute to their
neighbors’ RB entrepreneurial projects.

We test our conjectures using a hand-collected
dataset of 618 proponents (including individuals, teams
of individuals, and organizations) who reside in 88
Italian provinces (NUTS3 level) and launched 457 RB
entrepreneurial projects on 13 Italian reward-based
crowdfunding platforms from October 16, 2012 to Ju-
ly 1, 2014.We think that the Italian context is well suited
to our study, as Italian provinces differ in many charac-
teristics and are highly heterogeneous in terms of local-
ized social capital (Putnam et al. 1993). The results
confirm that local altruism positively affects local pro-
ponents’ success in RB entrepreneurial projects; local
social relations magnify this effect, while local compli-
ance with social norms has no effect.

The paper proceeds as follows. In BTheoretical
framework^ section, we present our research hypothe-
ses. BData and methodology^ section describes the
dataset and the methodology used in the empirical anal-
ysis. BResults^ section reports the results of the econo-
metric estimations. BRobustness checks^ section pre-
sents a range of robustness checks. Finally,
BConclusions^ section concludes the paper by summa-
rizing its main findings, acknowledging its limitations,
illustrating its academic and practical relevance, and
proposing directions for further research.

2 Theoretical framework

2.1 Geographical proximity and crowdfunding

Despite the omnipresent reach of the Internet, space
bounds many Internet-based activities (Wang et al.
2003; Forman et al. 2005), including online transac-
tions, which are more likely to occur between
buyers and sellers in the same geographical area
(Hortaçsu et al. 2009). Crowdfunding is no excep-
tion. Based on in-depth case studies of three
crowdfunding initiatives, Ordanini et al. (2011) have
shown that family and friends who live near propo-
nents are usually the first backers of their projects.
Taking advantage of a large dataset of funding rela-
tions between backers and proponents on Sellaband.
com, an online crowdfunding site for music bands,
Agrawal et al. (2011) found quantitative support for
this qualitative evidence. The authors have docu-
mented that backers tend to invest in local bands

2 Other studies on crowdfunding use the terms philanthropic (Gerber
and Hui 2013) or pro-social behavior (Villarroel and Pinto 2014).

http://sellaband.com
http://sellaband.com


and have attributed this proximity effect to musi-
cians’ family and friends. A more recent study
(Agrawal et al. 2015) has found that backers located
near a proponent are less responsive to information
about capital raised, which is an important signal of
project quality (Colombo et al. 2015a). In a similar
vein, Lin and Viswanathan (2016) have documented
the existence of a home bias in lending-based
crowdfunding, attributing its existence to both eco-
nomic and behavioral motives.

The overarching idea of this research stream is
that geographical proximity reduces information
asymmetries that are particularly severe in
crowdfunding. First, proximity favors face-to-face
interactions (Morgan 2004) through which a pro-
ject’s proponent and backers can easily share rele-
vant information about the project’s quality and the
proponent’s reliability. The widespread diffusion of
social networks and Internet-based communications
also allows proponents and backers to interact at
long distance. However, the literature has document-
ed that information transferred through face-to-face
interaction is richer than information transmitted
through the Internet, as it encompasses tacit compo-
nents that are difficult to transfer without direct
interactions (Boschma 2005). Second, as noted in
the venture capital literature (e.g., Lerner 1995),
geographical proximity favors investor monitoring
of the investee. In the case of reward-based
crowdfunding, monitoring primarily addresses
backers’ concerns regarding opportunistic behaviors
by proponents, who may solicit and accept funds by
intentionally misrepresenting the nature and/or out-
come of the project. Finally, the sociological litera-
ture on homophily (McPherson et al. 2001) suggests
that geographical proximity breeds trust and over-
optimism about transaction partners or opportunities
in local areas (see e.g., Strong and Xu 2003). Sim-
ilarly, Burtch et al. (2013) have found that lenders in
lending-based crowdfunding prefer culturally similar
and geographically proximate borrowers.

Based on the above discussion, we conclude that
residents of the same geographical area as the pro-
ponent form a promising pool of potential backers
who suffer from limited information asymmetries
and thus are, in principle, keen to support their
neighbors’ crowdfunding projects. Mobilizing this
local pool is thus fundamental for proponents to
achieve crowdfunding success.

2.2 Research hypotheses

We argue that mobilizing local backers is easier in areas
where residents have altruistic tendencies, namely, in-
clinations to undertake costly actions that confer eco-
nomic benefits on other individuals to help them (Fehr
and Fischbacher 2003). We call this tendency of local
residents local altruism. The role of altruism in mobi-
lizing individuals to achieve a common (economic or
non-economic) goal is central to the literature on collec-
tive action (Hardin 1982). Moreover, altruism has prov-
en to positively affect participation in important crowd-
based phenomena enabled by the Internet, such as Open
Source software (von Krogh et al. 2012) or crowd
science (Franzoni and Sauermann 2014). In reward-
based crowdfunding, interviews (Zhang 2012) and sur-
veys (Jian and Shin 2015) have shown that backers have
both consumption and altruistic motives (Gerber and
Hui 2013; Qiu 2013). More generally, scholars have
noted that crowdfunding facilitates investment based
on non-financial motives, including helping proponents
and promoting their wellbeing (Lehner 2013; Ryu and
Kim 2016). These motives appear to be as important as
strictly financial returns (Frydrych et al. 2014). In the
case of RB entrepreneurial projects, this is not surprising
because backers pledge money without any (direct)
monetary return based on the proponent’s promise to
provide a (small) reward. Expanding on these insights,
we formulate the first hypothesis.

H1 Local altruism has a positive effect on the attraction
of contributions by proponents who reside in a geo-
graphical area.

We maintain that the social capital of the area where
proponents reside, i.e., localized social capital (Laursen
et al. 2012a, 2012b), may magnify the alleged positive
effect of local altruism. Social capital is Bthe sum of the
actual and potential resources embedded within, avail-
able through and derived from the network of relation-
ships possessed by an individual or an organization^
(Nahapiet and Ghoshal 1998, p. 243). A stream within
the broader social capital literature (Payne et al. 2011)
has noted that social capital exists not only at the level of
individuals or organizations but also at the level of
geographical areas (localized social capital, Laursen
et al. 2012a), where it exerts significant effects. Scholars
have indeed found that local social capital favors prod-
uct innovation (Hauser et al. 2007; Laursen et al. 2012a)



and expansion into international markets (Laursen et al.
2012b) by local firms. More generally, it positively
relates to local economic (Putnam et al. 1993;
Beugelsdijk and Van Schaik 2005) and financial devel-
opment (Guiso et al. 2004a).

In the case of RB entrepreneurial projects, we expect
that localized social capital strengthens the allegedly
positive effect of local altruism on the attraction of
contributions by proponents who reside in an area.
Specifically, following the literature, we distinguish be-
tween localized relational capital—which concerns the
number and intensity of social relations among people
residing in an area—and localized compliance with
norms—which refers to how much local residents ad-
here to social norms of good citizenship (Laursen et al.
2012a; see also, Putnam 1995, p. 67). In areas with high
levels of localized relational capital, residents have nu-
merous, frequent, and high-quality social relations
(Laursen et al. 2012a, 2012b). Thus, proponents of RB
entrepreneurial projects and their backers can count on
these relations to advocate for their reliability and for
project quality among altruistic residents, thus enhanc-
ing their willingness to contribute. In turn, the fact that
altruistic individuals are prone to advocacy and sensitive
to social pressures (Piliavin and Charng 1990) likely
magnifies the effects of well-developed social networks
in an area. Moreover, evidence exists that that social
relations help entrepreneurs collect resources for devel-
oping and growing their ideas (see, e.g., Shane and
Cable 2002). Therefore, altruistic individuals who reside
in areas with high localized relational capital may envi-
sion that their contributions to RB entrepreneurial pro-
jects would not be wasted, as the proponents of these
projects can attract the resources they need. This likely
arouses a sense of self-efficacy in altruistic individuals,
which boosts their willingness to contribute
(Kuppuswamy and Bayus 2014)3. Based on the above
discussion, we formulate the following hypothesis.

H2 Localized relational capital enhances the positive
effect of local altruism on the attraction of contributions
by proponents who reside in a geographical area.

Finally, we envision a positive moderating effect of
localized compliance with social norms. Indeed, a high
level of compliance with social norms in an area breeds

trust among residents and reduces the risk that they will
engage in opportunistic behavior. These effects, in turn,
further stimulate altruistic residents to respond to the call
for funding by local proponents, as they lessen their fear
of being cheated. People acting out of altruistic motives
are more prone to risk-taking (Farnill and Ball 1982;
Berkowitz 1987), and they tend to trust others (Piliavin
and Charng 1990; Mooradian et al. 2006; Ben-Ner and
Halldorsson 2010). However, we expect that being
cheated arouses particularly negative feelings in them
(see, e.g., Raja et al. 2011, for a similar argument).
Briefly, altruistic backers would likely feel that an op-
portunistic proponent betrayed their generosity. There-
fore, we posit that altruistic people in areas where high
levels of compliance with social norms reduce the risk
of opportunistic behavior are more likely to support
proponents of RB entrepreneurial projects. Accordingly,
we formulate the following hypothesis.

H3 Localized compliance with social norms enhances
the positive effect of local altruism on the attraction of
contributions by proponents who reside in a geograph-
ical area.

3 Data and methodology

3.1 Data sources and sample

This study uses information on RB entrepreneurial pro-
jects hosted on 13 Italian reward-based platforms4, on
their proponents, and on the geographical areas where
these proponents reside (see BDependent and indepen-
dent variables and econometric model specifications^
section for descriptions of the variables used in the
empirical analysis). The data are drawn from several
sources.

First, from October 16, 2012 to July 1, 2014, we
monitored the 13 active Italian reward-based platforms
to download information about the RB entrepreneurial

3 On the contributions of self-efficacy to crowd-based phenomena, see
Hertel et al. (2003).

4 Bookabook (http://bookabook.it), Boomstarter (http://boomstarter. 
it), Crowdfundme (http://www.crowdfundme.it), Crowdfunding-Italia 
(http://www.crowdfunding-italia.com), DeRev (https://www.derev. 
com), Eppela (http://www.eppela.com), Ginger (http://www. 
ideaginger.it),  H2RAISE  (http://www.h2raise.it), Kendoo 
(http://www.kendoo.it), MusicRaiser (http://www.musicraiser.com), 
Produzioni Dal Basso (https://www.produzionidalbasso.com), 
Starteed (http://www.starteed.com), and TakeOff Crowdfunding 
(http://www.takeoffcrowdfunding.com). For an overview of the 
Italian crowdfunding market, see Giudici et al. (2013).
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projects they hosted and their proponents. We carefully
read the descriptions on the project webpages to exclude
projects with clear non-profit orientations. From the
webpage of each RB entrepreneurial project, we
downloaded information about the target capital, the
starting and closing dates of the fundraising campaign,
the capital collected by the end of the campaign, and
whether the proponent postponed the closing date. For
each project, we identified all proponents and classified
them as individuals, groups of individuals (teams) or
organizations. For projects proposed by individuals and
teams, we also recorded the gender of each proponent.

Second, starting from the proponent biographies posted
on project websites, LinkedIn or other websites, we deter-
mined the Italian province (at the NUTS3 level in the
Eurostat classification) where each proponent resides.
When the proponent was an organization, we considered
the location of its headquarter. For these provinces, we
collected information on local altruism, localized social
capital, and other local characteristics, which we used as
control variables. As we explain in BDependent and inde-
pendent variables and econometric model specifications^
section, to build our measure of local altruism, we used
information on local taxpayers from the Italian Agency of
Tax Revenue (Agenzia delle Entrate). The data on local-
ized social capital and other characteristics of Italian prov-
inces are mainly from the Italian National Institute of
Statistics (ISTAT).5 Other sources of data for the control
variables include the Italian Association of Chambers of
Commerce (Movimprese, for local entrepreneurial activity
data) and the Bank of Italy (for local bank branch and bank
loan data).

After cleaning the data because of missing informa-
tion, the final sample consists of 618 proponents of RB
entrepreneurial projects distributed across 88 Italian
provinces. These proponents launched 457 projects that
ended by July 1, 2014 (i.e., we selected only projects
whose funding deadline had expired). The difference
between the number of proponents and the number of
projects occurs because of projects presented by more
than one proponent (73, 16.0%).6

Table 1 shows the distribution of the 618 proponents
in our sample by type (i.e., individual male, individual
female, male as part of a team, female as part of a team,
and organization) and geographic location. When ex-
amining a proponent’s type, we observe that the success
rate (i.e., the percentage of proponents whose project
was successful out of the total number of proponents in
the category) is higher for proponents that are part of a
team, particularly, if the proponent is female (56.3%).
Conversely, individual male proponents exhibit the low-
est success rate (27.3%). Furthermore, substantial het-
erogeneity exists in success rates by the proponents’
location, with those located in the southern and north-
western regions having the highest success rates (43.5%
and 40.6%, respectively).

Table 2 reports descriptive statistics on the 457 RB
entrepreneurial projects presented by the 618 propo-
nents in our sample. Approximately one-third of these
projects (i.e., 152 of 457, 33.3%) met their target. On
average, successful projects have lower target capital
than unsuccessful ones, i.e., €3492 and €18,550,

5 For additional details on the sources of information used to build our 
social capital measures, please see Table 3 in BDependent and inde-
pendent variables and econometric model specifications^ section.
6 If the same individual (or organization) presented more than 
one crowdfunding project, we consider her/him (or it) a distinct 
proponent for each project. The proponent is therefore defined as 
the individual (or organization) that presented a given crowdfunding 
project. In other words, two proponents can refer to the same 
individual presenting two different projects.

Table 1 Characteristics of proponents of RB entrepreneurial
projects

All
proponents

Proponents
whose
project was
successful

Success
ratea

N % N % %

Proponent’s type

Individual proponent
(female)

39 6.3 12 5.5 30.8

Individual proponent
(male)

187 30.3 51 23.3 27.3

Proponent as part of a
team (female)

32 5.2 18 8.2 56.3

Proponent as part of a
team (male)

184 29.8 74 33.8 40.2

Organization 176 28.4 64 29.2 36.4

Total 618 100.0 219 100.0 35.4

Proponent’s localization

Northwest 197 31.9 80 36.5 40.6

Northeast 88 14.2 28 12.8 31.8

Center 171 27.7 51 23.3 29.8

South 124 20.1 54 24.7 43.5

Islands 38 6.1 6 2.7 15.8

Total 618 100.0 219 100.0 35.4

a Success rate: ratio of the number of proponents whose project
was successful to the total number of proponents in the corre-
sponding category



respectively. This difference is statistically significant at
the 10% level. This weak statistical significance is due
to the presence of projects with ambitious capital targets,
which increased the estimated variance. Indeed, the
difference becomes significant at the 1% level when
two unsuccessful projects with capital targets greater
than €400,000 are excluded. Table 2 highlights that
50% of unsuccessful projects raised less than €50.

3.2 Dependent and independent variables
and econometric model specifications

In our econometric models, the unit of analysis is the
project proponent. The dependent variable (proponent
success) is the ratio of the amount of capital raised by a
proponent for an RB entrepreneurial project to the target
capital of this project. Clearly, this dependent variable
has the same value for proponents who presented a
project jointly.

The explanatory variables are measures of the level of
local altruism (local altruism) and of the two dimensions
of localized social capital, i.e., the network of social rela-
tions (localized relational capital) and compliance with
social norms (localized norms) in the province where the
proponent resides. Specifically, we compute local altruism
as the percentage of taxpayers residing in the focal prov-
ince who, in 2011, decided to donate 0.5% of their annual
income tax—the so-called 5 per mille—to support non-
profit entities that undertake socially relevant activities,
such as voluntarism, sports and culture, and scientific and

medical research.7 Since 2006, upon submitting a tax
declaration, each Italian taxpayer has had the option to
specify an entity to which 0.5% of her/his annual tax
income is reserved. Alternatively, s/he can refuse to donate
0.5% of her/his annual tax income, in which case it re-
mains available to the public budget. In sum, a taxpayer’s
decision to donate 0.5% is completely voluntary, and the
choice of the entity to which to designate the sum is at her/
his full discretion. We think that this variable is a suitable
measure of local altruism, which complies with the defini-
tion of altruismwe use in this paper (Fehr and Fischbacher
2003). Obviously, the 5 per mille generates an economic
benefit for the recipient, a socially responsible or human-
itarian organization that the taxpayer has consciously se-
lected to support with part of her/his taxes. This selection is
costly for the taxpayer, who has to devote time and effort to
choose the entity to support. Moreover, once the selection
is made, a share of these taxes is subtracted from other
destinations, such as investments in schools, hospitals,
infrastructure and public transport, which may indirectly
produce advantages for her/him.

As for localized social capital variables, we follow
the approach of Laursen et al. (2012a) and consider the
two principal components derived from a principal com-
ponent analysis (PCA) of the social capital measures
described in Table 3.

Specifically, we include social capital measures that we
expect capture compliance with social norms of good
citizenship in the focal province (i.e., voter turnout and
recycling). We also include two measures of participation
in voluntary associations (i.e., number of non-profit orga-
nizations and volunteers of non-profit organizations) and a
measure of friendship and spare-time socialization (satis-
faction with relationships with friends). These latter three

Table 2 Target capital and raised capital of RB entrepreneurial projects (all values in €)

Average value 25th percentile Median value 75th percentile

Unsuccessful projects (N = 305)

Target capital 18,550.06 1400 3000 8000

Raised capital 585.55 0 50 208

Successful projects (N = 152)

Target capital 3491.66 1108 2200 4000

Raised capital 3748.58 1373 2405 4000

All projects (N = 457)

Target capital 13,541.58 1200 2700 5000

Raised capital 1637.58 0 200 1622

7 For instance, these entities include universities, hospitals, and cultural
associations. Note that taxpayers may change the entities to which they
donate their 5 per mille every year.



measures likely refer to social relations in the focal prov-
ince. Table 3 presents the factor loadings associated with
the two principal components extracted from the PCA.
These components explain 82% of the total variance.
Localized relational capital and localized norms are the
first and second components derived from the factor load-
ings reported in Table 3, respectively. In particular, local-
ized relational capital mostly relates to the two measures
that capture participation in voluntary associations and to
the satisfaction with relationship with friends, while local-
ized norms relates to the two measures that capture com-
pliance with social norms.

To evaluate the moderating effects of localized social
capital variables on local altruism, we include the interac-
tions local altruism× localized relational capital and local
altruism × localized norms in the regressions.

We control for a number of additional factors that
may affect a proponent’s ability to attract financial sup-
port from Internet users. At the proponent level, we
include a dummy variable that equals 1 if the proponent
is an organization (organization) and another that equals
1 if the proponent is an individual who launched her/his
RB entrepreneurial project with other individuals
(team). We also include a dummy variable that equals
1 if the proponent is female (female). Indeed, both the
type (Colombo et al. 2015a) and gender (e.g., Marom
et al. 2015) of the proponent may affect their ability to
collect money through reward-based crowdfunding.

We then control for a number of project-level charac-
teristics, which the crowdfunding literature has deemed
important for success (e.g., Mollick 2014). Specifically,
we include the logarithm of the target capital of the project

(target capital) for which we predict a negative association
with proponent success. We also include a dummy vari-
able that equals 1 if the project description includes video
(video); this captures the extent towhich a proponentwants
to provide information about the project and thus serves as
an inverse proxy of information asymmetry between the
proponents and their (potential) backers (Mollick 2014;
Colombo et al. 2015a). Accordingly, we expect that it is
positively related to a proponent’s ability to attract contri-
butions. We also include a dummy variable that equals 1 if
the project has extended the deadline (postponed), thus
giving potential backers more time to make their contribu-
tions. Finally, we include time dummies that refer to the
year in which the proponents posted their projects online.
At the platform level, we consider the fact that platforms
differ in terms of visibility and capacity to attract both
projects and backers. Accordingly, we include the total
number of projects hosted on the platform at the time of
the campaign (project platform) and a set of platform
dummy variables.

Furthermore, we include province-level controls that
account for the characteristics of the province where the
proponent resides (for a similar approach, see, e.g.,
Mollick 2014). First, we control for the fact that prov-
inces are heterogeneous in the number of potential
backers by including the population density of the prov-
ince (local population density) in 2011. Then, we in-
clude the ratio of the number of local bank branches to
the population of the province (local bank branches)
and the ratio of the number of new firms to the number
of active firms in the province (local entrepreneurial
rate) in 2011. In provinces with many banks and where it

Table 3 Variables included in the PCA and factor loadings for computing social capital measures

Variable Description Component 1:
localized relational
capital

Component 2:
localized norms

Voter turnout Percentage of voters in 2008 National Parliament (Camera dei Deputati)
election in the province. Source: Italian Ministry of Internal Affairs.

−0.077 0.801

Recycling Ratio of the amount of waste collected for recycling to the total amount of
waste produced in the province in 2012. Source: Unioncamere –
Atlante della Competitività delle Province e delle Regioni.

0.129 0.572

Number of non-profit
organizations

Ratio of the number of non-profit organizations to the province popula-
tion in 2011. Source: ISTAT.

0.622 −0.094

Volunteers of non-
profit organizations

Ratio of the number of volunteers of non-profit organizations to the
province population in 2011. Source: ISTAT.

0.607 −0.037

Satisfaction with
relationships with
friends

People aged 14 and older satisfied with their relationships with friends in
2011 (regional data). Source: ISTAT – Indagine sugli aspetti della vita
quotidiana 2011.

0.471 0.147



is easy to start a business, proponents may pursue their
entrepreneurial ideas without resorting to crowdfunding.
Therefore, the inclusion of these two variables allows us to
control for a possible selection effect: under favorable local
conditions, the most promising entrepreneurial ideas likely
obtain financing through traditional channels (e.g., bank
lending), leaving less promising projects to seek
crowdfunding. If this effect is at work, we should expect
negative coefficients for both local bank branches and
local entrepreneurial rate. Finally, in provinces where the
level of local altruism and localized social capital are
higher, there may be a greater propensity to use
crowdfunding. Indeed, in these areas, potential proponents
might believe that the probability of receiving financial
support from their neighbors is higher and, thus,might post
more projects. It is also likely that in these areas, the
number of high-quality projects (i.e., those with a higher
probability of meeting the target capital) is higher (merely
because the total number of posted projects is higher).
Therefore, a potential bias can arise in our estimates, as
the allegedly positive impact of local altruism and localized
social capital on proponent successmay be partially due to
this additional selection effect. We empirically address this
issue using the total number of projects posted by propo-
nents that reside in the focal province (local projects) as an
additional province-level control.

Table 4 reports the summary statistics of the variables
used in the econometric models, and Table 5 presents
the correlation matrix. We performed a variance infla-
tion factor (VIF) analysis, which suggests that
multicollinearity is not a problem in our estimates. In-
deed, the mean VIF is below the threshold of 5, while
the maximum VIF is below the threshold of 10 (Belsley
et al. 1980), as reported in Table 6.

In 123 of 618 cases (19.9%), the dependent variable,
proponent success, equals zero (i.e., the proponent did not
raise a single cent of funding). We test our research hy-
potheses through Tobit regression models. The reason for
this choice is that the observed dependent variable results
from a latent variable that we cannot observe: the attrac-
tiveness of a project to a potential backer. Only if this
attractiveness is sufficiently high, we actually observe a
contribution and, thus, a positive ratio of collected capital
to target capital (i.e., proponent success >0). Therefore, not
all zero values of the observed dependent variable are
equal, as different levels of attractiveness can be associated
with the case in which the observed variable equals zero.
Under these circumstances, OLS would lead to inconsis-
tent estimates (Cameron and Trivedi 2005). Finally, we

control for the fact that observations in the same geograph-
ical area are probably not independent by clustering obser-
vations at the province level.

4 Results

In this section, we illustrate the results of the Tobit regres-
sions. The first two columns of Table 7 show the results
obtained without province-level variables (model 1) and
with the inclusion of province-level control variables
(model 2). Inmodel 3, we add local altruism, and inmodel
4 we add the local social capital variables. In model 5, we
include local altruism, localized relational capital, and the
local altruism × localized relational capital interaction,
while in model 6 we consider localized norms and its
interaction with local altruism. Finally, in model 7, we
include all variables of interest and interaction terms. To
facilitate interpretation of the coefficients, continuous var-
iables have been standardized (mean zero, unit standard
deviation).8

Table 4 Summary statistics

Variable Mean Std.
dev.

Min Max

Proponent success 0.448 0.511 0 3.050

Local altruism 0.414 0.051 0.294 0.526

Localized relational
capital

−0.443 0.901 −2.178 2.399

Localized norms 0.050 0.882 −2.249 1.489

Organization 0.285 0.452 0 1

Team 0.350 0.477 0 1

Female 0.115 0.319 0 1

Target capital 7.857 1.278 1.792 14.286

Postponed 0.039 0.193 0 1

Video 0.141 0.348 0 1

Project platform 348.921 383.063 1 1473

Local bank branches 56.653 18.463 23.255 104.986

Local entrepreneurial
rate

0.032 0.005 0.021 0.042

Local population density 704.611 770.996 44.185 2591.295

Local projects 98.060 104.643 1 288

No. of observations: 618 proponents

8 The interaction terms were formed based on the standardized values
of the abovementioned variables.



With respect to control variables, the results are ro-
bust across all specifications. The coefficients of orga-
nization and female are both positive and statistically 
significant (at the 1% and 5% levels in most estimates, 
respectively). When considering project-level variables, 
we find that, consistent with the literature, the coeffi-
cient of target capital is negative and significant at the 
5% level in most estimates. Conversely, postponed is 
positive and significant at the 5% level. Moreover, we 
find that both local bank branches and local entrepre-
neurial rate are negatively associated with proponent 
success. As discussed in BDependent and independent 
variables and econometric model specifications^ 
sec-tion, this evidence suggests that in provinces with 
many bank branches and where it is easier to start a 
business, the most promising ideas likely obtain 
financing through traditional channels, leaving less 
promising projects to crowdfunding. Conversely, local 
population density and local projects seem to 
positively influence proponent success, although the 
statistical significance of these variables is low in 
some estimates.

Turning to the main explanatory variables, the results 
of models 3 and 4 are consistent with H1. In both cases, 
we find indeed a positive and significant (at 5%)

coefficient of local altruism, suggesting that proponents
who reside in areas with high levels of local altruism are
more likely to attract backers to their projects. Specifi-
cally, in model 4, the average marginal effect (ME)9 of
local altruism on proponent success is 0.07. This im-
plies that if a proponent proposes a project whose target
capital is €100, a one standard deviation increase in the
level of local altruism in the province where s/he resides
leads to a €7 increase in the capital that s/he raises.
Conversely, according to model 4, geographically local-
ized social capital seems not to have a direct impact on
proponent success: neither the localized relational cap-
ital nor localized norms coefficients are statistically
significant. This may indicate that the social relations
that link individuals in an area do not explain why a

9 The average ME is the average increase in proponent success in our
sample due to a one-unit increase in the variable of interest. As all
regression variables have been standardized, a one-unit increase corre-
sponds to a one standard deviation increase. It is worth noting that the
coefficients reported in Table 7 represent theMEs on the latent variable
(attractiveness), but they cannot be directly interpreted as the MEs on
the observed variable (proponent success). Given the non-linear nature
of the Tobit model, average MEs on proponent success are obtained by
calculating the ME for each observation in the sample and then
averaging the computed MEs.

Table 5 Correlation matrix

Variable (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) (12) (13) (14) (15)

(1) Proponent success 1.00

(2) Local altruism 0.11 1.00

(3) Localized relational
capital

−0.03 0.63 1.00

(4) Localized norms 0.03 0.70 0.69 1.00

(5) Organization −0.02 −0.07 −0.03 0.00 1.00

(6) Team 0.14 0.08 −0.01 0.06 −0.46 1.00

(7) Female 0.04 0.03 0.02 0.02 −0.23 0.08 1.00

(8) Target capital −0.14 −0.03 −0.02 −0.05 0.16 −0.22 −0.09 1.00

(9) Postponed 0.08 0.12 0.07 0.09 0.06 0.03 0.06 0.10 1.00

(10) Video 0.11 0.12 0.01 −0.07 −0.06 0.16 0.07 −0.06 0.04 1.00

(11) Project platform −0.09 −0.14 −0.16 −0.16 0.03 −0.11 0.13 −0.04 0.10 0.15 1.00

(12) Local bank
branches

−0.02 0.72 0.85 0.81 0.00 0.04 0.02 −0.05 0.06 −0.04 −0.22 1.00

(13) Local
entrepreneurial
rate

−0.04 −0.24 −0.48 −0.42 −0.12 0.01 0.04 −0.02 −0.06 −0.02 0.05 −0.39 1.00

(14) Local population
density

0.14 −0.16 −0.53 −0.15 0.09 0.01 −0.02 −0.01 −0.03 −0.07 0.07 −0.30 0.29 1.00

(15) Local projects 0.10 0.10 −0.30 −0.04 −0.08 0.05 0.10 −0.02 0.01 −0.03 −0.02 −0.07 0.63 0.55 1.00



proponent succeeds in attracting money from the crowd
of Internet users. We attribute the lack of such a direct
effect to two main motives. First, crowdfunding is en-
abled by the Internet, and thus, proponents can leverage
not only local networks but also long distance ones.
Second, it is reasonable to expect that local social relations
are useless in areas where (for whatever reason) residents
are not inclined to finance entrepreneurial projects through
crowdfunding.

Instead, the results reported in models 5 and 7
suggest that localized relational capital positively
moderates the effect of local altruism on the at-
traction of contributions by proponents who reside
in the province. Indeed, the coefficient of the
interaction term local altruism × localized rela-
tional capital is positive and statistically signifi-
cant in both models (at the 5% and 1% levels in
models 5 and 7, respectively). However, given the
non-linear nature of the Tobit model, examining
only the coefficients of the interaction terms can

lead to misinterpretation of the results (Ai and
Norton 2003). Hence, Fig. 1 reports the average
ME of local altruism as localized relational capi-
tal varies, computed based on the coefficients of
model 5. We considered increasing the values of
(the standardized values of) localized relational
capital from the minimum to the maximum value
in the sample in increments of 0.1. The 95%
confidence intervals (the dashed lines in Fig. 1)
were estimated using the delta method (Oehlert
1992).

Figure 1 clearly shows that the ME of local altruism
on proponent success increases as localized relational
capital increases, supporting H2. Specifically, the ME
of local altruism is not significant when the standardized
value of localized relational capital is lower than zero
(i.e., below the mean). However, when localized rela-
tional capital is at its mean (i.e., its standardized value
equals zero), a one-unit increase in local altruism leads
to a 0.06 increase (significant at the 5% level) of propo-
nent success; the corresponding figure when localized
relational capital is one standard deviation above the
mean is 0.12 (significant at the 1% level). In other
words, if a proponent proposes a project whose target
capital is €100, a one standard deviation increase in the
level of local altruism in the province where s/he resides
leads to a €12 increase in the amount of capital that s/he
raises if the level of localized relational capital is high
(i.e., one standard deviation above the mean).

Conversely, local compliance with social norms
does not have any (direct and/or moderating) effect,
as both localized norms and its interaction with local
altruism are not significant at conventional levels in
either models 6 or 7. To evaluate the absence of any
effect of local compliance with social norms, we
performed a likelihood ratio test under the null hy-
pothesis that model 5 (i.e., without considering the
variable localized norms) is nested in model 7. As
the chi-squared value for the test (with two degrees
of freedom) is 3.46, we are not able to reject the null
hypothesis. In other words, adding localized norms
and local altruism × localized norms as predictor
variables together does not result in a statistically
significant improvement in the model fit. Therefore,
we do not find support for H3. We interpret this
unexpected result in conjunction with the finding
that the presence of local banks is negatively related
to proponent success. Indeed, one may wonder
whether proponents who reside in geographical

Table 6 VIF statistics for variables used in the regressions

Variable VIF

Local altruism 3.01

Localized relational capital 6.39

Localized norms 3.82

Local altruism × localized relational capital 2.45

Local altruism × localized norms 1.93

Organization 1.52

Team 1.56

Female 1.14

Target capital 1.17

Postponed 1.09

Video 1.25

Project platform 5.20

Local bank branches 6.83

Local entrepreneurial rate 2.46

Local population density 2.91

Local projects 3.63

Platform dummy 1 5.96

Platform dummy 2 1.92

Platform dummy 3 8.21

Platform dummy 4 2.41

Time dummy 1 1.71

Time dummy 2 2.89

Mean VIF 3.16



areas with high levels of compliance with social
norms and high bank density benefit from easier
access to institutional credit (Guiso et al. 2004a),
which encourages proponents with promising pro-
jects to use traditional financial channels (e.g., bank

lending) instead of crowdfunding. In other words, a
selection effect may partially explain the non-
significant effect of localized norms in our estimates
and the negative effect of local bank branches. To
support this conjecture, we checked whether local

Table 7 Results from Tobit models

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7

Local altruism 0.093 ** 0.100 ** 0.092 ** 0.111 *** 0.120 ***

(0.043) (0.050) (0.043) (0.042) (0.046)

Localized relational capital 0.077 0.112 * 0.109 *

(0.067) (0.059) (0.060)

Localized norms −0.057 −0.060 −0.068
(0.052) (0.048) (0.045)

Local altruism × localized
relational capital

0.068 ** 0.086 ***

(0.031) (0.029)

Local altruism × localized
norms

−0.016 −0.045
(0.039) (0.042)

Organization 0.204 *** 0.164 *** 0.176 *** 0.185 *** 0.185 *** 0.175 *** 0.180 ***

(0.065) (0.061) (0.061) (0.061) (0.061) (0.062) (0.062)

Team 0.072 0.055 0.057 0.069 0.074 0.054 0.061

(0.098) (0.095) (0.095) (0.095) (0.095) (0.102) (0.101)

Female 0.146 ** 0.142 * 0.152 ** 0.155 ** 0.155 ** 0.154 ** 0.157 **

(0.073) (0.077) (0.077) (0.079) (0.076) (0.077) (0.076)

Target capital −0.071 * −0.078 ** −0.081 ** −0.083 ** −0.086 ** −0.080 ** −0.081 **

(0.038) (0.037) (0.037) (0.037) (0.037) (0.038) (0.037)

Postponed 0.354 ** 0.361 ** 0.334 ** 0.330 ** 0.320 ** 0.340 ** 0.330 **

(0.156) (0.146) (0.140) (0.135) (0.132) (0.143) (0.135)

Video 0.123 0.135 0.096 0.078 0.097 0.078 0.075

(0.102) (0.103) (0.103) (0.106) (0.105) (0.104) (0.105)

Project platform 0.010 0.004 0.003 0.018 0.026 0.007 0.027

(0.092) (0.083) (0.084) (0.085) (0.082) (0.087) (0.085)

Local bank branches −0.077 ** −0.142 *** −0.162 ** −0.214 *** −0.110 ** −0.180 ***

(0.039) (0.041) (0.071) (0.051) (0.053) (0.061)

Local entrepreneurial rate −0.124 *** −0.113 ** −0.116 ** −0.103 ** −0.122 *** −0.113 **

(0.044) (0.044) (0.045) (0.043) (0.047) (0.046)

Local population density 0.056 ** 0.061 ** 0.086 *** 0.042 0.075 ** 0.058 *

(0.024) (0.025) (0.029) (0.029) (0.031) (0.031)

Local projects 0.001 * 0.001 0.001 0.001 ** 0.000 0.001 **

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)

No. of observations 618 618 618 618 618 618 618

Log-likelihood −509.87 −495.83 −492.24 −490.36 −488.77 −491.29 −487.04
Pseudo R2 0.104 0.128 0.135 0.138 0.141 0.136 0.144

Tobit regressions where the dependent variable is the ratio between the capital raised and the target capital of the project. Constant, time, and
platform dummies are included in the regressions but omitted from the table for brevity

*Significant at 10%; **Significant at 5%; ***Significant at 1%



compliance with social norms and bank branch den-
sity are positively associated with the amount of
local bank loans in the province, thus indicating
easier access to traditional financial channels. Table 8
reports the results of an OLS regression where the
dependent variable is the ratio of the amount of bank
loans to non-financial firms to the provincial popu-
lation. As the main independent variables, we con-
sidered localized norms and the local bank
branches.

As is reasonable to expect, local altruism has no
effect on the dependent variable: while it affects the
success of RB entrepreneurial projects, it plays no
role in explaining bank loans to non-financial firms.
Conversely, localized relational social capital has a
negative effect on bank loans. This finding suggests
that in areas where intense social relations link local
residents, individuals can likely count on the finan-
cial support of their families and friends, thus hav-
ing less need for bank loans to finance their entre-
preneurial projects.

As expected, we observe that both local compliance
with social norms and the presence of local bank
branches are positively associated with the total amount
of local bank loans in the focal province. Both coeffi-
cients are positive and significant at the 1% level. These
results complement the evidence suggesting a non-
significant impact of localized norms and a negative
and significant impact of local bank branches on pro-
ponent success. In provinces with high levels of com-
pliance with social norms and high bank branch density,

Fig. 1 Marginal effect of local
altruism as localized relational
capital varies

Table 8 Additional evidence

Model 8

Local altruism −0.012
(0.035)

Localized relational capital −0.152 **

(0.066)

Localized norms 0.107 ***

(0.036)

Local population density 0.082

(0.064)

Local bank branches 0.301 ***

(0.076)

Local entrepreneurial rate 0.029

(0.036)

Local GDP per capita 0.793 ***

(0.135)

Constant 0.324

(0.151)

NUTS1 area dummies Yes

N. of observations 88

Log-likelihood −6.27
R2 0.88

OLS regression where the dependent variable is the ratio between
the amount of bank loans to non-financial firms and the population
in the province. The unit of analysis is the province. Standard
errors are clustered at the NUTS2 level

**Significant at 5%; ***Significant at 1%



proponents with promising projects can likely success-
fully obtain bank financing instead of relying on
crowdfunding as their main source of financing.

5 Robustness checks

To further validate our findings, we conduct a number of
robustness checks whose results are reported in Table 9.
First, we estimated a Tobit regression model clustering
standard errors at the project level instead of at the
province level (model A1). Second, we estimate a Probit
model of the probability that the proponent reaches the
target capital for her project (model A2). In other words,
the dependent variable is a dummy variable that equals
one if the proponent’s project is successful, i.e., the
target capital is collected by the deadline. Third, we
estimate a hierarchical mixed effects model with random
intercepts at the NUTS3 (Italian provinces) and NUTS2
(Italian regions, model A3) levels. Furthermore, models
A4, A5, and A6 report the results from Tobit regressions
with additional controls for project duration, number of
Facebook friends of proponents and NUTS1 area
dummies, respectively. Specifically, in model A4, we
consider the logarithm of the number of days between
the starting and the closing date of the campaign (dura-
tion) as an additional regressor. For some projects, we
were not able to detect the exact starting date, so the
number of observations with respect to estimates shown
in Table 7 is smaller. However, we do not detect any
significant effect of duration on proponent success. In
model A5, we acknowledge that the personal social
contacts of proponents may affect their ability to attract
contributions for their projects (e.g., Colombo et al.
2015a, 2015b). Using the proponents’ names, which
we retrieved from the crowdfunding platforms on which
they posted their projects, we downloaded the number
of Facebook friends to obtain an individual-level mea-
sure of relational capital. We then included the variable
Facebook friends, defined as the logarithm of the num-
ber of Facebook friends that a proponent had when s/he
launched his or her project, in the Tobit regression.
Unfortunately, this information is available only for
277 proponents in our sample. Note that we chose not
to compute this variable for organizations, as they usu-
ally do not have Facebook profiles associated with
friends; in cases when a profile is present, it is usually
not comparable, in terms of aims and meanings, with an
individual profile. Consistent with the crowdfunding

literature, the coefficient of this variable is positive and
statistically significant at the 5% level. Finally, we re-
placed the control variables at the province level with a
set of geographical dummy variables at the NUTS1
level (model A6). In all the models, the results for the
main explanatory variables are substantially unchanged
with respect to those presented in Table 7.

6 Conclusions

This paper examines how the geographical area in
which proponents reside affects their ability to finance
entrepreneurial projects through reward-based
crowdfunding. Specifically, it theoretically discusses
and empirically shows that the level of local altruism
positively influences the amount of money that propo-
nents collect from the crowd of Internet users, while the
social capital of the area magnifies this effect.

Consistent with the themes of this special issue, our
work originally adds to the current debate on
crowdfunding and, more generally, on entrepreneurial
financing. New sources of finance for entrepreneurial
ventures are currently emerging (Audretsch et al. 2016),
and evidence exists that many entrepreneurs resort to
crowdfunding to finance their projects. To the best of
our knowledge, this is the first study explicitly focusing
on the factors that determine the success of RB entre-
preneurial projects. In so doing, it advances our under-
standing of how entrepreneurs solve the seed-financing
problem. Indeed, knowledge is rapidly accumulating in
the entrepreneurial finance field (e.g., Adomdza et al.
2016; Hechavarría et al. 2016). Entrepreneurship
journals, such as Small Business Economics, continu-
ously publish contributions on the role of venture capital
financing (e.g., Bertoni et al. 2016), bank loans (e.g.,
Rostamkalaei and Freel 2016), business angels (e.g.,
Ehrlich and Parhankangas 2014), initial public offerings
(Signori and Vismara, 2016), and informal capital (e.g.,
Elston et al. 2016). The fact that we still know little
about how entrepreneurs mobilize Internet users to en-
gage in reward-based crowdfunding is an important
limitation. Indeed, compared to equity crowdfunding
and peer-to-peer lending, reward-based crowdfunding
suffers less from regulatory constraints and does not
require designing corporate governance mechanisms to
manage a large group of equity investors. Therefore, it is
an easy and widely accessible financing mechanism,



Table 9 Robustness checks

Model
A1

Model
A2

Model
A3

Model
A4

Model
A5

Model
A6

Local altruism 0.120 ** 0.227 ** 0.108 *** 0.086 * 0.053 0.130 ***

(0.0512) (0.104) (0.036) (0.047) (0.058) (0.048)

Localized relational capital 0.109 * 0.281 * 0.078 0.123 ** 0.220 * 0.114 *

(0.063) (0.150) (0.051) (0.059) (0.120) (0.069)

Localized norms −10.068 −0.080 −0.059 −0.069 −0.074 −0.079 *

(0.064) (0.106) (0.037) (0.047) (0.065) (0.047)

Local altruism × localized relational
capital

0.086 ** 0.220 *** 0.074 *** 0.080 *** 0.163 *** 0.067 **

(0.040) (0.073) (0.024) (0.029) (0.051) (0.030)

Local altruism × localized norms −0.045 −0.132 −0.049 −0.061 −0.020 −0.026
(0.045) (0.104) (0.034) (0.043) (0.055) (0.038)

Organization 0.180 *** 0.371 ** 0.109 ** 0.157 ** 0.180 ***

(0.065) (0.160) (0.054) (0.068) (0.064)

Team 0.061 0.147 0.032 0.021 0.076 0.065

(0.086) (0.249) (0.091) (0.109) (0.130) (0.102)

Female 0.157 ** 0.317 0.109 * 0.168 ** 0.096 0.156 **

(0.079) (0.193) (0.064) (0.076) (0.080) (0.078)

Target capital −0.081 * −0.170 * −0.056 ** −0.061 * −0.025 −0.079 **

(0.046) (0.092) (0.026) (0.036) (0.046) (0.038)

Postponed 0.330 *** 0.756 ** 0.258 ** 0.426 *** 0.382 ** 0.327 **

(0.123) (0.368) (0.123) (0.142) (0.159) (0.136)

Video 0.075 −0.014 0.035 0.081 0.514 *** 0.073

(0.094) (0.291) (0.096) (0.115) (0.115) (0.104)

Project platform 0.027 0.101 0.041 −0.007 0.041 0.048

(0.088) (0.192) (0.064) (0.099) (0.220) (0.086)

Local bank branches −0.180 *** −0.476 *** −0.136 *** −0.178 *** −0.172 ** −0.185 ***

(0.066) (0.149) (0.050) (0.062) (0.084) (0.069)

Local entrepreneurial rate −0.113 ** −0.180 * −0.077 ** −0.107 ** −0.062 −0.106 *

(0.045) (0.109) (0.034) (0.046) (0.066) (0.058)

Local population density 0.058 0.113 0.045 * 0.072 ** 0.054 0.062 *

(0.050) (0.078) (0.027) (0.031) (0.040) (0.035)

Local projects 0.001 * 0.002 ** 0.001 ** 0.001 * 0.001 ** 0.001 *

(0.000) (0.001) (0.000) (0.000) (0.001) (0.000)

Duration 0.003

(0.033)

Facebook friends 0.071 **

(0.035)

NUTS1 area dummies No No No No No Yes

N. of observations 618 618 618 588 277 618

Log-likelihood −487.04 −348.90 −391.66 −460.68 −209.85 −484.48
Pseudo R2 0.144 0.132 – 0.149 0.185 0.148

Model A1 reports the results of a Tobit regression with standard errors clustered at the project level. Model A2 reports the results of a Probit
regression where the dependent variable is a dummy that equals one if the target capital is met by the deadline. Model A3 reports the results
of a hierarchical mixed effects model with random intercepts at the province and region levels. Models A4, A5, and A6 report the results of
Tobit regressions with controls for project duration, number of Facebook friends of the proponent, and NUTS1 area dummies, respectively.
Constant, time, and platform dummies are included in the regressions but omitted from the table for brevity

*Significant at 10%; **Significant at 5%; ***Significant at 1%



which holds potential for democratizing entrepreneurs’
access to finance.

Second, this paper identifies a novel driver of success
on top of those highlighted in the crowdfunding litera-
ture: the characteristics of the area where a proponent
resides. In so doing, it takes a first step toward answer-
ing one of the questions raised by this special issue:
What type of ecosystem is required to help crowdfunding
flourish? Indeed, we identify a fundamental element of
this ecosystem: the area where a proponent resides
together with its altruistic people and social relations.
This evidence adds to the stream of the crowdfunding
research, which has documented the existence of a home
bias, i.e., the tendency of financial transactions to occur
between parties that are geographically close (Lin and
Viswanathan 2016), even for entrepreneurs who seek cap-
ital on the Internet (Agrawal et al. 2011, 2015). In provid-
ing further support for the idea that space matters in
crowdfunding, our work is consistent with contributions
showing that the areas where entrepreneurs reside affect
the financing of their ventures (e.g., Guiso et al. 2004a,
2004b; Michelacci and Silva 2007). Third, the paper com-
plements prior studies on altruism in crowdfunding
(Gerber and Hui 2013; Villarroel and Estrela 2015) and,
more generally, crowd-based phenomena, such as Open
Source software (Hertel et al. 2003) or crowd science
(Franzoni and Sauermann 2014). Fourth, we contribute
to conversations on social capital in crowdfunding and,
in general, in entrepreneurial finance. Drawing inspiration
from studies that have found that entrepreneurs’ social
capital facilitates their fundraising (Shane and Cable
2002), scholars have shown that proponents’ social capital
is an important driver of crowdfunding success (Mollick
2014; Colombo et al. 2015a). We add to these contribu-
tions by showing that proponents of RB entrepreneurial
projects can count not only on their personal social net-
works but also on local social networks through which
altruistic residents can access information about propo-
nents and project quality and can convince others to con-
tribute. Moreover, these social networks favor the identifi-
cation and punishment of opportunistic behavior,
reassuring altruistic neighbors that their generosity will
not be betrayed. Finally, the sample of proponents we
use in this paper is drawn from diverse platforms, a rarity
in crowdfunding studies, which usually draw their data
from a single platform (see Dushnitsky et al. 2016 for an
exception).

As any research, this work has several limitations that
create opportunities for future research. First, we do not

know who support the RB entrepreneurial projects of
proponents in our sample. In particular, we do not know
whether they are local residents, how far they are from
proponents, or whether they are friends or family mem-
bers. In our robustness checks, we control for the num-
ber of Facebook friends. However, Facebook friendship
is an imperfect measure of real friendship (Bryant and
Marmo 2012), and in any case, we do not knowwhether
Facebook friends backed the proponents’ projects. Gen-
erally, we think that future studies should make an effort
to assess more directly the effect of geographical prox-
imity, local altruism and localized social capital on the
success of RB entrepreneurial projects. To this end, we
encourage scholars to conduct surveys of the backers of
RB entrepreneurial projects to ask them whether and
how these factors played a role in their decision to
support these projects. However, gathering reliable sur-
vey data on backers is very difficult. Often platforms do
not provide information about backers’ identities, so
researchers cannot address them in a survey simply
because we do not know who they are. Moreover,
collecting measures of altruism is complicated: respon-
dents tend to exaggerate their level of altruism to present
themselves as good fellows (i.e., social desirability bi-
as). Third, to study the effect of backers’ altruism on the
success of crowdfunding projects, one would have to
survey not only current backers but also potential ones,
who are almost impossible to identify.

Second, due to data limitations, we control only
for a subset of proponent characteristics. Specifical-
ly, we do not have information on proponents’ hu-
man or social capital, which, according to the liter-
ature (Mollick 2014; Ahlers et al., 2015), should
affect their success in crowdfunding. Further works
analyzing how a proponent’s individual characteris-
tics interact with those of the area where s/he resides
would be interesting additions to our research. For
example, are proponents with many social contacts
better able to leverage local social networks to fi-
nance their RB entrepreneurial projects? In other
words, is individual social capital a complement to
localized social capital? Third, despite the richness
of the set of project-level controls, some important
independent variables are missing. In particular, Co-
lombo et al. (2015a) found that the capital raised in
the early days of an RB project predicts its success.
Unfortunately, we do not have this information in
our database and thus cannot answer an important
question: Does local altruism help attract a critical



mass of early contributions that trigger proponents’
success?

Fourth, we do not know what happens to the RB
entrepreneurial projects of proponents in our sample
once they succeed in attracting money from the crowd.
In other words, we assess just one dimension of propo-
nent success in financing their RB entrepreneurial pro-
jects: the raising of money from the crowd of Internet
users. However, success is a multiform construct in
crowdfunding (Mollick 2016). After winning the sup-
port of the crowd, do these proponents succeed in
accessing venture capital or angel financing? Finally,
our study focuses on Italian proponents. It would be
interesting to repeat our analysis for other countries with
diverse cultures. Culture influences backers’willingness
to contribute to crowdfunding projects (Burtch et al.
2014). Studying how local culture interacts with local
altruism and localized social capital in determining pro-
ponents’ success would shed further light on its role in
the crowdfunding realm.

Despite these limitations, this paper has interest-
ing implications for proponents of RB entrepreneur-
ial projects, managers of crowdfunding platforms,
and policymakers. Our results suggest that propo-
nents should leverage their neighbors, as they can
play a significant role in driving their entrepreneur-
ial initiatives toward success. This is probably more
difficult in areas where the level of local altruism is
low and localized social capital is limited. Propo-
nents who reside in these areas and cannot relocate
should be aware that they could not gain the most
from the pool of potential local backers. Therefore,
they should devote effort to advertise their projects
at longer distances by taking advantage of Internet-
based social networks and media. In turn, managers
of crowdfunding platforms who are interested in the
success of the projects posted on their platforms
should consider designing tools that help proponents
interact with people in the geographical areas where
they reside. For instance, making a proponent’s lo-
cation immediately visible on their her/his project
page is likely a simple way to stimulate contribu-
tions from their neighbors. Finally, policymakers
interested in crowdfunding as a way to solve the
seed-financing problems of entrepreneurial projects
should consider that geography plays a role in the
effectiveness of this new financing mechanism. On
the one hand, they should establish initiatives that
promote crowdfunding in areas where local

characteristics are favorable to project success; on
the other hand, they can devote effort to improve
altruistic attitudes and social relations in areas where
these aspects are still lagging behind.
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